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YAPAY ZEKA SOHBET ROBOTU ARACILIĞIYLA YABANCI DİL OLARAK 

İNGİLİZCE ÖĞRENEN GENÇ YETİŞKİN ÖĞRENCİLERİN KONUŞMA 

BECERİLERİNİ GELİŞTİRME: YARI DENEYSEL BİR ARAŞTIRMA 

Bu çalışma, yapay zekâ destekl" b"r sohbet botunun, İng"l"zcey" yabancı d"l olarak öğrenen Türk 
genç yet"şk"nler"n konuşma becer"ler"n" nasıl destekley"p gel"şt"reb"leceğ"n" "ncelem"şt"r. Bu 
amaç doğrultusunda, açımlayıcı sıralı yarı deneysel desen kullanılarak n"cel ve n"tel ver"ler 
toplanmıştır. N"cel ver" toplama sürec", ön test–son test uygulamaları ve kontrol grubunu "çeren 
b"r yarı deneysel desen çerçeves"nde yürütülmüştür. N"tel ver"ler "se yansıtıcı günlükler, sohbet 
botuyla yapılan etk"leş"m kayıtları ve yarı yapılandırılmış görüşmeler aracılığıyla elde 
ed"lm"şt"r. Katılımcılar, yaşları 15 "le 24 arasında değ"şen ve d"l yeterl"k düzeyler"ne göre eş"t 
şek"lde deney ve kontrol gruplarına ayrılan 20 Türk İng"l"zce öğren"c"s"nden oluşmuştur. Sek"z 
hafta boyunca deney grubundak" katılımcılar, ders dışı etk"nl"k kapsamında haftalık olarak 
yapay zekâ sohbet botuyla etk"leş"me g"rm"şt"r; buna karşın kontrol grubuna yalnızca 
geleneksel yöntemlerle eğ"t"m ver"lm"ş ve herhang" b"r sohbet botu etk"leş"m" sunulmamıştır. 
N"cel bulgular, her "k" grup "ç"nde ön test ve son test karşılaştırmalarına göre konuşma 
becer"ler"nde anlamlı b"r gel"şme olduğunu gösterm"şt"r. Ancak deney ve kontrol gruplarının 
son test puanları arasında "stat"st"ksel olarak anlamlı b"r fark bulunmamıştır. Bu durum, çalışma 
süres" boyunca yapay zekâ destekl" uygulamanın geleneksel öğret"me kıyasla ölçüleb"l"r b"r 
avantaj sağlamadığını düşündürmekted"r. N"tel bulgular "se, öğrenc"ler"n üretken yapay zekâ 
sohbet botlarıyla "lg"l" tekn"k, pedagoj"k ve sosyal alanlarda çeş"tl" güçlü yönler, sınırlılıklar ve 
gel"şt"rme öner"ler" deney"mled"kler"n" ortaya koymuştur. Ayrıca, d"l yeterl"ğ" ve b"lg" 
düzey"nde artışa da"r öğrenc" "fadeler"ne de bulgular arasında yer ver"lm"şt"r. Bu çalışmanın, 
elde ett"ğ" sonuçlarla yapay zekâ temell" l"teratüre katkı sağlaması ve öğretmenler, sohbet botu 
gel"şt"r"c"ler" "le gelecek araştırmacılar "ç"n çeş"tl" çıkarımlar sunması amaçlanmaktadır. 

Anahtar Sözcükler: İng"l"zce konuşma becer"ler", İng"l"zcen"n Yabancı D"l Olarak 

Öğret"m", Mob"l Öğrenme, Yapay Zeka destekl" Sohbet Botu.  
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IMPROVING YOUNG ADULT EFL STUDENTS’ SPEAKING SKILLS THROUGH 

AN ARTIFICAL INTELLIGENCE CHATBOT: QUASI-EXPERIMENTAL STUDY 

Th"s study exam"ned how employ"ng a generat"ve art"f"c"al "ntell"gent (GenAI) chatbot could 
support and "mprove the speak"ng sk"lls of young Turk"sh adult learners of Engl"sh as a fore"gn 
language. Quant"tat"ve and qual"tat"ve data were collected for th"s purpose us"ng an 
explanatory-sequent"al quas"exper"mental des"gn. Quant"tat"ve data collect"on followed a 
quas"exper"mental des"gn "nvolv"ng pre-and post-tests and a control group. To collect 
qual"tat"ve data, the study employed reflect"ve d"ar"es, record"ngs of "nteract"ons w"th the 
chatbot, and sem"-structured "nterv"ews. The part"c"pants "ncluded 20 Turk"sh learners of 
Engl"sh, aged between 15 and 24, equally d"v"ded "nto exper"mental and control groups based 
on the"r prof"c"ency level. Dur"ng e"ght weeks, the exper"mental group "nteracted weekly w"th 
the GenAI chatbot outs"de the classroom as an extracurr"cular act"v"ty, whereas the control 
group rece"ved trad"t"onal "nstruct"on w"thout any chatbot "nteract"on. The quant"tat"ve f"nd"ngs 
revealed s"gn"f"cant "mprovement "n speak"ng sk"lls w"th"n each group, accord"ng to pre-test 
and post-test compar"sons. However, no stat"st"cally s"gn"f"cant d"fference was found between 
the exper"mental and control groups "n the"r post-test scores. Th"s suggests that the AI-supported 
treatment d"d not lead to a measurable advantage over trad"t"onal "nstruct"on w"th"n the study 
per"od. The qual"tat"ve f"nd"ngs also "nd"cated that learners exper"enced a range of techn"cal, 
pedagog"cal, and soc"al strengths, constra"nts, and suggest"ons for enhancements of GenAI 
chatbots. Reports of "ncreased language prof"c"ency and knowledge were also present "n the 
f"nd"ngs. The study a"ms to contr"bute to the grow"ng body of GenAI l"terature w"th "ts results, 
and "t has "mpl"cat"ons for teachers, chatbot makers, and future researchers. 

Keywords: AI chatbots, Engl"sh as a fore"gn language, MALL, Speak"ng sk"lls   
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CHAPTER 1 

INTRODUCTION 

1.1. Background to the study 

Wh"le Engl"sh language educat"on cont"nues to evolve, the "ntegrat"on of art"f"c"al 

"ntell"gence (AI) technolog"es, such as AI chatbots, "s becom"ng "ncreas"ngly popular. The 

development of commun"cat"on systems on computers s"nce the 1970s has brought chatbots on 

d"splay. These commun"cat"on systems have been called by a range of terms "nclud"ng personal 

d"g"tal ass"stant, v"rtual personal ass"stant, conversat"onal agent, chatbot, and conversat"onal 

user "nterface (McTear, 2020). As cla"med by McTear, there are vary"ng "nterpretat"ons to def"ne 

chatbots, and "t creates amb"gu"ty "n "ts def"n"t"on. 

AI chatbots, also known as chatterbots, are computer programs wh"ch are des"gned to 

part"c"pate "n humanl"ke conversat"ons us"ng numerous AI techn"ques such as natural language 

process"ng (NLP), mach"ne learn"ng, (Kohnke et al., 2023; Wu & Yu, 2023). Chatbots, wh"ch 

ut"l"ze AI, "mpersonate a person's speech, so users of AI chatbots are often prov"ded w"th a 

natural language "nterface wh"ch "s s"m"lar to commun"cat"on w"th a real person (K"m et al., 

2019). Intell"gent chatbots manage to do a var"ety of tasks, "nclud"ng retr"ev"ng "nformat"on and 

play"ng mus"c, but the"r "nteract"ons are mostly l"m"ted to transact"onal exchanges (D"zon, 

2021). ChatGPT, Google Ass"stant, Repl"ka, Amazon Lex, and Apple's SIRI are examples of 

popular AI-enabled chatbots ava"lable onl"ne.  

Intell"gent personal ass"stants (IPAs), also known as “human-computer d"alogue 

systems, mach"ne conversat"on systems, v"rtual agents, d"alogue systems, or chatterbots” (J"a 

& Chen, 2009, p. 903), are more commonly known today as d"g"tal ass"stants or chatbots (Lee 

et al., 2020). W"dely used IPAs are Amazon's Alexa, Apple’s S"r", and Google Ass"stant. These 

systems are employed to repl"cate neural networks "n the human nervous system, a"m"ng to 

copy the processes by wh"ch humans remember, th"nk, and speak (Koç, 2024).  

There are clear d"st"nct"ons between trad"t"onal and AI chatbots. Trad"t"onal chatbots, 

often referred to as rule-based systems, were l"m"ted to perform"ng spec"f"c tasks and had 

numerous constra"nts (Kohnke et al., 2023; Shumanov & Johnson, 2021). Early d"alogue 

systems were often r"g"d and prone to errors upon rece"v"ng unexpected "nputs as they were 

typ"cally des"gned for narrow purposes (McTear, 2020). Add"t"onally, they focused only on 

spoken or wr"tten modes, neglect"ng other forms of commun"cat"on. However, modern AI 

chatbots have overcome many of these l"m"tat"ons. They are now more access"ble and 

funct"on"ng across var"ous dev"ces such as smartphones, PCs, and smart speakers. AI chatbots 
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can now be "ntegrated "nto soc"al robots and smart dev"ces, prov"d"ng a much more natural and 

dynam"c user exper"ence (McTear, 2020). 

Accord"ng to Lee et al. (2020), the class"f"cat"on of chatbots can be based on the"r 

purpose: ass"stant chatbots and conversat"on chatbots. Ass"stant chatbots can ass"st users w"th 

everyday act"v"t"es such as schedul"ng, web searches, and mak"ng phone calls, and are usually 

embedded "n smartphones (e.g., S"r", Google Ass"stant). These types of chatbots often have 

more stra"ghtforward and r"g"d responses (McTear, 2020). In contrast, conversat"on chatbots 

offer more deta"led, dynam"c, and natural exchanges resembl"ng human d"alogues. Notable 

examples of conversat"onal chatbots are ChatGPT and M"tsuku (also known as Kuk"), wh"ch 

are both des"gned to engage "n human-l"ke and extended "nteract"on. 

The need for chatbots "n var"ous f"elds has enabled the"r further development. The 

chatbots w"th the ab"l"ty to m"m"ck human "nteract"on can understand and react to user "nputs 

through text or vo"ce, wh"ch makes them "nd"spensable tools for d"fferent appl"cat"ons such as 

educat"on, customer serv"ce, personal ass"stance, and healthcare (Lee et al., 2021). They are 

developed for enterta"nment, m"m"ck"ng characters or enterta"ners. They are commonly 

employed as v"rtual ass"stants, whether gu"d"ng users on webs"tes, answer"ng frequently asked 

quest"ons, pretend"ng to be v"rtual sales or support agents, or adm"n"ster"ng surveys and qu"zzes 

(K"m et al., 2019). As h"ghl"ghted by Kerly et al. (2006), the advancement of chatbot technology 

has led to "ts expanded use across var"ous doma"ns, "nclud"ng enterta"nment, bus"ness, and 

publ"c serv"ces. 

In Engl"sh as a Fore"gn Language (EFL) classes, AI-powered chatbots can be great tools 

to offer students more "nteract"ve and personal"zed learn"ng opportun"t"es by promot"ng learner 

engagement (Fryer et.al, 2006; Mohamed, 2023). The"r relevance extends to both mob"le-

ass"sted language learn"ng (MALL) and subsequently "ntell"gent computer-ass"sted language 

learn"ng (ICALL), prov"d"ng flex"ble, access"ble, and on-demand learn"ng sess"ons (Koç, 

2024). Wh"le act"v"t"es are predeterm"ned "n trad"t"onal computer-ass"sted language learn"ng 

(CALL) systems, ICALL makes use of var"ous AI technolog"es for better comprehens"on and 

response to the needs of "nd"v"dual learners "n real t"me (Schm"dt & Strasser, 2022). Such 

systems can perform analys"s on language patterns, offer ta"lored feedback, s"mulate natural 

conversat"ons, and adjust learn"ng tasks based on students’ learn"ng pace along w"th the"r needs.  

Wh"le AI cont"nues to be "ntegrated "nto educat"on, understand"ng the relat"onsh"p 

between students' percept"ons toward AI and the"r commun"cat"on behav"ors becomes notably 

"mportant (Al-Murtadha, 2019; Dewaele & Pavelescu, 2021; Zh" & Wang, 2024). Us"ng AI 

chatbots "n ELT prov"des students w"th overall opportun"t"es to foster the"r mot"vat"on, language 
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sk"lls, and language learn"ng exper"ences by creat"ng a safe and support"ve env"ronment (Zh" & 

Wang, 2024; Peng, 2020). Accord"ng to Zha" and W"bowo (2022), the appl"cat"on of spec"f"cally 

tra"ned second language (L2) chatbots may even allev"ate the level of language learn"ng anx"ety, 

wh"ch "s cons"dered one of the most common barr"ers among many students. 

Moreover, AI-ass"sted language learn"ng, "nclud"ng the use of chatbots, s"gn"f"cantly 

"mproves wr"t"ng sk"lls among EFL students, enhanc"ng var"ous aspects of wr"t"ng such as 

organ"zat"on, coherence, grammar, and vocabulary (Song & Song, 2023; L"n & Chang, 2020). 

S"m"larly, AI chatbots have been shown to effect"vely "mprove speak"ng competence (Yang et 

al., 2022; Y"n & Satar 2020; Hsu et al., 2023), w"ll"ngness to commun"cate (WTC) (Fath" et al., 

2024; Ta" & Chen, 2020), and l"sten"ng sk"lls (D"zon, 2020) among EFL learners by prov"d"ng 

cons"stent pract"ce and "mmed"ate feedback. 

In summary, as these tools along w"th the ICALL educat"onal technolog"es cont"nue to 

evolve, the ut"l"ty of chatbots "n fac"l"tat"ng language educat"on "s becom"ng prom"nent every 

day, mak"ng them an essent"al component of novel language educat"on strateg"es. Th"s study 

w"ll "nvest"gate the effect"veness of "ncorporat"ng chatbots "nto Engl"sh language teach"ng, w"th 

a focus on offer"ng numerous benef"ts, such as "ncreased learner engagement w"th a support"ve 

space for speak"ng sk"lls pract"ce. 

1.2. Statement of the problem 

In the prev"ous chapter, the p"votal role of AI chatbots "n "mprov"ng the language sk"lls 

of EFL learners was d"scussed. Many students, part"cularly "n env"ronments where Engl"sh 

exposure "s m"n"mal, l"ke Türk"ye, f"nd "t hard to pract"ce speak"ng due to some soc"etal factors, 

such as a lack of Engl"sh language "nput "n the"r da"ly l"ves, homes, or schools (Kara et al., 

2017). Therefore, EFL learners have l"m"ted opportun"t"es to develop oral language sk"lls 

outs"de of the classroom. G"v"ng students access to ICALL technolog"es that can be used for 

language learn"ng "s one method teachers can use to help language learners (Koç, 2024).  

EFL learners frequently exper"ence speak"ng anx"ety, wh"ch can be attr"buted to var"ous 

factors such as l"m"ted opportun"t"es for pract"ce "n authent"c env"ronments and constra"ned 

classroom t"me (Tanveer, 2007). Add"t"onally, env"ronmental factors, "nclud"ng the fear of 

negat"ve evaluat"on by peers and "nstructors, further worsen speak"ng anx"ety among EFL 

learners (Öztürk & Gürbüz, 2014). Stud"es related to AI-med"ated "nteract"ons have shown that 

AI can prov"de learners w"th a low-anx"ety env"ronment, thereby enhanc"ng the"r speak"ng 

prof"c"ency and w"ll"ngness to commun"cate (Fath" et al., 2024; Koç, 2024; Ta" & Chen, 2020). 

Computer-med"ated learn"ng has already become an "ntegral part of EFL classrooms 

because both teachers and students rece"ve a myr"ad of benef"ts (Al-kad", 2018). For "nstance, 
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us"ng an onl"ne language-learn"ng platform, l"ke Duol"ngo, to supplement speak"ng and 

l"sten"ng pract"ce "s one way to "mplement mob"le-ass"sted language-learn"ng pract"ces "n an 

EFL classroom. The teacher can g"ve students spec"f"c modules to complete at home, 

emphas"z"ng conversat"onal sk"lls. These types of onl"ne platforms offers real-t"me correct"ons 

and "mmed"ate feedback on language sk"lls l"ke pronunc"at"on, grammar, and vocabulary, 

allow"ng students to pract"ce speak"ng "n low-pressure sett"ngs unl"ke the classrooms (Fath" et 

al., 2024). Th"s would eventually promote autonomy and enable students to use Engl"sh "n 

authent"c contexts.    

W"th the advent of generat"ve art"f"c"al "ntell"gence (GenAI), Platforms w"th AI have 

started to produce a cons"derable volume of h"gh-qual"ty content "n var"ous mult"med"a formats, 

rece"v"ng w"despread recogn"t"on from the publ"c (Cao et al., 2023; Wang et al., 2024). Th"s 

"nnovat"ve parad"gm for human-computer "nteract"on offers opportun"t"es to challenge the 

l"m"ts of convent"onal MALL and CALL pract"ces "n classrooms. For "nstance, one of the 

GenAI chatbots and operated by OpenAI, ChatGPT has been ga"n"ng vast recogn"t"on and "s 

cons"dered the beg"nn"ng of a new AI revolut"on (Cao et al., 2023; Pack & Maloney, 2023). 

Th"s recent technolog"cal advancement along w"th the "ntegrat"on of natural language 

process"ng, text-to-speech funct"ons, and automat"c speech recogn"t"on (ASR) has created novel 

opportun"t"es such as AI-med"ated chatbots for students to pract"ce speak"ng Engl"sh beyond 

the trad"t"onal classroom, contr"but"ng to more dynam"c and effect"ve language learn"ng (Fath" 

et al., 2024; Koç, 2024). 

Wh"le some research has been done on AI-med"ated chatbots "n the context of EFL, 

there "s st"ll a s"gn"f"cant gap "n the l"terature when "t comes to the"r "mpacts and appl"cat"ons 

(K"m et al, 2020; Koç, 2024). As a result, l"ttle research has been done on the usefulness of 

chatbot-med"ated "nstruct"on "n "mprov"ng the speak"ng ab"l"t"es of EFL learners, desp"te the 

"ncreased "nterest "n th"s approach (Fath" et al., 2024). Th"s research a"ms to f"ll th"s gap by 

"nvest"gat"ng the "mpact of AI chatbots on "mprov"ng the speak"ng sk"lls of young adult EFL 

students w"th l"m"ted access to Engl"sh "nput "n the"r da"ly env"ronments. The study draws upon 

the work of Koç (2024), who "nvest"gated the development of l"sten"ng and speak"ng sk"lls 

through a s"m"lar AI-based approach "n a quas"-exper"mental des"gn. 

1.3. Purpose of the Study and Research QuestWons 

Th"s study seeks to determ"ne "f "nteract"on w"th a GenAI chatbot as an extracurr"cular 

act"v"ty can fac"l"tate the "mprovement of speak"ng sk"lls among young adult EFL learners, 

part"cularly "n fluency and coherence, grammat"cal accuracy and range, vocabulary, and 

pronunc"at"on. Through a quas"-exper"mental methodology, the study w"ll determ"ne the 
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effect"veness of th"s novel technology "n "mprov"ng speak"ng sk"lls. In add"t"on to quant"tat"ve 

exper"mental data, qual"tat"ve methods w"ll def"ne EFL learners' perspect"ves on the 

advantages, challenges, and suggest"ons for "mprovement of us"ng Chatbot-med"ated 

"nteract"on. It w"ll set the foundat"on for future research on the "ntegrat"on of AI technolog"es 

"n language educat"on. 

RQ1: Do s"gn"f"cant d"fferences ex"st "n speak"ng prof"c"ency scores among Turk"sh 

young adult EFL learners "n the control group compared to those "n the exper"mental group who 

"nteracted w"th a GenAI chatbot? 

RQ2: Do s"gn"f"cant d"fferences ex"st "n the speak"ng prof"c"ency test scores between 

the pre-test and post-test w"th"n the control and exper"mental groups after the treatment per"od? 

RQ3: Regard"ng the part"c"pants’ percept"ons:  

a. What are the perce"ved pos"t"ve aspects of employ"ng GenAI chatbots "n Engl"sh 

language learn"ng? 

b. What are the perce"ved negat"ve aspects of employ"ng GenAI chatbots "n Engl"sh 

language learn"ng? 

c. What are the part"c"pants’ suggest"ons for "mprov"ng the use of GenAI chatbots "n 

Engl"sh language learn"ng? 

1.4. SWgnWfWcance of the Study 

The educat"on world "s beg"nn"ng to acknowledge the "mportance of AI-enabled 

chatbots "n develop"ng the speak"ng ab"l"t"es of EFL students. Compared to educat"onal chatbots 

"n the"r early stages, modern chatbots have evolved to establ"sh mean"ngful conversat"ons, 

prov"d"ng space for exchang"ng "deas and develop"ng conversat"ons to create deep "nteract"ons. 

In the"r rev"ew of art"cles publ"shed between 2015 and 2021, Sharadgah and Sa'd" (2022) 

h"ghl"ght the prom"s"ng future of AI "n Engl"sh Language Teach"ng (ELT), emphas"z"ng that AI 

has a pos"t"ve "mpact on enhanc"ng Engl"sh sk"lls, translat"on, and assessment.  

In add"t"on, us"ng AI "n EFL classrooms offers advantages such as a personal"zed 

learn"ng exper"ence, "mmed"ate feedback, and a more "nteract"ve learn"ng env"ronment (Huang 

et al., 2022). These d"g"tal resources cont"nue to prov"de fresh approaches to many problems 

that students encounter when hon"ng the"r speak"ng sk"lls. Fath" et al. (2024) reported "n the"r 

recent study that chatbot-med"ated "nteract"ve speak"ng act"v"t"es cons"derably "mproved the 

EFL learners' speak"ng sk"lls and w"ll"ngness to commun"cate by "ncreas"ng the"r "ntr"ns"c 

mot"vat"on. K"m et al. (2021) found that AI chatbots helped students "mprove the"r Engl"sh-

speak"ng sk"lls and prov"de a comfortable learn"ng env"ronment for pract"ce. 
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Collect"vely, the f"nd"ngs above h"ghl"ght the potent"al of AI for transform"ng the 

teach"ng and learn"ng of Engl"sh, offer"ng personal"zed and access"ble support to learners. 

Although there have been such contr"but"ons "n th"s area, stud"es on the use of art"f"c"al 

"ntell"gence chatbots for EFL st"ll rema"n l"m"ted, w"th only a handful of chatbots developed to 

a"d language users "n engag"ng through vo"ce recogn"t"on or mult"modal "nteract"ons (Koç, 

2024). Th"s study, "ncorporat"ng the latest vo"ce-enabled GenAI chatbot technolog"es, a"ms to 

showcase the"r effects on the "mprovement of speak"ng sk"lls among Turk"sh young adult EFL 

learners. 

1.6. AssumptWons 

1- It "s assumed that students "n the exper"mental group w"ll follow the "nstruct"ons and 

regularly "nteract w"th ChatGPT dur"ng the treatment per"od outs"de of class. 

2- It "s assumed that part"c"pants have enough d"g"tal sk"lls to use the chatbot on the"r 

own w"thout need"ng extra help. 

3- It "s also assumed that ChatGPT can hold mean"ngful and coherent conversat"ons that 

are su"table for speak"ng pract"ce. 

4- Any major changes "n speak"ng scores are expected to result ma"nly from us"ng the 

chatbot—not from outs"de or uncontrolled factors. 

5- It "s assumed that students w"ll wr"te honest, thoughtful reflect"ons "n the"r weekly 

d"ar"es. 

6- The speak"ng test used "n th"s study "s assumed to be a val"d and rel"able way to 

measure key aspects of speak"ng, l"ke fluency, coherence, grammar, vocabulary, and 

pronunc"at"on. 

7- Before the treatment starts, both the exper"mental and control groups are assumed to 

be at a s"m"lar level "n terms of speak"ng ab"l"ty and Engl"sh exposure. 

8- Lastly, "t’s assumed that ChatGPT w"ll stay access"ble and work properly throughout 

the study, w"thout ser"ous techn"cal problems. 

1.7. LWmWtatWons of the Study 

Desp"te careful plann"ng and "mplementat"on, th"s study "s subject to several l"m"tat"ons 

that may affect the general"zab"l"ty and "nterpretat"on of the f"nd"ngs: 

1- Th"s study was carr"ed out w"th a small group of young adult EFL learners from a 

spec"f"c reg"on and classroom sett"ng "n Türk"ye. Because of that, the results m"ght not apply to 

all EFL learners, espec"ally those from d"fferent places or age groups. 

2- The treatment per"od lasted only e"ght weeks, wh"ch may not have been long enough 

to fully show the long-term effects of pract"c"ng speak"ng w"th a chatbot. 
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3- S"nce the chatbot pract"ce happened outs"de regular class t"me, personal factors l"ke 

students' mot"vat"on, t"me management, and d"sc"pl"ne may have affected how often and how 

ser"ously they engaged w"th the tasks. 

4- The study heav"ly used reflect"on d"ar"es for qual"tat"ve data collect"on. Students 

m"ght not always g"ve accurate descr"pt"ons of how they feel or exaggerate "t. 

5- Some students m"ght have faced "ssues l"ke unstable "nternet, wh"ch could have made 

"t harder for them to use the chatbot cons"stently. Any techn"cal problems or chatbot downt"me 

may have "nterrupted the exper"ence. 

6- Wh"le the study focused ma"nly on speak"ng—espec"ally fluency, accuracy, 

vocabulary, and pronunc"at"on—"t d"d not look closely at how us"ng the chatbot m"ght affect 

other sk"lls l"ke l"sten"ng, read"ng, or wr"t"ng. 

7- Because ChatGPT "s a new and "nterest"ng tool for most learners, the"r exc"tement at 

the beg"nn"ng m"ght have temporar"ly boosted mot"vat"on. Th"s "n"t"al exc"tement m"ght not last 

or show up the same way "n future stud"es. 

8- F"nally, as helpful as ChatGPT can be, "t somet"mes g"ves responses that "nclude 

errors, off-top"c content, or culturally awkward repl"es. These are out of the researcher’s control 

and m"ght have shaped the students’ exper"ences and results.   
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CHAPTER 2 

LITERATURE REVIEW 

2.1. IntroductWon 

Th"s l"terature rev"ew w"ll f"rst exam"ne the study's theoret"cal framework that 

showcases the fundamental learn"ng theor"es, wh"ch underp"n the appl"cat"on of Generat"ve AI 

(GenAI) chatbots "n Engl"sh as a Fore"gn Language (EFL) "nstruct"on. Next, to contextual"ze 

th"s study "n the larger perspect"ve of AI-ass"sted language learn"ng, Intell"gent Computer- and 

Mob"le-Ass"sted Language Learn"ng (ICALL and MALL), followed by an exam"nat"on of the 

role of Art"f"c"al Intell"gence "n Educat"on (AIEd) w"ll be presented. Furthermore, a h"stor"cal 

overv"ew of chatbots w"ll prov"de "ns"ghts "nto the"r evolut"on. Th"s w"ll lead to a deta"led 

d"scuss"on of GenAI chatbots and the"r spec"f"c contr"but"ons to language learn"ng. F"nally, the 

sect"on on GenAI "n Engl"sh Language Teach"ng w"ll h"ghl"ght the current appl"cat"ons and 

pedagog"cal "mpl"cat"ons of th"s technology, w"th a spec"f"c focus on speak"ng sk"lls. Through 

th"s rev"ew, the study a"ms to establ"sh a comprehens"ve understand"ng of how GenAI chatbots 

can enhance EFL learn"ng and contr"bute to the f"eld of language educat"on. 

2.2. TheoretWcal background of GenAI Chatbots Wn EFL 

The "ntegrat"on of GenAI technolog"es, such as Large Language Models (LLMs), 

"nclud"ng ChatGPT, "nto educat"onal contexts has opened new avenues for research and 

pract"ce. These tools al"gn w"th establ"shed learn"ng theor"es, "nclud"ng the soc"ocultural theory 

and self-regulated learn"ng. 

2.2.1. SocWocultural Theory 

Soc"ocultural Theory pos"ts that cogn"t"ve development "s deeply rooted "n soc"al 

"nteract"ons and med"ated by cultural tools, such as language and art"facts (Mahn, 1999). 

Central to th"s theory are the concepts of the Zone of Prox"mal Development (ZPD) and 

scaffold"ng (see f"gure 1). The ZPD refers to the gap between a learner’s "ndependent problem-

solv"ng ab"l"t"es and the"r potent"al when gu"ded by a more knowledgeable other (MKO) (Mahn, 

1999). Scaffold"ng, on the other hand, "nvolves the temporary support prov"ded by the MKO to 

help learners ach"eve tasks w"th"n the"r ZPD (Shooshtar" & M"r, 2014). These "deas emphas"ze 

the "mportance of gu"ded learn"ng and soc"al "nteract"on "n foster"ng h"gher cogn"t"ve 

development. In th"s context, GenAI tools such as ChatGPT can serve as med"at"onal means 

that prov"de scaffolded support w"th"n the learner’s ZPD (Kulaksız, 2024). 
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FWgure 1  

Zone of Prox*mal Development and Scaffold*ng Model. Repr"nted from Wheeler (2015, p. 68). 

  
Although teachers are usually the ones who prov"de scaffold"ng "n trad"t"onal 

classrooms, classmates, parents, and even technology systems can also prov"de scaffold"ng. 

GenAI chatbots such as ChatGPT prov"de learners w"th real-t"me feedback, serv"ng as a type 

of technolog"cal scaffold"ng (Özçel"k & Kesk"n, 2024). In a conversat"onal style w"th a GenAI 

chatbot, for "nstance, students can exchange "deas, clear up m"sconcept"ons, and "nvest"gate 

novel "deas. Th"s promotes knowledge "nternal"zat"on through d"alogue, resembl"ng classroom 

"nteract"ons. (L"ao et al., 2024). Th"s "s a clear example of ZPD, "n wh"ch learners f"n"sh 

act"v"t"es w"th ass"stance.  

As students engage w"th these resources, they gradually "nternal"ze techn"ques and 

become less dependent on outs"de ass"stance, ult"mately complet"ng ass"gnments on the"r own 

(L"ao et al., 2024). However, G"annakos et al. (2024) ment"on that wh"le GenAI tools l"ke 

ChatGPT offer cons"derable potent"al, they cannot fully recreate the emot"onal and relat"onal 

components of human care. Effect"ve learn"ng does not only requ"re cogn"t"ve ass"stance. In 

add"t"on to cogn"t"ve help, teachers prov"de the emot"onal support, warmth, and trust that are 

necessary for effect"ve learn"ng (Chew & Cerb"n, 2020). As a result, several scholars emphas"ze 

that GenAI should be v"ewed as a supplementary a"d rather than a replacement for "nstructors, 

who rema"n essent"al for prov"d"ng the emot"onal and relat"onal support requ"red for effect"ve 

learn"ng (Chew & Cerb"n, 2020; G"annakos et al., 2024). 
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2.2.3. Self-Regulated LearnWng 

Self-regulated learn"ng (SRL) plays a v"tal role "n educat"on, allow"ng students to take 

charge of the"r learn"ng through goal sett"ng, self-mon"tor"ng, and self-assessment. Key 

theoret"cal perspect"ves on SRL draw from var"ous frameworks that emphas"ze cogn"t"ve 

awareness, mot"vat"on, and soc"al "nfluences (La", 2024). Metacogn"t"ve theor"es h"ghl"ght the 

"mportance of "nd"v"duals mon"tor"ng and controll"ng the"r cogn"t"ve processes (Flavell, 1979, 

as c"ted "n La", 2024). Z"mmerman’s cycl"cal model of self-regulat"on outl"nes three "nterrelated 

phases: forethought, performance, and self-reflect"on, each play"ng a cruc"al role "n gu"d"ng 

learners’ self-regulatory behav"ors (Z"mmerman, 2000). P"ntr"ch’s model h"ghl"ghts the role of 

mot"vat"on "n SRL, emphas"z"ng how goal or"entat"on shapes learners’ ab"l"ty to regulate the"r 

learn"ng (P"ntr"ch, 2000). Bandura’s soc"al cogn"t"ve theory contr"butes to th"s d"scuss"on by 

focus"ng on self-eff"cacy, assert"ng that learners’ bel"efs "n the"r own ab"l"t"es "nfluence the"r 

mot"vat"on and performance (Bandura, 2002). Add"t"onally, Dec" and Ryan’s self-determ"nat"on 

theory h"ghl"ghts the s"gn"f"cance of autonomy, competence, and relatedness "n foster"ng 

"ntr"ns"c mot"vat"on and effect"ve self-regulat"on (Dec" & Ryan, 2013, as c"ted "n La", 2024). 

These theoret"cal foundat"ons "nform the des"gn of SRL models w"th"n d"g"tal learn"ng 

env"ronments. F"gure 2 "llustrates a learn"ng analyt"cs process map for develop"ng an SRL 

framework ta"lored to a GenAI chatbot, h"ghl"ght"ng how data, model"ng, and learner 

"nteract"on are "ntegrated "nto a cohes"ve support system. 

Figure 2  

Learning analytics process map of establishing a framework for SRL model for GenAI Chatbot. 

Reprinted from Lai (2024).  
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Advances "n generat"ve AI chatbots ut"l"z"ng large language models have "ntroduced 

"nnovat"ve ways to enhance learn"ng by prov"d"ng "nd"v"dual"zed support and feedback. AI 

chatbots are be"ng "ntegrated "nto the ex"st"ng SRL frameworks ment"oned above, w"th stud"es 

show"ng that they can analyze student "nputs, sort them "nto learn"ng categor"es, and generate 

"ns"ghts "nto how students "nteract w"th "nstruct"onal mater"al (La", 2024). 

Chang et al. (2023) explore how AI chatbots can support SRL by emphas"z"ng three key 

pedagog"cal pr"nc"ples: goal sett"ng, feedback, and personal"zat"on. Draw"ng from 

Z"mmerman’s SRL framework, the study argues that AI chatbots should not merely prov"de 

answers but should be des"gned to foster self-regulat"on. The authors propose that effect"ve 

chatbot "ntegrat"on "n educat"on requ"res teach"ng students how to prompt strateg"cally, enabl"ng 

reverse prompt"ng for self-assessment, and ut"l"z"ng data-dr"ven learn"ng analyt"cs for 

personal"zed support. They stress that AI should be seen as a tool to enhance learn"ng rather 

than a shortcut for academ"c work, advocat"ng for collaborat"on among educators, des"gners, 

and researchers to ref"ne AI-dr"ven pedagogy (Chang et al., 2023). 

Emp"r"cal stud"es have h"ghl"ghted the "mpact of generat"ve AI chatbots on SRL. Ng et 

al. (2024) conducted a p"lot study compar"ng a generat"ve AI-powered chatbot, SRLbot, w"th a 

rule-based chatbot, Nemobot, to exam"ne the"r effects on students’ self-regulated learn"ng "n 

sc"ence educat"on. The study "nvolved 74 secondary school students "n Hong Kong over three 

weeks. F"nd"ngs showed that SRLbot s"gn"f"cantly boosted students’ sc"ence knowledge, 

engagement, and mot"vat"on when compared to a rule-based chatbot. Thanks to "ts personal"zed 

suggest"ons and adapt"ve responses, SRLbot supported students "n bu"ld"ng steady study hab"ts, 

eas"ng the"r learn"ng anx"ety, and ach"ev"ng better results. Students also shared "n the"r feedback 

that they apprec"ated the chatbot’s personal"zed support, and "t set "t apart from more l"m"ted, 

rule-based systems. Overall, these results show the potent"al of generat"ve AI chatbots to foster 

self-regulated learn"ng and prov"de useful d"rect"on for how such tools can be des"gned and 

used effect"vely "n the classroom (Ng et al., 2024). 

Another emp"r"cal study by Ch"u (2024) explores the role of  GenAI, spec"f"cally 

ChatGPT, "n foster"ng self-regulated learn"ng (SRL) "n EFL contexts through self-determ"nat"on 

theory (SDT). Us"ng a Delph" des"gn, the research gathered "ns"ghts from 36 exper"enced 

teachers to develop a class"f"cat"on tool for ChatGPT-based learn"ng act"v"t"es that address SDT 

needs (autonomy, competence, and relatedness) across SRL phases (forethought, performance, 

and self-reflect"on). The f"nd"ngs "nd"cate that ChatGPT effect"vely supports competence and 

autonomy needs, part"cularly "n the performance and self-reflect"on phases, by prov"d"ng "nstant 

feedback, generat"ng pract"ce problems, and fac"l"tat"ng self-assessment. However, "t offers 
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l"m"ted support for relatedness. It h"ghl"ghts a gap "n foster"ng student-teacher and peer 

connect"ons. Overall, the study offers a pract"cal framework for "ntegrat"ng ChatGPT "nto 

educat"onal pract"ces and emphas"zes the need for future research to explore "ts role "n ICALL 

learn"ng. 

To ga"n deeper "ns"ght "nto the top"c, some AI-ass"sted chatbots, such as TeacherGAIA, 

have been des"gned spec"f"cally to support self-d"rected learn"ng and self-assessment. These 

chatbots "ncorporate construct"v"st learn"ng pr"nc"ples and prompt eng"neer"ng techn"ques to 

encourage "ndependent learn"ng beyond the classroom. Focus"ng on both cogn"t"ve gu"dance 

and soc"al-emot"onal support plays a role "n foster"ng SRL "n an AI-ass"sted manner (Al" et al., 

2023).  

In l"ght of all th"s "nformat"on, the grow"ng presence of AI chatbots "n educat"on presents 

s"gn"f"cant opportun"t"es for enhanc"ng SRL. These chatbots are be"ng used to tackle challenges 

"n problem-solv"ng (Cohen & Cohen, 2024). They can be used to ass"st students "n K-12 

educat"on "n overcom"ng obstacles related to mot"vat"on and cogn"t"ve "ssues through the"r 

structured "nstruct"on and "nd"v"dual"zed feedback (Kong & Yang, 2024). Th"s research 

advances the SRL theory and also prov"des educators who are look"ng to "mprove the"r students’ 

self-regulated learn"ng ab"l"t"es w"th useful appl"cat"ons. 

On the whole, by offer"ng personal"zed support, construct"ve feedback, and cogn"t"ve 

gu"dance, these chatbots empower students to take greater control of the"r learn"ng and "mprove 

the"r academ"c outcomes. As research "n th"s f"eld cont"nues to evolve, educators and developers 

w"ll be better equ"pped to harness the full potent"al of AI to transform the learn"ng exper"ence. 

The follow"ng chapter w"ll expand on the central theme of th"s study—the appl"cat"ons of AI 

chatbots "n Engl"sh Language Teach"ng (ELT)—by exam"n"ng the"r broader "ntegrat"on w"th"n 

larger systems, such as "ntell"gent computer-ass"sted language learn"ng (ICALL) and mob"le-

ass"sted language learn"ng (MALL). Th"s explorat"on w"ll offer a more comprehens"ve 

perspect"ve on the role of AI "n language educat"on. 

2.3. IntellWgent Computer- and MobWle-AssWsted Language LearnWng 

Intell"gent Computer-ass"sted learn"ng (ICALL) "ntegrates technology w"th fore"gn 

language teach"ng to develop a h"ghly contextual"zed and commun"cat"ve learn"ng 

env"ronment. Computer-ass"sted language learn"ng (CALL) and mob"le-ass"sted language 

learn"ng (MALL) technolog"es allow students greater exposure to the target language "n more 

culturally relevant ways through easy access to mult"med"a, onl"ne mater"als, and computer-

med"ated "nteract"on w"th nat"ve speakers (Amaral & Meurers, 2011). Nevertheless, accord"ng 

to researchers, trad"t"onal CALL systems usually cannot go beyond a very s"mple format, l"ke 
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mult"ple-cho"ce or match"ng exerc"ses, and ser"ously lack nuanced feedback prepared for each 

learner. Consequently, there "s a call to "ntegrate a l"ngu"st"c model"ng system "nto CALL 

platforms to expand the"r ab"l"ty to come up w"th more soph"st"cated exerc"ses and to offer more 

comprehens"ve feedback that cons"ders the spec"f"c tra"ts of each user (Amaral & Meurers, 

2011). These recent advancements have led to redef"n"ng CALL and MALL systems as ICALL 

and IMALL, reflect"ng the "ntegrat"on of art"f"c"al "ntell"gence (AI), natural language 

process"ng (NLP), and other modern technolog"es (B"bauw, Franço"s, Van den Noortgate, & 

Desmet, 2022, as c"ted "n Koç, 2024). 

What ICALL tr"es to "mplement "n the place of these l"m"tat"ons "n use "s the "ntegrat"on 

of NLP tools, such as parsers and semant"c analyzers, wh"ch could ensure better error detect"on 

and feedback ta"lored to the needs of learners (Amaral & Meurers, 2011). As these technolog"es 

advance, ICALL stands as a prom"s"ng tool "n the broader landscape of educat"on, effect"vely 

ut"l"z"ng adapt"ve feedback to support personal"zed and l"fe-long, qual"ty learn"ng "n fore"gn 

language acqu"s"t"on (A", 2017). 

One of the "mportant features of ICALL systems "s the prov"s"on for d"rect correct"ve 

feedback, a sure tra"t for language learn"ng. Cho" (2014) says that even human teachers do not 

eas"ly manage to prov"de t"mely feedback whenever classes have larger numbers, and th"s "s the 

challenge that ICALL systems are able to handle through the"r enhanced tutor"ng capab"l"t"es. 

A system that analyzes learners' uses of language and prov"des them w"th "nd"v"dually ta"lored 

feedback helps learners recogn"ze the"r errors and thus correct them to ach"eve enhancement of 

the"r language 

Moreover, error analys"s plays an essent"al role "n ICALL to prov"de "ns"ght "nto the 

learn"ng process. Accord"ng to Ur"a et al. (2014) errors are part of learn"ng, any language and 

such error analys"s "s also "n ICALL systems when creat"ng "nstruct"onal strateg"es to offer 

effect"ve language teach"ng. Th"s approach "s "n tune w"th the w"der object"ves of ICALL "n 

develop"ng alterable learn"ng env"ronments respons"ve to "nd"v"dual learners' needs.  

Be"ng one of the "nfluent"al tools "n ICALL systems, "ntell"gent conversat"onal agents 

"n the form of chatbots pushed language learn"ng further by allow"ng learners to pract"ce the 

language "nteract"vely. In fact, Huang et al. (2023) have ment"oned that such AI-powered 

chatbots are able not only to engage students "n a d"alog"c process and analyze the"r responses 

but also to prov"de ser"ous feedback to them, thus allow"ng for more "ntens"ve learn"ng of the 

fore"gn language. Th"s "nteract"ve attr"bute of such conversat"onal agents enhances the language 

sk"lls and even bu"lds up the conf"dence of learners "n us"ng the target language. 
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Var"ous types of AI chatbots funct"on on computers, smartphones, or tablets, ut"l"z"ng 

the embedded mechan"sms w"th"n these platforms. Thus, class"fy"ng these advanced tools solely 

under ICALL or IMALL would be "nsuff"c"ent (Koç, 2024). Th"s paper a"ms to explore the 

broader d"scuss"on of ICALL and IMALL research by "ntegrat"ng these concepts "n a un"f"ed 

way, part"cularly "n l"ght of recent advancements "n "ntell"gent systems embedded w"th"n 

var"ous types of dev"ces. 

2.4. HWstorWcal OvervWew of Chatbots 

Tur"ng's (1950) quest"on, "Can mach"nes th"nk?" "s a stra"ghtforward and "ntr"cate 

quest"on. Accord"ng to McCarthy et al. (1955, as c"ted "n Tl"l" et al., 2023), the term art"f"c"al 

"ntell"gence (AI) was "ntroduced to descr"be dev"ces and systems that m"m"c human cogn"t"ve 

funct"ons and dec"s"on-mak"ng sk"lls. Humans want to commun"cate w"th computers "n a 

s"m"lar manner to how they do w"th language. Accord"ng to Zadrozny et al. (2000), the best 

way to support Human-Computer Interact"on (HCI) "s to let users "ntu"t"vely commun"cate the"r 

goals us"ng speech, typ"ng, or gestures. Th"s "dea served as the bas"s for the creat"on of chatbots. 

These advancements led Alan Tur"ng to develop the Tur"ng Test "n 1950, formerly known as 

the Im"tat"on Game, as a novel method to determ"ne whether a mach"ne can d"splay "ntell"gent 

behav"or that "s e"ther "dent"cal to or "nd"st"ngu"shable from that of a person (Tur"ng, 1950). In 

th"s test, a human assessor converses "n natural language w"th a mach"ne and another person, 

"dent"fy"ng wh"ch responses are from the computer and not know"ng wh"ch "s wh"ch. As one of 

the f"rst frameworks for evaluat"ng mach"ne "ntell"gence, the Tur"ng Test "s s"gn"f"cant because 

of "ts fundamental role "n the study of AI. 

The f"rst chatbot, named ELIZA, was developed "n 1960s by We"zenbaum 

(Adamopoulou & Mouss"ades, 2020). ELIZA turned the user's remarks "nto quest"ons, 

s"mulat"ng the act"ons of a psych"atr"st. Desp"te hav"ng l"m"ted commun"cat"on capab"l"t"es, "t 

was a major source of "nsp"rat"on for the development of subsequent chatbots. However, "t had 

notable l"m"tat"ons, such as restr"cted knowledge, wh"ch conf"ned "ts d"scuss"ons to a spec"f"c 

set of top"cs. Add"t"onally, ELIZA struggled to ma"nta"n extended conversat"ons and lacked the 

ab"l"ty to learn or "nfer context from ongo"ng "nteract"ons (Adamopoulou & Mouss"ades, 2020). 

In 1972, a more soph"st"cated system was later "ntroduced. PARRY s"mulated a 

sch"zophren"a pat"ent w"th rud"mentary emot"onal responses. However, "t had trouble 

understand"ng language and carry"ng on lengthy conversat"ons (Colby et al., 1971, as c"ted "n 

Adamopoulou & Mouss"ades, 2020). Around the m"d-1980s, Jabberwacky showed the world 

the f"rst use of AI "n chatbot technology, employ"ng contextual pattern match"ng (Adamopoulou 

& Mouss"ades, 2020), wh"le ALICE (1995) "ntroduced the use of Art"f"c"al Intell"gence Markup 
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Language (AIML), s"gn"f"cantly expand"ng "ts conversat"onal ab"l"t"es (Mar"etto et al., 2013). 

In contrast to ELIZA, wh"ch only ut"l"zed around 200 keywords and rules, ALICE's knowledge 

base "s sa"d to compr"se over 41,000 templates and connected patterns (Heller et al., 2005, as 

c"ted "n Gumusel, 2024). However, ALICE lacked both emot"onal express"veness and 

"ntell"gent qual"t"es (Adamopoulou & Mouss"ades, 2020). Along w"th all these, when 

SmarterCh"ld was "ntroduced "n 2001, "t was revolut"onary because "t "ncluded useful features 

l"ke database retr"eval, "nd"cat"ng a move toward useful, task-or"ented chatbots (Molnár & 

Zoltán, 2018).  

The 2010s saw the r"se of "ntell"gent personal ass"stants (IPAs) such as S"r", Google 

Ass"stant, and Amazon Alexa, wh"ch transformed chatbot technology by "ntegrat"ng speech 

recogn"t"on, advanced AI technolog"es (Smutny & Schre"berova, 2020). These IPAs were able 

to perform a myr"ad of tasks, "nclud"ng manag"ng schedules, retr"ev"ng "nformat"on, and home 

automat"on. One d"sadvantage "s they somet"mes faced challenges w"th language nuances and 

comprehens"on of the context. Chatbots are w"dely used "n market"ng, healthcare, educat"on, 

and enterta"nment by the m"ddle of the last decade, and the"r spread was fueled by soc"al med"a 

and messag"ng apps (Dale, 2016). In contrast to the"r early ancestors l"ke ELIZA, modern 

chatbots have made tremendous progress "n the"r conversat"onal ab"l"t"es. They share personal 

h"stor"es and s"mulate human relat"onsh"ps.  

As ev"denced by the"r w"despread presence and profound h"story, many "nformat"on-

dr"ven platforms, such as un"vers"t"es, l"brar"es, and museums, have already "ntegrated chatbots 

"nto the"r onl"ne serv"ces (Fryer et al., 2020). Fryer et al. also emphas"ze that they are not a 

recent "nnovat"on but has been used for decades. However, th"s study spec"f"cally focuses on 

generat"ve AI chatbots, wh"ch "s a rap"dly evolv"ng technology that has recently ga"ned global 

attent"on for "ts transformat"ve "mpact on educat"on and language learn"ng. 

2.4.1. GeneratWve AI Chatbots 

November 2022 was a m"lestone for the h"story of chatbots as ChatGPT (Generat"ve 

Pre-tra"ned Transformer), a chatbot created to support real"st"c conversat"onal exchanges, was 

unve"led by OpenAI, an art"f"c"al "ntell"gence research company (Bozkurt, 2023; Fath"Tl"l" et 

al., 2023). Van D"s et al. (2023) descr"be ChatGPT as a “large language model (LLM), a type 

of mach"ne learn"ng system that learns on "ts own from data and "s tra"ned on a vast corpus of 

text to produce soph"st"cated and presumably "ntell"gent wr"t"ng.” It uses natural language 

process"ng (NLP) to answer follow-up quest"ons, adm"t m"stakes, quest"on erroneous 

assumpt"ons, and reject "nappropr"ate requests (OpenAI, 2023). The term "generat"ve" "n 

generat"ve AI (GenAI) means that they can generate new data, such as text, "mages, aud"o, or 
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v"deo, "nstead of only analyz"ng the ex"st"ng data (Cao et al., 2023; Wang et al., 2024). In other 

words, GenAIs can create content by learn"ng d"fferent patterns from large datasets, wh"ch 

enables them to produce coherent outputs based on the ex"st"ng knowledge.  

It must also be acknowledged that GenAI "s a more comprehens"ve term than 'ChatGPT.' 

In add"t"on to ChatGPT, there are other chatbots capable of generat"ng both text and "mages 

w"th"n the same platform (Cogo et al., 2024). W"dely used educat"onal platforms such as 

Qu"zlet, Qu"z"zz, Edpuzzle, and Ment"meter are progress"vely "ncorporat"ng AI funct"onal"t"es 

to ass"st language teachers and streaml"ne the"r tasks (Cogo et al., 2024).  

Altogether, th"s s"gn"f"es that w"th cont"nuous technolog"cal advancements, GenAI 

features are becom"ng an "ntegral part of our da"ly work, mak"ng "t "ncreas"ngly d"ff"cult to 

funct"on w"thout them (Cogo et al., 2024). Even wh"le the ma"n object"ve of GenAI chatbots "s 

to m"m"c human speech, they are capable of much more than just d"alogue. W"th"n the"r 

spectrum of capab"l"t"es, they can repl"cate a var"ety of roles and funct"ons and produce creat"ve 

output l"ke poetry, stor"es, and novels (Tl"l" et al., 2023). For example, w"th "ts "ncred"ble ab"l"ty 

to s"mulate human thought processes, ChatGPT presents a novel AI techn"que that may be able 

to pass the Tur"ng Test (Tur"ng, 1950). In summary, GenAI chatbots are groundbreak"ng 

technolog"es, wh"ch causes a profound parad"gm change "n educat"on as well as "n many facets 

of da"ly l"fe. 

2.5. ArtWfWcWal IntellWgence Wn EducatWon 

Wh"le ICALL systems stand out as one of the most dynam"cally develop"ng aspects of 

language educat"on (Koç, 2024), the evolut"on of ICALL "s closely l"nked to the grow"ng role 

of AI "n educat"on. Part"cularly, the emergence of GenAI has further enhanced language 

learn"ng by enabl"ng more soph"st"cated, personal"zed, and autonomous exper"ences. As 

convent"onal mach"ne learn"ng and now deep learn"ng "n GenAI ra"se the number of "ntell"gent 

serv"ces w"th human-l"ke behav"or (Hwang et al., 2020; Huang et al., 2023), art"f"c"al 

"ntell"gence "n educat"on (AIEd) has been grow"ng rap"dly. Thus, AI has recently been appl"ed 

"n several doma"ns, "nclud"ng dec"s"on-mak"ng, natural language process"ng, vo"ce and "mage 

recogn"t"on, and "nterlanguage translat"on (Hwang et al., 2020). Add"t"onally, they are w"dely 

used "n robot"cs, computer programs, appl"cat"ons, and equ"pment control systems (Hwang et 

al., 2020). Hwang et al. (2020) "dent"f"ed four types of AI-powered educat"on appl"cat"ons. The 

f"rst type "s the "ntell"gent tutor, wh"ch can meet the students' needs and prov"de them w"th 

pos"t"ve learn"ng outcomes. The second type "s the "ntell"gent tutee, wh"ch prov"des act"ve 

learn"ng, encourag"ng learners to be tutors. The th"rd one "ntroduces "ntell"gent learn"ng tools 

or partners, gather"ng and analyz"ng students' data "n order to "mprove learn"ng. The fourth 
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category of pol"cy-mak"ng adv"sor appl"cat"ons, "n turn, helps adm"n"strators understand 

educat"onal trends and problems and support them "n mak"ng appropr"ate dec"s"ons effect"vely.  

Bu"ld"ng on the conversat"on about AIEd, one s"gn"f"cant advancement "n th"s parad"gm 

"s the use of AI chatbots as teach"ng tools. Unquest"onably, the use of AI chatbots "s "ncreas"ng 

s"nce they can s"mulate human-l"ke "nteract"ons and offer students "nd"v"dual"zed support and 

conversat"onal pract"ce (Fath" et al., 2024). AI chatbots enhance the learn"ng process by 

"m"tat"ng human conversat"on patterns, mak"ng them valuable for language learn"ng, as the 

feedback "s always contextual"zed (Zhang & Huang, 2024). W"th"n the framework of Hwang et 

al.’s (2020) four categor"es of AI appl"cat"ons "n educat"on, chatbots are strongly related to the 

funct"ons of ""ntell"gent tutor" and ""ntell"gent learn"ng tool or partner." By adapt"ng the"r 

responses accord"ng to the learner's "nput and development, chatbots can serve as "ntell"gent 

tutors and meet "nd"v"dual learn"ng needs, promot"ng a learner-centered approach (Ifelebuegu 

et al., 2023). Because chatbots can target part"cular language d"ff"cult"es, track progress, and 

encourage language fluency through repeated pract"ce, th"s flex"b"l"ty has "mportant 

ram"f"cat"ons for personal"zed learn"ng (Harry, 2023). 

AI chatbots also funct"on as ""ntell"gent learn"ng partners," gather"ng "nformat"on from 

every conversat"on (Hwang et al., 2020). Based on real-t"me performance data, educators can 

"mprove curr"culum des"gn and "nstruct"onal pract"ces by analyz"ng th"s data to get "ns"ghts "nto 

common "ssues faced by students (Hwang et al., 2020). By mon"tor"ng trends and spott"ng 

learn"ng gaps, the use of chatbots "n Engl"sh language teach"ng (ELT) not only helps "nd"v"dual 

students but also advances broader educat"onal "deas (Hwang et al., 2020). 

However, the w"despread adopt"on of AIEd comes w"th certa"n challenges, part"cularly 

regard"ng the need for robust data pr"vacy and eth"cal frameworks to protect student "nformat"on 

(Ifelebuegu et al., 2023; Harry, 2023). Furthermore, although chatbots show prom"se, the"r 

effect"veness "s mostly dependent on the cal"ber of NLP models and the chatbot's capac"ty to 

react appropr"ately to "ntr"cate "nputs. Therefore, even "f chatbots have many benef"ts, the"r use 

should be carefully cons"dered "n l"ght of eth"cal and technolog"cal constra"nts "n order to 

opt"m"ze the"r potent"al as useful teach"ng tools. 

Chatbot use "n EFL ra"ses the poss"b"l"ty that chatbots dr"ven by AI could be essent"al 

supplements to convent"onal "nstruct"on, g"v"ng students ta"lored pract"ce and feedback that was 

prev"ously challeng"ng to obta"n "n trad"t"onal classrooms (Fath" et al., 2024). Thus, th"s study 

w"ll exam"ne students engag"ng w"th a GenAI chatbot to determ"ne whether these ant"c"pated 

benef"ts hold true "n pract"ce. 
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2.6. BenefWts of GeneratWve AI Chatbots Wn EFL 

Wh"le chatbots have been ut"l"zed for many decades now (Adamopoulou & Mouss"ades, 

2020; Huang et al., 2022), GenAI chatbot stud"es are obv"ously restr"cted to the past few years 

because "t "s a relat"vely new research "ssue (Özçel"k & Ekş", 2024). Accord"ng to the 

researchers, the transformat"ve role of ChatGPT "n Engl"sh Language Teach"ng (ELT) comes 

w"th both "ts potent"al benef"ts and "nherent challenges (Bozkurt, 2023; Dw"ved" et al., 2023;  

Kostka & Toncell", 2023; Marzuk" et al., 2023). In fact, a spec"al "ssue "n Engl"sh Language 

Teach"ng Journal (Volume 78, Issue 4, 2024) h"ghl"ghts the evolv"ng role of technology, 

"nclud"ng generat"ve AI, "n language educat"on. The art"cles "n the "ssue prov"de foundat"onal 

d"scuss"ons on the transformat"ve potent"al of GenAI "n ELT, the "mpl"cat"ons of "ntegrat"ng AI 

tools "nto EFL classrooms, and explore how GenAI fosters learner autonomy and "nclus"v"ty 

wh"le address"ng both the opportun"t"es and challenges educators face. All th"s means that 

GenAI technolog"es are w"dely acknowledged w"th"n the ELT commun"ty.  

Moreover, "n the"r study, Kostka and Toncell" (2023) argue that wh"le GenAI tools, such 

as ChatGPT, encourage reflect"on on new learn"ng approaches, educators must model and gu"de 

respons"ble relat"onsh"ps w"th these tools. As García-Peñalvo (2023) notes, bann"ng or deny"ng 

AI w"ll not halt "ts "nfluence, mak"ng "t "mperat"ve for educators to explore "ts appl"cat"ons 

thoughtfully. Thus, the evolv"ng role of educators presents an opportun"ty to redef"ne 

pedagog"cal strateg"es that al"gn w"th 21st-century learn"ng needs wh"le ma"nta"n"ng the core 

values of language educat"on (Kostka & Toncell", 2023). 

2.6.1. GeneratWve AI Chatbots for DevelopWng Language SkWlls Wn EFL 

The "ntegrat"on of generat"ve AI technolog"es, part"cularly chatbots have "ntroduced 

new opportun"t"es for var"ous aspects of language learn"ng. Much of the ex"st"ng l"terature on 

generat"ve AI chatbots explores spec"f"cally wr"t"ng (Dw"ved" et al., 2023; F"tr"a, 2023; L"n & 

Chang, 2020; L"u et al., 2023; Özçel"k & Ekş", 2024; Song & Song, 2023; Su et al., 2023). In 

contrast, stud"es focus"ng on other essent"al language sk"lls, such as speak"ng and l"sten"ng, 

rema"n relat"vely scarce (Koç, 2024).  

Marzuk" et al. (2023) explored the "mpact of var"ous AI wr"t"ng tools on the qual"ty of 

EFL students' wr"t"ng. EFL teachers focused on the"r content and organ"zat"on, and they shared 

the"r perspect"ves. The study ut"l"zed prom"nent AI tools such as Qu"llbot, ChatGPT, WordTune, 

Essay Wr"ter, etc. The f"nd"ngs "nd"cated enhancements "n students' academ"c performance. 

Furthermore, teachers agreed on the pos"t"ve "nfluence of these tools "n "mprov"ng the clar"ty 

and log"cal flow of students' wr"t"ng. 
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S"m"larly, Accord"ng to Dw"ved" et al. (2023), ChatGPT can prov"de bas"c educat"onal 

mater"als and el"m"nate the need for extens"ve "nternet searches. ChatGPT prov"des 

personal"zed feedback on wr"t"ng tasks by analyz"ng grammar, organ"zat"on, and content, wh"ch 

helps students grow academ"cally. It can also handle adm"n"strat"ve work l"ke grad"ng or 

answer"ng common quest"ons, wh"ch eventually g"ves teachers more t"me to focus on actual 

teach"ng. In language learn"ng, ChatGPT supports students w"th grammar, vocabulary, and 

translat"on, offer"ng one-on-one help and adapt"ng "ts explanat"ons to match each learner’s 

understand"ng. Beyond that, "t also br"ngs a more "nteract"ve and engag"ng feel to onl"ne 

educat"on. It makes d"g"tal learn"ng env"ronments more dynam"c and student-fr"endly. 

Other researchers even suggested "mplement"ng ChatGPT "nto classes. Dos Santos et 

al. (2023) propose "ntegrat"ng ChatGPT "nto wr"t"ng "nstruct"on through the framework of the 

rev"sed Bloom’s Taxonomy (Anderson et al., 2001) as "t supports the development of h"gher-

order th"nk"ng sk"lls. Teachers can use ChatGPT by des"gn"ng act"v"t"es based on learners’ 

needs, goals, and tasks. At the remember and understand levels on Bloom’s Taxonomy, "t helps 

w"th tasks l"ke bra"nstorm"ng and summar"z"ng. At the apply level, "t supports d"scuss"ons by 

generat"ng "deas and encourag"ng reflect"on. At the analyze level, "t a"ds "n break"ng down 

complex top"cs, reflect"ng on AI-generated responses, and "mprov"ng cr"t"cal th"nk"ng. The"r 

study h"ghl"ghts how ChatGPT can support students at d"fferent stages of the wr"t"ng process, 

and "t shows the chatbot’s potent"al to support both foundat"onal and h"gher-level wr"t"ng sk"lls 

"n Engl"sh language teach"ng. 

S"m"larly, Kohnke et al. (2023) h"ghl"ghted ChatGPT’s role as a vocabulary-learn"ng 

tool "n the"r study. Students can learn the def"n"t"ons of unknown words through ChatGPT. It 

can generate d"alogues that are ta"lored to d"fferent prof"c"ency levels. Lastly, they rece"ve 

explanat"ons "n the"r f"rst language. The study also suggests that the chatbot can prov"de 

custom"zed support for language learners, mak"ng "t a valuable scaffold "n L2 development. 

In the"r study, Su et al. (2023) "nvest"gate the "ntegrat"on of ChatGPT "nto argumentat"ve 

wr"t"ng classrooms, h"ghl"ght"ng "ts dual role as both a wr"t"ng evaluator and a v"rtual peer. The 

authors demonstrate how the chatbot can support students across var"ous stages of wr"t"ng—

pre-wr"t"ng, dur"ng-wr"t"ng, and post-wr"t"ng—by prov"d"ng feedback on outl"nes, ass"st"ng 

w"th content rev"s"on, offer"ng proofread"ng, and fac"l"tat"ng reflect"on through chat h"story. 

Wh"le ChatGPT shows prom"se "n enhanc"ng structural, d"alog"cal, and l"ngu"st"c aspects of 

argumentat"ve wr"t"ng, "ts effect"veness "s cont"ngent on the qual"ty of user prompts and 

evaluat"on rubr"cs. 
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In a s"m"lar case study, Özçel"k and Ekş" (2024) "nvest"gated the "mpact of ChatGPT on 

learn"ng reg"ster "n var"ous wr"t"ng tasks, "nvolv"ng 11 part"c"pants. They were all act"ve users 

of ChatGPT for purposes such as poetry wr"t"ng, chatt"ng, problem-solv"ng, and research 

ass"stance. The study explored students' percept"ons of wr"t"ng d"ff"cult"es, and most 

part"c"pants "dent"f"ed wr"t"ng as a challeng"ng sk"ll due to factors l"ke grammar complex"ty, 

vocabulary demands, and var"at"ons "n reg"ster. The research h"ghl"ghted two key quest"ons: the 

effect"veness of ChatGPT "n enhanc"ng self-ed"t"ng sk"lls and students' op"n"ons on "ts use as a 

learn"ng ass"stant. F"nd"ngs, wh"ch al"gn w"th prev"ous research by Su et al. (2023), revealed 

that ChatGPT pos"t"vely "nfluenced students' self-ed"t"ng ab"l"t"es, part"cularly "n formal 

wr"t"ng, by prov"d"ng grammar, punctuat"on, and structure correct"ons, wh"ch elevated the"r 

wr"t"ng prof"c"ency. 

Wh"le much of the ex"st"ng l"terature focuses on the role of generat"ve AI chatbots "n 

enhanc"ng wr"t"ng sk"lls (L"u et al., 2023), language learn"ng extends beyond wr"tten mode of 

commun"cat"on (Koç, 2024). In add"t"on to support"ng wr"t"ng and vocabulary learn"ng, GenAI 

chatbots have also been recogn"zed as a prom"nent trend "n language educat"on, w"th 

appl"cat"ons "n speak"ng, read"ng, l"sten"ng, and wr"t"ng sk"lls (Al-Obayd" et al., 2023; Fath" et 

al., 2024; Koç, 2024).  

In a study explor"ng the effects of vo"ce-based AI chatbots on Korean EFL m"ddle 

school students, researchers found s"gn"f"cant "mprovements "n learners’ speak"ng competence, 

"nclud"ng pronunc"at"on, fluency, language use, and task complet"on (Han, 2020). The 

exper"mental group, wh"ch engaged "n conversat"on w"th AI chatbots, outperformed the control 

group, suggest"ng that chatbot-ass"sted pract"ce can enhance commun"cat"ve competence. 

Add"t"onally, the study reported pos"t"ve sh"fts "n students’ affect"ve doma"ns such as "nterest, 

bel"ef "n language "mprovement, mot"vat"on, and reduced anx"ety. These f"nd"ngs h"ghl"ght the 

potent"al of vo"ce-based chatbots to prov"de a low-stress, engag"ng, and autonomous learn"ng 

env"ronment that supports both performance and affect"ve outcomes "n language learn"ng. 

S"m"larly, Fath" et al. (2024) "nvest"gated the "mpact of AI-med"ated "nteract"ve 

speak"ng act"v"t"es on EFL learners' speak"ng sk"lls and w"ll"ngness to commun"cate (WTC), 

us"ng Engeström's (1987) act"v"ty theory as a framework. The"r f"nd"ngs showed that AI 

"nteract"ons s"gn"f"cantly "mproved both speak"ng sk"lls and WTC. These "mprovements were 

attr"buted to learners' enjoyment of the novelty of AI commun"cat"on and the reduced anx"ety 

from speak"ng w"thout fear of judgment. The study h"ghl"ghted that learners, already 

accustomed to us"ng technology "n da"ly l"fe, were more "ncl"ned to engage w"th AI tools for 

language learn"ng. The AI Chatbots prov"ded a low-pressure env"ronment, foster"ng fluency, 
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conf"dence, and self-eff"cacy through "mmed"ate feedback and structured prompts. Wh"le 

learners expressed pos"t"ve att"tudes towards the AI-med"ated act"v"t"es, apprec"at"ng the 

personal"zed feedback and var"ed speak"ng tasks, some l"m"tat"ons were "dent"f"ed, such as 

occas"onal errors made by the Chatbots and the absence of human-l"ke "nteract"on. The study 

concluded that wh"le AI-med"ated Chatbots effect"vely enhance speak"ng sk"lls and WTC, they 

should complement, rather than replace, human "nstruct"on for a more comprehens"ve language 

learn"ng exper"ence. 

S"m"larly, Koç (2024), "n her doctoral d"ssertat"on, conducted a m"xed-methods study 

to evaluate the "mpact of AI chatbots on Turk"sh EFL learners' speak"ng and l"sten"ng sk"lls. 

Wh"le Fath" et al. (2024) observed s"gn"f"cant "mprovements "n speak"ng sk"lls through AI-

med"ated "nteract"ons, the"r f"nd"ngs contrast w"th Koç (2024), who reported that the 

quant"tat"ve results revealed no s"gn"f"cant d"fferences between the exper"mental and control 

groups' language prof"c"ency. The researcher ascr"bes th"s to the short, two-month "ntervent"on 

per"od or a novelty effect that d"m"n"shed over t"me. Nevertheless, the qual"tat"ve f"nd"ngs 

h"ghl"ghted numerous pedagog"cal, technolog"cal, and soc"al affordances of AI chatbots. 

Learners reported "mprovements "n vocabulary acqu"s"t"on, grammar knowledge, and 

conf"dence "n speak"ng, alongs"de "ncreased opportun"t"es to pract"ce "nteract"onal strateg"es 

such as clar"f"cat"on requests and semant"c expans"on. The study also emphas"zed that AI 

chatbots offer learners a non-judgmental, anx"ety-reduc"ng env"ronment, foster"ng greater 

w"ll"ngness to commun"cate. These f"nd"ngs al"gn w"th Fath" et al. (2024).  

To further "nvest"gate the benef"ts of generat"ve AI chatbots for develop"ng language 

sk"lls "n EFL learners, Du and Dan"el (2024) conducted a systemat"c rev"ew of art"cles publ"shed 

"n SCCI journals demonstrates the mult"faceted benef"ts of AI-powered chatbots for "mprov"ng 

the speak"ng ab"l"t"es of EFL students. Chatbots are "ncred"bly useful tools as they promote 

fluency, reduce speak"ng anx"ety, and offer real-t"me feedback on pronunc"at"on. For example, 

students who engaged w"th chatbots such as SpokenBot and Google Ass"stant reported 

s"gn"f"cant ga"ns "n speak"ng conf"dence and pronunc"at"on correctness (Chen et al., 2020; Wu 

et al., 2023), wh"ch al"gn w"th prev"ous stud"es (Fath" et al., 2024; Koç, 2024). Add"t"onally, 

chatbots create a helpful and "mmers"ve language learn"ng env"ronment by "ncreas"ng student 

engagement through "nd"v"dual"zed feedback, "nteract"ve d"scuss"ons, and mult"med"a 

mater"als. These resources have also been shown to be successful "n "ncreas"ng students' 

w"ll"ngness to commun"cate by lower"ng anx"ety and offer"ng a pract"ce env"ronment free from 

cr"t"c"sm.  
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In l"ne w"th the grow"ng "nterest "n explor"ng the effect"veness of AI chatbots "n 

develop"ng the speak"ng ab"l"t"es of EFL learners, several conceptual models have been 

proposed "n recent years to def"ne the pedagog"cal character"st"cs of an "deal chatbot. Zhang, 

Zou, and Cheng (2023), for "nstance, "ntroduced the RAISE model, wh"ch emphas"zes 

Repet"t"veness, Authent"c"ty, Interact"v"ty, Student-centeredness, and Enjoyment. Accord"ng to 

th"s framework, AI chatbots can construct a mot"vat"ng and learner-dr"ven env"ronment that 

fosters engagement through repet"t"ve and authent"c pract"ce. S"m"larly, Jeon, Lee, and Choe 

(2023) proposed a model centered on Goal-or"entat"on, Embod"ment, and Mult"modal"ty, 

h"ghl"ght"ng the "mportance of "ntent"onal des"gn features such as task al"gnment, avatar 

"nteract"on, and v"sual feedback tools. These elements have been shown to enhance learner 

exper"ence and "mprove self-mon"tor"ng. Add"t"onally, Topsakal and Topsakal (2022) suggested 

a des"gn framework spec"f"cally for young learners, "ntegrat"ng gam"f"cat"on, vo"ce "nteract"on, 

and augmented real"ty (AR) w"th"n commun"cat"ve language teach"ng pr"nc"ples. Wh"le these 

models offer "mportant des"gn "ns"ghts, many rema"n theoret"cal or l"terature-based. 

Bu"ld"ng on these conceptual developments, Koç (2024) proposed a model spec"f"cally 

des"gned for pedagog"cal AI chatbot "ntegrat"on "n language educat"on, t"tled the REPOST 

model, wh"ch "ncludes s"x core d"mens"ons: Rec"proc"ty, Evaluat"on, Personal"zat"on, 

Omn"presence, Soc"o-cultural awareness, and Teachableness. Unl"ke earl"er models that are 

often general"zed across educat"onal doma"ns or ta"lored for spec"f"c learner types, the REPOST 

framework was developed from emp"r"cal research on AI-med"ated language learn"ng and 

d"rectly reflects learner expectat"ons and challenges encountered dur"ng "nteract"on w"th 

chatbots (see f"gure 3). 

FWgure 3  

The REPOST Model. Repr"nted from Koç (2024, p.244). 
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Thus, "t prov"des a comprehens"ve bluepr"nt for what an "deal AI chatbot should offer 

to support language acqu"s"t"on "n an EFL context. The present study, wh"ch s"m"larly draws on 

learner feedback and d"ary reflect"ons, refers to th"s model "n the D"scuss"on chapter to "nterpret 

and contextual"ze part"c"pants’ suggest"ons. The al"gnment between learner exper"ences "n th"s 

study and the d"mens"ons of the REPOST model further strengthens "ts relevance as a pract"cal 

framework for future chatbot des"gn and "mplementat"on "n language classrooms. 

 In summary, the "ntegrat"on of AI-powered chatbots "nto EFL educat"on has 

demonstrated s"gn"f"cant benef"ts, "nclud"ng enhanced speak"ng fluency, "mproved 

pronunc"at"on, "ncreased learner conf"dence, and reduced speak"ng anx"ety (Chen et al., 2020; 

Du & Dan"el, 2024; Fath" et al., 2024; Koç, 2024; L"u et al., 2023; Wu et al., 2023). Desp"te 

these prom"s"ng outcomes, the adopt"on of chatbots "n language educat"on "s not w"thout "ts 

complex"t"es. To fully understand the"r role "n EFL "nstruct"on, "t "s essent"al to exam"ne the 

challenges that may h"nder the"r effect"veness "n the long run. The follow"ng sect"on w"ll 

address these challenges, offer"ng a valuable perspect"ve on the l"m"tat"ons and potent"al 

obstacles assoc"ated w"th the use of generat"ve AI chatbots "n language learn"ng contexts. 

2.7. Challenges on the Use of GeneratWve AI Chatbots Wn EFL 

Although there are many benef"ts to "ncorporat"ng GenAI "nto EFL, there are certa"n 

drawbacks as well. Concerns have been ra"sed about the pract"cal use of AI-dr"ven chatbots "n 

learn"ng as "nstructors and students use them more and more (Dw"ved" et al., 2023; Kostka & 

Toncell", 2023; Marzuk" et al., 2023; Özçel"k & Ekş", 2024; Su et al., 2023). Know"ng what 

obstacles m"ght come w"th GenAI allows educators to thoughtfully "ntegrate "t "nto the"r 

lessons, mak"ng sure "t "mproves language learn"ng "nstead of compl"cat"ng "t. 

Özçel"k and Kesk"n (2024) h"ghl"ght that wh"le ChatGPT "s valued for "ts t"me 

eff"c"ency and capac"ty to "mprove wr"t"ng profess"onal"sm, concerns about "ts rel"ab"l"ty, 

d"dact"c l"m"tat"ons, and tendency to alter "ntended mean"ngs were noted. The study also 

emphas"zed the "mportant role of prompt eng"neer"ng, as well-crafted prompts resulted "n more 

prec"se feedback, wh"ch enhanced the learn"ng process "n the long run. 

Kostka and Toncell" (2023) explore the appl"cat"ons of ChatGPT "n Engl"sh Language 

Teach"ng (ELT), h"ghl"ght"ng both "ts potent"al benef"ts and challenges such as overrel"ance on 

chatbots and academ"c "ntegr"ty "ssues. They argue that by encourag"ng genu"ne "nteract"on, 

"mprov"ng wr"t"ng ab"l"t"es, and offer"ng prompt feedback, ChatGPT can promote language 

acqu"s"t"on and learner autonomy. Nonetheless, "ssues were "dent"f"ed, "nclud"ng an excess"ve 

dependence on "nformat"on produced by art"f"c"al "ntell"gence, worr"es regard"ng academ"c 

"ntegr"ty, and poss"ble errors "n the results. The authors stress the value of teacher d"rect"on and 
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adv"se a cr"t"cal approach to "ncorporat"ng ChatGPT, mak"ng sure "ts use supports mean"ngful 

learn"ng and "s "n l"ne w"th pedagog"cal goals. These f"nd"ngs al"gn w"th Marzuk" (2023), who 

also ment"oned concerns about students becom"ng overly dependent on AI, potent"ally 

hamper"ng the"r cr"t"cal th"nk"ng and problem-solv"ng ab"l"t"es.  

Kostka and Toncell" (2023) also h"ghl"ght ser"ous eth"cal "mpl"cat"ons of ChatGPT, 

"nclud"ng technolog"cal equ"ty and language b"ases that pr"v"lege certa"n var"et"es of Engl"sh. 

Concerns about access to AI tools and the need for a clear v"s"on of respons"ble AI use are 

emphas"zed (UNESCO, 2021; Eke, 2023). Cr"t"cal th"nk"ng and a focus on the learn"ng process 

are essent"al to m"t"gate these challenges (Dw"ved" et al., 2023; Zha", 2022). 

S"m"l"ary, Su et al. (2023) "dent"fy eth"cal "ssues as a pr"mary l"m"tat"on of us"ng 

ChatGPT "n wr"t"ng classrooms. Authorsh"p and plag"ar"sm are s"gn"f"cant concerns, as AI-

generated texts blur trad"t"onal def"n"t"ons of plag"ar"sm. Desp"te OpenAI's efforts to f"lter 

harmful content, b"ased texts related to v"olence, sex"sm, and rac"sm m"ght st"ll be generated 

(Godw"n-Jones, 2021; Hutson, 2021). The study "mpl"es the eth"cal concerns assoc"ated w"th 

ChatGPT, and suggests that "ts role "n argumentat"ve wr"t"ng should be carefully managed. 

ChatGPT's "nab"l"ty to meet expectat"ons "n general speak"ng "s another notable 

l"m"tat"on. Zhang and L" (2021) and Thorp (2023) note that ChatGPT tends to guess the 

mean"ng of amb"guous express"ons rather than seek clar"f"cat"on, reveal"ng a lack of log"cal 

reason"ng. S"m"larly, Jamshed et al. (2024) report that learners found the tool unable to grasp 

cultural nuance and often generat"ng repet"t"ve or shallow responses, wh"ch further underm"nes 

the qual"ty of spoken "nteract"ons and reduces opportun"t"es for mean"ngful commun"cat"on. 

Th"s eventually leads to plaus"ble-sound"ng but "ncorrect content. A s"m"lar problem was noted 

by Du and Dan"el (2024) as frequent d"sconnect"ons dur"ng conversat"on were noted as a 

s"gn"f"cant d"ff"culty, espec"ally g"ven the d"verse age range of users and the"r d"ffer"ng levels 

of attent"veness.  

Another d"ff"culty "s that the format of the "nteract"on "s qu"te repet"t"ve. Accord"ng to 

Hsu et al. (2023), chatbots such as Alexa frequently offer l"m"ted Engl"sh speak"ng 

opportun"t"es. Th"s makes "t challeng"ng to get students "nterested "n "nteract"ve sess"ons "n the 

long run. Furthermore, h"gh-prof"c"ency learners may benef"t more from chatbots than the"r 

low-prof"c"ency counterparts, as they may not be able to accommodate all prof"c"ency levels 

(Chen et al., 2020). 

Lastly, Dw"ved" et al. (2023) po"nt out several challenges l"nked to ChatGPT, "nclud"ng 

b"ased data, pr"vacy concerns, and a lack of transparency "n how "ts responses are formed. The 

model often reflects the b"ases found "n "ts tra"n"ng mater"al, and because "ts reason"ng process 
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"s not fully clear, "t becomes harder to trust or trace how "t generates certa"n outputs. Th"s ra"ses 

"mportant concerns around student data pr"vacy and secur"ty. On top of that, cheat"ng or 

spread"ng m"s"nformat"on cases show the need for str"cter gu"del"nes and respons"ble pol"c"es. 

In summary, wh"le GenAI chatbots l"ke ChatGPT offer prom"s"ng opportun"t"es for 

enhanc"ng EFL educat"on, they also present s"gn"f"cant challenges related to rel"ab"l"ty, 

pedagog"cal effect"veness, eth"cal "ssues, data qual"ty, and pr"vacy. Address"ng these challenges 

requ"res a cr"t"cal, "nformed approach that emphas"zes respons"ble AI "ntegrat"on and 

cont"nuous evaluat"on of "ts "mpact on learn"ng outcomes. 
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CHAPTER 3 

METHODOLOGY 

3.1. DesWgn of the Study 

Th"s study employed a quas"-exper"mental pretest-posttest exper"mental and control 

group des"gn us"ng m"xed methods data collect"on to "nvest"gate the "mpact of an AI chatbot, 

ChatGPT on the speak"ng sk"lls development of Turk"sh young adult EFL learners. The research 

des"gn employed "n th"s study "s adapted from Koç (2024), who used Repl"ka AI chatbot to 

fac"l"tate the development of speak"ng sk"lls "n EFL learners. S"m"lar to Koç’s approach, 

part"c"pants "n th"s study w"ll "nteract w"th the chatbot for an 8-week per"od, wh"le the"r 

speak"ng prof"c"ency "s assessed through ach"evement tests. Such a des"gn, fall"ng "nto a 

category of complex m"xed-methods des"gns (Creswell & Creswell, 2018), cons"sted of both 

quant"tat"ve and qual"tat"ve data so as to enhance the depth of understand"ng of the 

"ntervent"on's effects. The quant"tat"ve exper"ment formed the pr"mary des"gn, w"th qual"tat"ve 

data serv"ng as a secondary source to corroborate quant"tat"ve f"nd"ngs. Qual"tat"ve data gave 

fuller contextual deta"ls of the "ntervent"on before, dur"ng, and after "mplementat"on.  

3.2. A QuasW-ExperWmental Pre-test Post-test Group Research DesWgn 

The quas"-exper"mental study had two groups: an exper"mental group "nteract"ng w"th 

the AI chatbot and a control group rece"v"ng convent"onal "nstruct"on. Both groups were on the 

same level and rece"ved the Engl"sh courses at the course center. For e"ght weeks, the 

exper"mental group carr"ed out act"v"t"es "n self-d"rected learn"ng by us"ng ChatGPT outs"de the 

classroom. On the other hand, the control group cont"nued classes as usual w"th no "nteract"on 

w"th the AI chatbot.  

The study followed a structured process. At the beg"nn"ng, a pre-test was conducted to 

gather quant"tat"ve data, wh"le qual"tat"ve "ns"ghts were obta"ned from students’ reflect"ve 

d"ar"es dur"ng the study and through "nterv"ews after the post-test phase. In a pre-test-post-test 

des"gn w"th a non-random"zed control group, part"c"pants were d"v"ded "nto e"ther an 

exper"mental or a control group (Creswell, 2012). The pre-test results helped measure key 

dependent var"ables and allowed for stat"st"cal compar"sons between the two groups before the 

"ntervent"on began. 

In quas"-exper"mental research, a key step "s dec"d"ng how the treatment cond"t"ons w"ll 

be managed. Unl"ke fully exper"mental stud"es, part"c"pants "n quas"-exper"ments are not 

randomly placed "nto groups. Instead, the researcher "ntent"onally creates d"fferent cond"t"ons 

or vers"ons of the "ndependent var"able to see how these changes affect the outcome. The 
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outcome, known as the dependent var"able, "s then closely observed to understand the effects 

of these del"berate adjustments (Creswell, 2012). 

Later, the researcher "ntroduced an AI chatbot as an "ntervent"on tool for one group wh"le 

keep"ng the other group "n a trad"t"onal learn"ng env"ronment. The goal was to compare the 

effects of th"s AI-ass"sted pract"ce on students’ speak"ng sk"lls. Both groups were s"m"lar "n 

terms of language prof"c"ency, age, Engl"sh learn"ng exper"ence, and academ"c background. 

Importantly, the lessons were del"vered "n an "dent"cal manner by the same "nstructor "n both 

classes. However, students "n the exper"mental group engaged "n add"t"onal chatbot-based 

act"v"t"es outs"de of class over an e"ght-week per"od, whereas those "n the control group 

cont"nued w"th the"r standard curr"culum taught by the researcher (see Table 1). 

 

Table  1  

The Des*gn of the Quas*-exper*ment 

Groups Prof"c"ency 

Level 

Before 

Treatment 

Treatment (8 

weeks) 

After 

Treatment 

Exper"mental Pre-

Intermed"ate 

Speak"ng Pre-

test 

Talk"ng to 

ChatGPT 

through mob"le 

dev"ces 

Speak"ng 

Ach"evement 

Post-test 

 

Control Pre-

Intermed"ate 

Speak"ng Pre-

test 

No add"t"onal 

act"v"ty other 

than the usual 

methods 

Speak"ng 

Ach"evement 

Post-test 

Note. Table concept inspired by the quasi-experimental design outlined in Koç (2024). 

 

Data "n th"s study were collected through speak"ng pre-tests and post-tests, reflect"ve 

d"ar"es of language learners, and sem"-structured "nterv"ews over two months at a state-aff"l"ated 

language course "n Türk"ye. Throughout the e"ght-week treatment phase, the "nstruct"on and 

support for the students were prov"ded by the researcher. The quant"tat"ve data, namely pre- and 

post-speak"ng tests, were used to assess learn"ng outcomes before and after the e"ght-week 

"ntervent"on per"od. The pre-tests measured basel"ne speak"ng prof"c"ency and allowed for a 

compar"son of the groups at pre-treatment. The qual"tat"ve data, on the other hand, were 

acqu"red from the exper"mental group through reflect"ve d"ar"es dur"ng the treatment and sem"-
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structured "nterv"ews after the treatment phase ended. Pre-test and post-test scores were 

analyzed us"ng stat"st"cal tests to compare the groups.  

In the exper"mental group, students were "nstructed to "nteract w"th ChatGPT for 

approx"mately 20 m"nutes per week over an e"ght-week treatment per"od, y"eld"ng a target of 

160 m"nutes per part"c"pant. Usage records "nd"cated, however, that the actual t"me-on-task 

var"ed across "nd"v"duals. On average, students engaged w"th the chatbot for 146 m"nutes (SD 

= 44.23), w"th totals rang"ng from 95 to 237 m"nutes. Wh"le th"s demonstrates general 

adherence to the planned schedule, the var"at"on also reflects d"ffer"ng levels of engagement 

among part"c"pants. 

In add"t"on to these "nteract"ons, students subm"tted weekly vo"ce record"ngs, on wh"ch 

they rece"ved format"ve feedback from the "nstructor. These record"ngs served as supplementary 

pract"ce and mon"tor"ng tools but were not "ncluded "n the formal data analys"s, as the present 

study focused exclus"vely on speak"ng prof"c"ency test scores and qual"tat"ve d"ary entr"es. 

3.3. Context and PartWcWpants  

3.3.1. Context  

The exper"ment was conducted at a state un"vers"ty-aff"l"ated Engl"sh language course 

center (hereafter, ELCC) "n Bursa, Türk"ye. The course center appl"es an Engl"sh prof"c"ency 

test when group"ng students. The students were ass"gned to the"r classes through the test, wh"ch 

had been des"gned by the state un"vers"ty accord"ng to the Common European Framework of 

Reference for Languages (CEFR) levels (Köse, 2004).  

3.3.2. PartWcWpants  

The part"c"pants of th"s study cons"sted of 20 Turk"sh young adult learners of Engl"sh 

as a Fore"gn Language (EFL), aged between 15 and 24 years. These Engl"sh language learners 

(hereafter, ELLs) were enrolled "n a state un"vers"ty-aff"l"ated ELCC "n Bursa, Türk"ye. They 

were selected through purposeful qual"tat"ve sampl"ng, as they were placed "nto the classrooms 

through a CEFR-base prof"c"ency test. A non-probab"l"ty form of sampl"ng, purposeful 

qual"tat"ve sampl"ng "s used when the members of the target populat"on meet predef"ned cr"ter"a 

relevant to the study's object"ves (Creswell, 2012; G"ven, 2008). 
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Table  2  

Gender D*str*but*on *n Control and Exper*mental Groups 

 Control Group Exper"mental 

Group 

N 

Women 4 4 8 

Men 6 6 12 

Total 10 10 20 

 

The ELLs were placed "nto two classes: an exper"mental group (n = 10) and a control 

group (n = 10). In terms of gender, both the control group and exper"mental group cons"sted of 

four women and s"x men. Overall, the comb"ned total for both groups was e"ght women and 

twelve men (see Table 2). The exper"mental group engaged "n weekly conversat"onal 

"nteract"ons w"th ChatGPT over an e"ght-week per"od, complet"ng reflect"ve d"ar"es after each 

"nteract"on. The control group, "n contrast, d"d not "nteract w"th ChatGPT and only part"c"pated 

"n pre- and post-study speak"ng prof"c"ency tests. 

All ELLs had pr"or exper"ence learn"ng Engl"sh but var"ed "n the"r prof"c"ency levels. 

The"r Engl"sh prof"c"ency was assessed through the "nst"tut"on’s oral placement exam, wh"ch 

was rout"nely used for group"ng students "nto levels. Th"s ensured a basel"ne compar"son 

between the two groups. Informed consent and demograph"c "nformat"on were secured from 

the exper"mental group (see Append"x 3) and control group (see Append"x 4), ensur"ng eth"cal 

standards before the study began. Part"c"pants were assured of the"r anonym"ty and the 

conf"dent"al"ty of the"r responses throughout the research process. 

Moreover, to protect part"c"pant conf"dent"al"ty, all real names were replaced w"th 

pseudonyms throughout the thes"s. These names were carefully chosen to reflect the 

part"c"pants’ gender and cultural background, wh"le ensur"ng the"r anonym"ty. Effort was made 

to select names that are not s"m"lar "n sound or spell"ng to the part"c"pants' real names, so that 

the"r "dent"t"es rema"n fully protected. Th"s procedure was done to ma"nta"n the readab"l"ty of 

the results chapter of the thes"s. 

3.4. Data CollectWon Tools 

In th"s quas"-exper"mental m"xed-methods study, speak"ng prof"c"ency tests, reflect"ve 

d"ar"es, and sem"-structured "nterv"ews were employed "n accordance w"th the research 

object"ves. The speak"ng prof"c"ency tests were adapted from the ELCC’s standard"zed 

assessment mater"als, wh"ch were developed by exper"enced "nstructors to ensure val"d"ty and 
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rel"ab"l"ty (Köse, 2004). Pr"or to the ma"n study, the researcher p"loted the tests to conf"rm the"r 

appropr"ateness for the prof"c"ency levels of the ELLs and the contextual character"st"cs of the 

language classrooms. The rat"onale for us"ng these standard"zed tests was to prov"de both the 

exper"mental and control group part"c"pants w"th an assessment format they were already 

fam"l"ar w"th, as they had pr"or exper"ence tak"ng these tests "n the"r regular coursework. 

Therefore, rather than des"gn"ng a new, context-spec"f"c test, the researcher opted for an 

establ"shed assessment that al"gned w"th the prof"c"ency levels and pr"or exper"ences of the 

part"c"pants. 

These tests were g"ven both before and after the ChatGPT "nteract"on act"v"t"es to see 

whether there were any stat"st"cally s"gn"f"cant changes "n the speak"ng prof"c"ency levels of 

ELLs "n the exper"mental and control groups. To keep the evaluat"on process cons"stent and 

fa"r, the same prof"c"ency test rubr"cs used by the language course center were appl"ed dur"ng 

both test"ng per"ods. 

Dur"ng the study, learners "n the exper"mental group took part "n weekly speak"ng 

sess"ons w"th ChatGPT and kept reflect"ve d"ar"es to track the"r exper"ences. These d"ar"es 

offered valuable qual"tat"ve "ns"ghts "nto how they perce"ved AI-ass"sted language learn"ng. To 

explore the"r thoughts more deeply, sem"-structured "nterv"ews were carr"ed out "n the f"nal 

stage of the research, g"v"ng learners the chance to share the"r exper"ences and att"tudes toward 

us"ng an AI chatbot to pract"ce the"r speak"ng sk"lls. 

3.4.1. SpeakWng Pre-test–Post-test 

A pre-test "s a fundamental component of exper"mental research, wh"ch assesses 

part"c"pants' "n"t"al character"st"cs before "ntroduc"ng an "ntervent"on. Follow"ng the 

"ntervent"on, a post-test was conducted to evaluate any changes "n the measured factors 

(Creswell, 2012). In th"s study, the pre-test was adm"n"stered to determ"ne the ELLs’ "n"t"al 

speak"ng prof"c"ency levels and to establ"sh whether there were any s"gn"f"cant d"fferences 

between the exper"mental and control groups before the treatment.  

The ELLs were students enrolled "n an "ntens"ve Engl"sh language course at a 

un"vers"ty-aff"l"ated language center. Upon the"r "n"t"al enrollment, they were placed "nto 

classrooms based on the"r performance on the "nst"tut"on's standard"zed prof"c"ency test (Köse, 

2004), wh"ch al"gned w"th the Common European Framework of Reference for Languages 

(CEFR). Each CEFR level (e.g., A1) lasted for approx"mately three months and was d"v"ded 

"nto three sub-levels (e.g., A1.1, A1.2, A1.3), w"th end-of-term exams determ"n"ng students' 

progress"on to the next level. At the beg"nn"ng of the treatment per"od, both the exper"mental 

and control groups were at the A2.3 level. Over the course of two months, students who 
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cont"nued the"r regular coursework advanced to B1.2 wh"le follow"ng the standard curr"culum 

us"ng Speak Out coursebooks by Pearson (SpeakOut 2nd Ed"t"on, 2015). 

The pre-test was adm"n"stered at the beg"nn"ng of A2.3 to determ"ne the ELLs’ "n"t"al 

speak"ng prof"c"ency levels and to establ"sh whether there were any s"gn"f"cant d"fferences 

between the exper"mental and control groups before the treatment. After the e"ght-week 

"ntervent"on, the post-test was conducted at the beg"nn"ng of B1.2 to measure students’ progress 

and assess the "mpact of the AI chatbot on the"r speak"ng prof"c"ency. 

The speak"ng exam was conducted "n a structured format, w"th students arr"v"ng "n pa"rs 

to ensure a natural and "nteract"ve assessment env"ronment. The exam cons"sted of two parts. 

In the f"rst part, the oral presentat"on sect"on, the researcher posed a ser"es of open-ended 

quest"ons to each student "nd"v"dually, requ"r"ng them to respond "n an extended and coherent 

manner. The"r performance "n th"s sect"on was evaluated us"ng the oral presentat"on rubr"c 

(Köse, 2004), wh"ch assessed grammar, vocabulary, fluency, coherence, and pronunc"at"on. The 

second part focused on spoken "nteract"on, where students engaged "n role-play act"v"t"es us"ng 

structured prompts. These prompts were carefully des"gned to s"mulate real-l"fe conversat"onal 

scenar"os and were developed by the un"vers"ty to wh"ch the course center belongs. The 

students' spoken "nteract"on sk"lls, "nclud"ng grammar, vocabulary, fluency, l"sten"ng sk"lls, 

commun"cat"on, and the"r ab"l"ty to susta"n d"alogue were assessed us"ng the spoken "nteract"on 

rubr"c (Köse, 2004). The rubr"cs for assess"ng oral presentat"on and spoken "nteract"on are 

prov"ded "n Append"x 5.   

The pre-test and post-test rubr"cs for speak"ng assessment were developed by the 

un"vers"ty to wh"ch the course center "s aff"l"ated (Köse, 2004). The speak"ng prof"c"ency was 

assessed on a 100-po"nt scale, w"th oral presentat"on const"tut"ng 40 po"nts and spoken 

"nteract"on account"ng for 60 po"nts. Th"s structure prov"ded greater granular"ty, part"cularly "n 

evaluat"ng spoken "nteract"on, wh"ch was central to the study’s focus on the "mpact of the AI 

chatbot on students’ speak"ng sk"lls. 

The oral presentat"on rubr"c "ncluded f"ve equally we"ghted components—Grammar, 

Vocabulary, Fluency, Coherence, and Pronunc"at"on—each allocated 8 po"nts. The spoken 

"nteract"on rubr"c cons"sted of Grammar (8), Vocabulary (12), Fluency (12), L"sten"ng Sk"lls 

(8), Commun"cat"on (8), and Susta"n"ng the D"alogue (12). Th"s conf"gurat"on allowed for a 

comprehens"ve and balanced evaluat"on of both "nd"v"dual presentat"on sk"lls and "nteract"ve 

commun"cat"on prof"c"ency. 

S"nce both groups were enrolled "n the same Engl"sh course, there was a poss"b"l"ty that 

ELLs from the control group could "nteract w"th those from the exper"mental group and learn 
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about the chatbot. If control group learners had "nformally engaged w"th the chatbot outs"de the 

study, "t could have reduced the contrast between the two groups. To m"t"gate th"s r"sk, learners 

"n the exper"mental group were expl"c"tly "nstructed not to share the"r exper"ences w"th the"r 

peers "n the control group. 

3.4.1.1 Rel<ab<l<ty and Val<d<ty of the Speak<ng Test 

Ensur"ng the rel"ab"l"ty and val"d"ty of the speak"ng tests was a cruc"al aspect of th"s 

study, as these tests served as the pr"mary "nstruments for measur"ng students’ speak"ng 

prof"c"ency before and after the "ntervent"on. The assessment process was carefully des"gned to 

ma"nta"n rel"ab"l"ty and to ensure that the tests accurately measured students’ speak"ng sk"lls 

(Dörnye", 2007). 

Rel"ab"l"ty underscores how cons"stent the test results are when repeated across d"fferent 

t"mes and evaluators (Creswell, 2012). In th"s study, several steps were taken to "mprove the 

rel"ab"l"ty of the speak"ng tests, and th"s ensured that the outcomes were stable and trustworthy. 

F"rst, the use of a standard"zed test structure ensured that all students were assessed under the 

same cond"t"ons. Both the pre-test and post-test followed an "dent"cal format, wh"ch "ncluded 

an oral presentat"on sect"on and a spoken "nteract"on sect"on. Th"s cons"stency helped m"n"m"ze 

d"fferences between test"ng sess"ons and made the results more rel"able. 

Another "mportant factor that supported rel"ab"l"ty was the use of prompts and quest"ons 

des"gned by the "nst"tut"on "tself. These fam"l"ar and well-establ"shed mater"als contr"buted to a 

fa"rer evaluat"on process across all ELLs who took part "n the study. The open-ended quest"ons 

for the oral presentat"on sect"on and the structured prompts for the spoken "nteract"on sect"on 

were developed by the un"vers"ty to wh"ch the ELCC belongs. S"nce these prompts had been 

thoughtfully created and used "n an academ"c context, they prov"ded a sol"d, standard"zed 

foundat"on for evaluat"ng students' speak"ng performance (Köse, 2004). The"r "nst"tut"onal 

or"g"n also ensured that the content was appropr"ate and al"gned w"th recogn"zed language 

assessment standards. 

To further support rel"ab"l"ty, clearly def"ned rubr"cs (see Append"x 5)  were used dur"ng 

assessment, wh"ch were developed by the un"vers"ty to wh"ch the ELCC belongs. These rubr"cs 

offered a more structured scor"ng framework. The oral presentat"on rubr"c, worth 40 po"nts, 

focused on grammar, vocabulary, fluency, coherence, and pronunc"at"on. The spoken 

"nteract"on rubr"c, valued at 60 po"nts, assessed grammar, vocabulary, fluency, l"sten"ng sk"lls, 

commun"cat"ve ab"l"ty, and d"alogue ma"ntenance. By break"ng down speak"ng prof"c"ency "nto 

spec"f"c, measurable components, these rubr"cs helped reduce subject"v"ty "n scor"ng, thereby 

"ncreas"ng "nternal cons"stency. 
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To assess "nter-rater rel"ab"l"ty on the speak"ng test scores, a second rater—an MA 

student "n Engl"sh Language Teach"ng who was also a coord"nat"ng teacher at the ELCC—

"ndependently evaluated half of the part"c"pants "n both the exper"mental group (n = 5) and the 

control group (n = 5). Cohen’s Kappa was then calculated us"ng SPSS. The analys"s revealed a 

substant"al level of agreement between the two raters, κ = .741, p < .001, "nd"cat"ng strong 

cons"stency "n scor"ng. Th"s procedure "s "n l"ne w"th recommendat"ons for establ"sh"ng 

rel"ab"l"ty "n qual"tat"ve and m"xed-methods research (M"les & Huberman, 1994). 

Alongs"de rel"ab"l"ty, the study also took careful steps to ensure the val"d"ty of the 

speak"ng tests—that "s, to make sure the assessment genu"nely measured students’ speak"ng 

prof"c"ency. Content val"d"ty was ach"eved by "nclud"ng all key components of spoken 

language, such as grammar, vocabulary, fluency, coherence, pronunc"at"on, l"sten"ng sk"lls, 

commun"cat"on, and the ab"l"ty to ma"nta"n a d"alogue. 

The structured format of both the oral presentat"on and spoken "nteract"on sect"ons 

allowed students to demonstrate a w"de range of speak"ng ab"l"t"es. On top of that, because the 

test prompts and quest"ons were developed by the un"vers"ty, they were already "n l"ne w"th 

recogn"zed academ"c standards for EFL assessment. Th"s al"gnment further supported the 

val"d"ty of the test"ng process. 

Another key aspect was construct val"d"ty, wh"ch refers to how well the test measured 

the theoret"cal construct of speak"ng prof"c"ency (Dörnye", 2007). The test format, wh"ch 

comb"ned an oral presentat"on w"th a spoken "nteract"on, al"gned w"th "nternat"onally 

recogn"zed frameworks such as the Common European Framework of Reference for Languages 

(CEFR) (Köse, 2004).  

The speak"ng test also demonstrated face val"d"ty, mean"ng that "t appeared to be a 

relevant and mean"ngful measure of speak"ng ab"l"ty. The "nclus"on of open-ended quest"ons "n 

the oral presentat"on sect"on and "nteract"ve role-play act"v"t"es "n the spoken "nteract"on sect"on 

made the test more authent"c and real"st"c (Köse, 2004). Because the test m"rrored real-l"fe 

commun"cat"on s"tuat"ons, students were l"kely to perce"ve "t as a fa"r and appropr"ate way to 

assess the"r speak"ng sk"lls. 

F"nally, the test exh"b"ted cr"ter"on-related val"d"ty, as "ts scor"ng system and structure 

were al"gned w"th establ"shed speak"ng assessment frameworks. Although no d"rect 

compar"sons were made w"th standard"zed tests such as IELTS or Cambr"dge exams, the rubr"cs 

were adapted from the ELCC evaluat"on system, wh"ch shares s"m"lar"t"es w"th "nternat"onally 

recogn"zed speak"ng assessment cr"ter"a (Köse, 2004). Th"s al"gnment suggests that the test 
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measured speak"ng prof"c"ency "n a manner cons"stent w"th w"dely accepted evaluat"on 

pract"ces. 

By "ntegrat"ng these rel"ab"l"ty and val"d"ty measures, the speak"ng tests offered a 

cons"stent, well-structured, and mean"ngful way to assess students’ oral prof"c"ency. These 

carefully des"gned evaluat"on procedures ensured that the results accurately reflected students’ 

speak"ng "mprovements over t"me, mak"ng the study's f"nd"ngs more robust and cred"ble. 

3.4.2. SemW-Structured IntervWews 

The sem"-structured "nterv"ews were conducted w"th all part"c"pants "n the exper"mental 

group (n = 10), w"th each "nterv"ew last"ng between 10 and 25 m"nutes. In total, approx"mately 

148 m"nutes of aud"o-recorded data were collected and analyzed for th"s study. 

To ensure the rel"ab"l"ty of the "nformat"on prov"ded, the same quest"on was rephrased 

and asked at d"fferent po"nts dur"ng the "nterv"ew process, allow"ng for cons"stency checks (see 

append"x 7). Throughout the process, the researcher offered gu"d"ng quest"ons and prompts 

wh"le avo"d"ng r"g"d pre-categor"zat"on, ensur"ng that part"c"pants could elaborate on the"r 

thoughts freely and "n deta"l. Th"s approach fostered an exploratory d"scuss"on, encourag"ng 

deeper "ns"ghts "nto the research top"c (Dörnye", 2007). 

In th"s study, the "nterv"ew tool was adapted from Koç (2024) to address the th"rd 

research quest"on, "nvest"gat"ng the perce"ved benef"ts, challenges, and suggest"ons for 

"mprovement of us"ng AI chatbots "n Engl"sh language learn"ng. Part"c"pants "dent"f"ed the 

features that they have found useful "n an AI-powered language-learn"ng tool. The "nterv"ews 

took place after the exper"mental phase to prov"de further explanat"on and support for the 

quant"tat"ve f"nd"ngs. By exam"n"ng part"c"pants' perspect"ves on us"ng an AI chatbot, the study 

a"med to explore how th"s develop"ng technology m"ght "mprove students’ exper"ences w"th 

speak"ng Engl"sh. To ensure that the quest"ons matched the study’s goals and f"t the research 

context, they were adapted carefully and rev"ewed by the thes"s adv"sor before be"ng used. 

Even though met"culous measures were taken to ensure the rel"ab"l"ty of the speak"ng 

tests, "t was "mportant to acknowledge that the test structure and rubr"cs were or"g"nally 

developed for assess"ng Turk"sh language learners, not Engl"sh learners. As deta"led "n Köse 

(2004), the mater"als were des"gned and p"loted w"th fore"gn students study"ng Turk"sh at 

ELCC’s branches across Türk"ye. Wh"le the tests al"gn w"th the Common European Framework 

of Reference (CEFR), the"r appl"cat"on to Turk"sh EFL learners may "ntroduce l"m"tat"ons "n 

construct relevance. Furthermore, s"nce these "nstruments were created over two decades ago, 

they may no longer fully al"gn w"th current pedagog"cal standards or commun"cat"ve language 
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teach"ng approaches. Therefore, the age and or"g"nal target populat"on of the assessment 

mater"als should be cons"dered l"m"tat"ons "n evaluat"ng the study’s results. 

3.4.3. ReflectWve DWarWes 

Reflect"ve d"ar"es g"ve part"c"pants the chance to take an act"ve role "n the research 

process, almost l"ke becom"ng co-researchers themselves (Dörnye", 2007). They serve as 

personal spaces where students can record the"r thoughts, op"n"ons, and exper"ences throughout 

the study. These entr"es not only offer "ns"ght "nto the learners’ perspect"ves but also help them 

make sense of what they’re go"ng through. 

One key strength of us"ng d"ar"es "s that learners wr"te down the"r reflect"ons wh"le 

everyth"ng "s st"ll fresh "n the"r m"nds, wh"ch leads to more deta"led and accurate data (Dörnye", 

2007). D"ary entr"es can also help f"ll "n the gaps when research f"nd"ngs don’t clearly expla"n 

the connect"ons between var"ables. On top of that, they’re a valuable tool for learners to look 

back and reflect on how far they’ve come. 

In th"s study, the reflect"ve d"ary tool was adapted from Koç (2024) to capture 

part"c"pants’ exper"ences us"ng the AI chatbot (see Append"x 6). Students were asked to 

ma"nta"n open-ended d"ar"es, deta"l"ng the"r "nteract"ons w"th the chatbot over e"ght weeks. The 

pr"mary goal of "ncorporat"ng reflect"ve d"ar"es was to document students' ongo"ng exper"ences 

w"th as much depth as poss"ble. S"nce "nterv"ews were conducted only at the end of the study, 

d"ar"es prov"ded a means for students to track the"r progress and challenges over t"me, ensur"ng 

that key observat"ons were not lost or forgotten.  

Reflect"ve d"ar"es also played an "mportant role "n data tr"angulat"on, add"ng to the 

rel"ab"l"ty of the f"nd"ngs by prov"d"ng a steady flow of qual"tat"ve "ns"ghts throughout the study. 

Alongs"de the d"ar"es, students recorded the"r vo"ces each week as they "nteracted w"th the 

chatbot. These aud"o record"ngs were not analyzed as part of the qual"tat"ve data but were 

"nstead used as a mon"tor"ng tool to make sure part"c"pants were cons"stently engag"ng w"th the 

chatbot dur"ng the "ntervent"on. 

Together, the d"ar"es and weekly vo"ce record"ngs served a pract"cal purpose as well—

they helped track student part"c"pat"on. W"thout th"s k"nd of documentat"on, "t would have been 

much harder, "f not "mposs"ble, to conf"rm that learners were regularly complet"ng the AI-based 

speak"ng tasks. 

3.4.4. CredWbWlWty and TrustworthWness 

Cred"b"l"ty "n qual"tat"ve research refers to the degree of al"gnment between 

part"c"pants’ express"ons and the researcher’s "nterpretat"ons, ensur"ng that the f"nd"ngs 

accurately reflect real"ty (G"ven et al., 2008). In th"s study, cred"b"l"ty was establ"shed by 
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thoroughly analyz"ng the exper"ences of Turk"sh EFL students "n engag"ng w"th an AI-based 

chatbot for language learn"ng and by represent"ng the"r perspect"ves through mult"ple 

qual"tat"ve data sources, "nclud"ng weekly reflect"ve d"ar"es and sem"-structured "nterv"ews 

(Jensen, 2008). 

The "nterv"ew quest"ons and reflect"ve d"ary prompts used "n th"s study were d"rectly 

adapted from Koç (2024) to su"t the a"ms of the current research. Wh"le the overall structure 

and content of the or"g"nal tools were mostly preserved, certa"n adjustments were made to better 

reflect the spec"f"c focus on speak"ng sk"lls. For "nstance, sect"ons related to l"sten"ng were 

removed so that the d"ar"es would concentrate solely on speak"ng-related exper"ences. 

Th"s adaptat"on process helped ma"nta"n the methodolog"cal "ntegr"ty of the "nstruments 

wh"le sharpen"ng the"r focus, thereby enhanc"ng the construct val"d"ty of the data. All necessary 

changes were rev"ewed and approved by the thes"s superv"sor and an add"t"onal MA student "n 

Engl"sh Language Teach"ng, wh"ch added an extra layer of cred"b"l"ty to the data collect"on 

tools.  

Add"t"onally, data analys"s procedures were conducted transparently to ma"nta"n 

cons"stency. The cod"ng process, along w"th the format"on of themes, was expl"c"tly deta"led to 

"llustrate how part"c"pants' responses were categor"zed and "nterpreted (Jensen, 2008). Another 

essent"al aspect of cred"b"l"ty, conf"rmab"l"ty, was ensured by m"n"m"z"ng researcher b"as "n 

report"ng f"nd"ngs. Conf"rmab"l"ty "n qual"tat"ve research refers to ensur"ng that the f"nd"ngs are 

not "nfluenced by researcher b"as and can be "ndependently ver"f"ed (G"ven et al., 2008). To 

enhance conf"rmab"l"ty "n th"s study, qual"tat"ve data from the reflect"ve d"ar"es and "nterv"ews 

were systemat"cally analyzed us"ng MAXQDA, a qual"tat"ve data analys"s software that 

fac"l"tated transparent cod"ng and categor"zat"on of themes. Th"s systemat"c approach helped to 

ma"nta"n cons"stency and reduce subject"v"ty "n the "nterpretat"on process. Add"t"onally, the 

cod"ng scheme and analyt"cal dec"s"ons were rev"ewed by the researcher’s superv"sor, ensur"ng 

that the f"nd"ngs accurately reflected the part"c"pants’ perspect"ves rather than personal b"ases. 

Th"s was ach"eved by present"ng a clear cod"ng framework "n the f"nd"ngs sect"on, allow"ng 

readers to trace how themes emerged from the raw data (Jensen, 2008). 

Beyond cred"b"l"ty, th"s study also cons"ders transferab"l"ty, wh"ch refers to the extent 

to wh"ch f"nd"ngs can be appl"ed to other sett"ngs (G"ven & Saumure, 2008). To fac"l"tate 

transferab"l"ty, a th"ck descr"pt"on of the study’s context, part"c"pants, and research des"gn has 

been prov"ded, allow"ng future researchers to assess whether s"m"lar f"nd"ngs m"ght be observed 

"n comparable cond"t"ons. 



37 

 

Lastly, dependab"l"ty was addressed by ensur"ng that all methodolog"cal procedures 

were met"culously documented. The methodology sect"on prov"des a deta"led account of data 

collect"on "nstruments and analys"s procedures, ensur"ng that future researchers can repl"cate 

the study under s"m"lar cond"t"ons (Jensen, 2008). By ma"nta"n"ng transparency "n the research 

des"gn and execut"on, th"s study upholds the key pr"nc"ples of trustworth"ness "n qual"tat"ve 

research. 

3.4.5. ChatGPT 

At the start of the treatment process "n December 2024, OpenAI had released an update 

to GPT-4o, wh"ch s"gn"f"cantly enhanced "ts conversat"onal capab"l"t"es. Add"t"onally, th"s 

update "mproved the model's ab"l"ty to process and analyze uploaded content, allow"ng for more 

comprehens"ve "nteract"ons (OpenAI, 2024). 

GPT-4o was chosen as the pr"mary GenAI chatbot for th"s study due to "ts status as the 

most prom"nent generat"ve AI chatbot ava"lable, offer"ng except"onal vo"ce recogn"t"on 

capab"l"t"es. Although there are more personal"zed and custom"zable chatbots, such as Character 

AI or Repl"ka, those platforms were not selected because the part"c"pants were h"gh school 

students, and ensur"ng an age-appropr"ate env"ronment was a pr"or"ty. Add"t"onally, wh"le 

alternat"ve chatbots des"gned spec"f"cally for EFL learners, such as ELSA Speak and Mondly, 

ex"st, they were not v"able opt"ons due to the"r h"gh costs and l"m"ted usab"l"ty for research 

purposes. Thus, ChatGPT emerged as the most pract"cal and effect"ve tool for th"s study. 

OpenAI allows "ts users to use Gpt-4o vers"on free, although the usage "s l"m"ted by the 

number of prompts. Thus, part"c"pants used the GPT-4o vers"on, wh"ch add"t"onally prov"ded 

access to an advanced vo"ce mode allow"ng up to 15 m"nutes of real-t"me conversat"on. Th"s 

feature was also cr"t"cal for the study, as "t closely s"mulated real-l"fe spoken "nteract"ons and 

enabled students to pract"ce the"r fluency, pronunc"at"on, and conversat"onal sk"lls. Th"s mode 

also contr"buted to creat"ng a more "mmers"ve and "nteract"ve learn"ng exper"ence, wh"ch al"gns 

well w"th the study's goal of "mprov"ng EFL students' speak"ng sk"lls.  

3.5. PWlotWng 

A p"lot study "s def"ned as “a small-scale "mplementat"on of a larger study or part of a 

larger study” (Schre"ber, 2008). It serves as a prel"m"nary test to ref"ne research "nstruments, 

"dent"fy potent"al "ssues "n data collect"on, and assess the feas"b"l"ty of the ma"n study. P"lot 

stud"es help researchers address concerns related to sampl"ng, procedures, and "nstruments, 

ensur"ng that the f"nal study des"gn "s well-structured and effect"ve (Schre"ber, 2008). 

In th"s study, a p"lot phase was carr"ed out to test the speak"ng assessments and reflect"ve 

d"ary tasks before launch"ng the full "mplementat"on. Due to l"m"tat"ons "n part"c"pant access, 
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the p"lot was conducted w"th three students from a d"fferent class rather than a larger sample. 

Even w"th th"s small number, the p"lot"ng process offered valuable feedback on how clear and 

understandable the research tools were. 

The speak"ng tests were g"ven to these students to check whether the test format, 

"nstruct"ons, and quest"on prompts made sense and matched the goals of the study. The"r 

exper"ences dur"ng the test, "nclud"ng how well they understood the prompts and followed the 

structure, were carefully observed. Based on th"s feedback, small adjustments were made to 

f"ne-tune the "nstruments before the ma"n study began. 

Add"t"onally, students were prov"ded w"th the reflect"ve d"ar"es, wh"ch were mod"f"ed 

from Koç’s (2024) or"g"nal vers"on. The p"lot part"c"pants were asked to complete the d"ar"es 

over two weeks, prov"d"ng feedback on whether the "nstruct"ons were clear and whether they 

could comfortably reflect on the"r speak"ng exper"ences. Th"s feedback helped conf"rm that the 

d"ar"es were comprehens"ble and user-fr"endly before be"ng d"str"buted to the exper"mental 

group "n the full study. 

3.6. Data AnalysWs  

To analyze the quant"tat"ve data "n th"s study, IBM SPSS Stat"st"cs Vers"on 27 was used. 

F"rst, descr"pt"ve stat"st"cs such as means and standard dev"at"ons were calculated to get a 

general p"cture of the students’ speak"ng scores before and after the treatment "n both groups. 

Then, "n order to dec"de whether parametr"c tests could be used or not, the normal"ty of the data 

was checked through skewness, kurtos"s, and the Shap"ro-W"lk test. These tests helped ensure 

that the data were su"table for further stat"st"cal analys"s. 

After conf"rm"ng that the data were normally d"str"buted, as "nd"cated by skewness and 

kurtos"s values fall"ng w"th"n the acceptable range of –1 to +1 for the exper"mental group 

(skewness = .661, kurtos"s = –.779) and w"th"n ±2 and ±7 thresholds for the control group 

(skewness = –1.505, kurtos"s = 3.105), as well as non-s"gn"f"cant Shap"ro–W"lk test results (p > 

.05), pa"red samples t-tests were run to see whether there was a s"gn"f"cant d"fference between 

the pre-test and post-test scores w"th"n each group. Th"s helped "dent"fy whether any progress 

was made over t"me. Follow"ng that, "ndependent samples t-tests were used to compare the 

scores between the exper"mental and control groups. These tests were done both at the 

beg"nn"ng (to make sure the groups started at a s"m"lar level) and at the end (to see whether the 

ChatGPT-supported treatment had any effect). 

All stat"st"cal tests were "nterpreted us"ng a s"gn"f"cance level of p < .05. Along w"th p-

values, mean d"fferences and conf"dence "ntervals were also cons"dered to better understand the 

results beyond just stat"st"cal s"gn"f"cance. 
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In analyz"ng the d"ary data collected from part"c"pants, the responses to both 

quest"ons—(A) general exper"ences w"th ChatGPT and (B) turn-tak"ng exper"ences—were 

comb"ned under the overarch"ng themes of strengths, weaknesses, and suggest"ons for 

"mprovement. Th"s dec"s"on was dr"ven by the s"gn"f"cant overlap "n part"c"pants' responses, as 

many repeated s"m"lar po"nts across both quest"ons. Separat"ng the responses "nto d"st"nct 

cod"ng categor"es would have "ntroduced unnecessary redundancy w"thout y"eld"ng deeper 

"ns"ghts. Moreover, the comb"ned approach al"gns w"th the study’s object"ve of captur"ng 

part"c"pants’ hol"st"c percept"ons of the"r "nteract"ons w"th ChatGPT. Just as Koç (2024) 

categor"zed d"ary responses "nto technolog"cal and pedagog"cal affordances, th"s study adopted 

a sm"lar streaml"ned framework to reflect the natural "ntegrat"on of these aspects "n part"c"pant 

feedback. The use of MAXQDA fac"l"tated eff"c"ent cod"ng, and merg"ng responses allowed for 

clearer data synthes"s w"thout comprom"s"ng analyt"cal depth. Th"s methodolog"cal cho"ce 

ensures a more coherent presentat"on of f"nd"ngs wh"le rema"n"ng respons"ve to the patterns 

emerg"ng "n the data. 

The "nterv"ew record"ngs were transcr"bed us"ng Transkr"ptor, an AI-based tool 

des"gned to convert spoken language "nto wr"tten text. Th"s made the transcr"pt"on process faster 

and more manageable by g"v"ng the researcher more t"me to concentrate on the next steps of 

the qual"tat"ve analys"s. To ensure accuracy, all transcr"pt"ons were carefully rev"ewed and 

manually corrected before mov"ng on to the cod"ng stage. The researcher coded the "nterv"ew 

transcr"pts us"ng MAXQDA and then compared each part"c"pant’s "nterv"ew data w"th the"r own 

d"ary entr"es to deepen and contextual"ze the f"nd"ngs. Th"s compar"son a"med to enr"ch the 

"nterpretat"on of "nd"v"dual learner exper"ences, even though no new themes emerged 

exclus"vely from the "nterv"ews. Instead, the "nterv"ews served to support, extend, or clar"fy the 

patterns already "dent"f"ed "n the d"ar"es. For "nstance, "nterv"ew excerpts were used alongs"de 

d"ary quotes "n the results chapter to h"ghl"ght cons"stent learner percept"ons over t"me and 

across data sources. 

Dur"ng the themat"c analys"s of the reflect"ve d"ar"es and sem"-structured "nterv"ews, 

"n"t"al code generat"on, theme group"ng, and ref"nement were carr"ed out by the researcher. 

Language support and "dea clar"f"cat"on were occas"onally supported by AI-based tools (e.g., 

ChatGPT, Grammarly). However, all analyt"cal dec"s"ons, "nterpretat"ons, and themat"c 

categor"zat"ons rema"ned fully researcher-dr"ven. 

3.7. QualWty of the Research  

Ensur"ng the rel"ab"l"ty of th"s research meant careful plann"ng, eth"cal sens"t"v"ty, and 

close attent"on to deta"l at all phases. The study has been purposefully des"gned to generate 
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results not only val"d and trustworthy, but also relevant to what the learners actually were 

exper"enc"ng when they used an AI chatbot to a"d the"r language learn"ng processes. 

F"rstly, the use of a m"xed-methods, quas"-exper"mental method fac"l"tated the 

balanc"ng of var"ous forms of data. By comb"n"ng quant"tat"ve f"nd"ngs from speak"ng 

prof"c"ency measures w"th qual"tat"ve "nformat"on from reflect"on d"ar"es and "nterv"ews, the 

study sought to prov"de more rounded "ns"ghts on the "mpact of ChatGPT on learners' speak"ng 

development. Th"s comb"nat"on of approaches prov"ded depth and "nternal val"d"ty to the study, 

render"ng the f"nd"ngs more grounded and "nterpretable from var"ous perspect"ves. 

Each data "nstrument was selected carefully to match the learners' context and the 

study's purpose. The speak"ng test rubr"cs, for "nstance, were "n"t"ally created by the "nst"tut"on 

but reworked to develop a more deta"led and balanced framework for the purposes of the study. 

The reflect"on d"ar"es and "nterv"ew gu"des were taken from the l"terature but shaped to cover 

only speak"ng events, gu"ded by the researcher’s thes"s superv"sor and another researcher. The 

collaborat"ve work added robustness to the "nstruments and made them clearer and appl"cable. 

The research also gave careful attent"on to the qual"tat"ve data's cred"b"l"ty. Cred"b"l"ty 

was ensured through the use of mult"ple sources of data, cons"stent use of the prompts "n the 

d"ar"es, and transparent cod"ng procedures. Conf"rmab"l"ty was ma"nta"ned through record"ng 

all cod"ng cho"ces and transparent analys"s us"ng MAXQDA. Th"ck descr"pt"ons of the sett"ngs, 

part"c"pant backgrounds, and the learn"ng s"tuat"on were g"ven to ensure transferab"l"ty—

enabl"ng others to see "f and how the f"nd"ngs may transfer to s"m"lar sett"ngs. 

3.8. EthWcal ConsWderatWons 

Th"s study was conducted "n full compl"ance w"th "nst"tut"onal eth"cal standards. Formal 

approval was obta"ned from mult"ple adm"n"strat"ve and academ"c un"ts to ensure the research 

met eth"cal, legal, and procedural requ"rements. F"rst, the Inst"tut"onal Research Approval was 

granted by Bursa Uludağ Un"vers"ty, dated 15.10.2024 (see Append"x 1). 

Subsequently, perm"ss"on to carry out the study was granted by the ELCC on 07.11.2024 

(see Append"x 2). Th"s ensured that the research context and populat"on (young adult learners 

enrolled "n Engl"sh language "nstruct"on) were "nst"tut"onally approved. In add"t"on, Eth"cs 

Comm"ttee Approval was "ssued by Bursa Uludağ Un"vers"ty on 03.01.2025, conf"rm"ng that 

the research adhered to eth"cal protocols regard"ng human part"c"pants (see Append"x 2).  

Pr"or to data collect"on, wr"tten "nformed consent was obta"ned from all part"c"pants. 

Adult part"c"pants s"gned the"r own consent forms, wh"le parental consent was obta"ned for 

m"nors. All part"c"pants were clearly "nformed of the study’s a"ms, procedures, data usage, and 
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the"r r"ght to w"thdraw at any stage (see Append"x 3 and 4). To protect part"c"pant "dent"ty, 

pseudonyms were used "n all report"ng. Data were stored securely, access"ble only to the 

researcher. Aud"o record"ngs were made w"th full part"c"pant awareness, used solely to mon"tor 

engagement levels, and not analyzed for l"ngu"st"c or content data. 

G"ven the presence of underage part"c"pants, part"cular care was taken to ensure a 

psycholog"cally safe, "nclus"ve, and developmentally appropr"ate env"ronment. The select"on 

of ChatGPT over alternat"ve tools was partly mot"vated by "ts perce"ved age-appropr"ateness 

and adaptab"l"ty for educat"onal use. Th"s eth"cal framework reflects a strong comm"tment to 

academ"c "ntegr"ty, part"c"pant safety, and the respons"ble "mplementat"on of AI technolog"es "n 

language educat"on research.  

3.9. LWmWtatWons of the Methodology 

Even though th"s research "s thoroughly structured to study the ways an AI chatbot can 

fac"l"tate the speak"ng ab"l"ty of EFL learners, "t "s nevertheless worthwh"le to acknowledge 

several l"m"tat"ons "n the conduct of the research. These are not to d"m"n"sh the s"gn"f"cance of 

the results but to prov"de a better understand"ng of the c"rcumstances under wh"ch the results 

were real"zed. 

A key l"m"tat"on, however, was hav"ng only 20 students, 10 per group. Hav"ng fewer 

students allowed the study to become more personal"zed, but "t also means the f"nd"ngs cannot 

be eas"ly general"zed to larger groups. Add"t"onally, the subjects were not random"zed to the 

groups. G"ven the groups were compr"sed of ex"st"ng classroom sett"ngs, there "s even the 

poss"b"l"ty that the select"on b"as had an effect, although the students were met"culously put "nto 

classrooms accord"ng to the"r levels and ages. 

Another factor to cons"der "s the extent to wh"ch students used the chatbot outs"de of 

class. Because the ChatGPT tasks were autonomous and completed at the"r own t"me and pace, 

mot"vat"on levels would probably have been var"ed between students. Although weekly d"ar"es 

and vo"ce record"ngs were employed to mon"tor engagement, the research st"ll depended on the 

honesty and rel"ab"l"ty of the students. Some learners would have probably done more work 

than others, and th"s may have "mpacted the results. 

The study's short t"me span of merely e"ght weeks "s also noteworthy. Although "t was 

suff"c"ent to "dent"fy "n"t"al trends and short-term ga"ns, "t may not have been suff"c"ent to take 

advantage of the max"mum potent"al of employ"ng ChatGPT for long-term speak"ng sk"ll 

development (Koç, 2024). A longer study m"ght have revealed deeper changes or helped track 

whether "mprovements lasted over t"me. 
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An add"t"onal l"m"tat"on was that only the exper"mental group offered qual"tat"ve 

"nformat"on v"a d"ar"es and "nterv"ews. Although "t made sense w"th the "ntervent"on, obta"n"ng 

some reflect"ons from the control group would have been benef"c"al to enable r"cher 

compar"sons between the student exper"ence and percept"on. Add"t"onally, even though the 

reflect"ve d"ar"es were an "mportant source of "ns"ght, the extent to wh"ch the students expressed 

themselves clearly or deeply probably var"ed accord"ng to "nd"v"dual wr"t"ng ab"l"t"es—and 

therefore may have had an "mpact on the cal"ber of the data. 

Last but not least, wh"le ChatGPT had been selected for be"ng access"ble, safe, and 

vo"ce-fr"endly, hav"ng the free vers"on of an external AI system presented challenges of "ts own. 

It "s st"ll a develop"ng technolog"es, and mod"f"cat"ons to the model GPT-4o would have 

"ntroduced var"at"ons to the way the chatbot answered. As the researcher had l"m"ted "nfluence 

on the technolog"cal changes, they represented an unavo"dable l"m"tat"on to the study. Apart 

from th"s l"m"tat"on, the research st"ll y"elds useful lessons on the potent"al appl"cat"ons of 

generat"ve AI to support the learn"ng of languages "n authent"c sett"ngs. Transparency about the 

l"m"tat"ons of the study actually makes the research stronger and prov"des future researchers 

w"th a sol"d bas"s to bu"ld further upon. W"th better study des"gns, b"gger groups of part"c"pants, 

or longer treatment durat"ons, future work can explore the prom"se of AI-fac"l"tated language 

educat"on even further and contr"bute to th"s rap"dly develop"ng f"eld. 
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CHAPTER 4 

RESULTS 

4.1. Results PertaWnWng to the ComparWson of SpeakWng SkWll Development Between the 

ExperWmental and Control Groups 

Th"s part outl"nes the results related to the "mprovement of part"c"pants' speak"ng 

ab"l"t"es follow"ng the exper"mental phase. Both descr"pt"ve and "nferent"al stat"st"cal analyses 

are thoroughly reported. 

4.1.1. DescrWptWve StatWstWcs of the SpeakWng Pre-tests 

Table 3 presents the descr"pt"ve stat"st"cs for the overall speak"ng scores "n the pre-tests 

adm"n"stered to both the exper"mental and control groups. As stated "n Chapter 3, data from one 

control group part"c"pant were excluded from analyses due to s"gn"f"cant dev"at"ons "mpact"ng 

the normal"ty of the data d"str"but"on. Therefore, the control group analyses reported hereafter 

reflect data from the rema"n"ng n"ne part"c"pants. The exper"mental group (N = 10) had a mean 

score of 64.40 (SD = 15.85), w"th scores rang"ng from 46.00 to 91.00. The control group (N = 

9) showed a sl"ghtly lower mean of 62.88 (SD = 14.57), w"th m"n"mum and max"mum scores 

of 30.00 and 81.00, respect"vely. These results "nd"cate that both groups had relat"vely s"m"lar 

levels of speak"ng prof"c"ency pr"or to the treatment, w"th comparable means and standard 

dev"at"ons, suggest"ng basel"ne equ"valency between the groups. 

 

Table  3  

Descr*pt*ve stat*st*cs of the overall speak*ng score pre-test 

Group N M*n. Max. M SD 

Exper"mental 10 46.00 91.00 64.40 15.85 

Control 9 30.00 81.00 62.88 14.57 
 

4.1.2. DescrWptWve StatWstWcs of the SpeakWng Post-tests 

As shown "n Table 3, the post-test speak"ng scores reveal an overall "ncrease "n both 

groups follow"ng the e"ght-week "ntervent"on per"od. The exper"mental group (N = 10), wh"ch 

engaged "n AI-supported speak"ng pract"ce us"ng ChatGPT, ach"eved a mean score of 73.10 (SD 

= 15.68), w"th scores rang"ng from 48.00 to 98.00. In contrast, the control group (N = 9), wh"ch 

rece"ved no AI "ntervent"on, had a mean score of 69.96 (SD = 16.02), w"th m"n"mum and 

max"mum scores of 34.00 and 89.00, respect"vely. 
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Table  4  

Descr*pt*ve stat*st*cs of the overall speak*ng score post-test 

Group N M*n. Max. M SD 

Exper"mental 10 48.00 98.00 73.10 15.68 

Control 9 34.00 89.00 69.96 16.02 

 

4.1.1. The NormalWty Tests of the SpeakWng Scores 

Skewness and kurtos"s values prov"de "ns"ght "nto the d"str"but"on character"st"cs of the 

data. Skewness measures the asymmetry of the d"str"but"on, wh"le kurtos"s "nd"cates the 

"ta"ledness" or the extent to wh"ch data po"nts cluster around the mean (Ha"r et al., 2022).  

Table 5 below presents the skewness and kurtos"s values for the speak"ng pre-test scores. 

For the exper"mental group, the skewness was .661 and the kurtos"s was –.779, both fall"ng 

w"th"n the opt"mal range of –1 to +1, wh"ch "s cons"dered excellent for normal"ty (Ha"r et al., 

2022, p. 66). The control group, however, exh"b"ted a skewness of –1.505 and a kurtos"s of 

3.105. Although these values sl"ghtly exceed the opt"mal range, they rema"n w"th"n the broader 

thresholds of ±2 for skewness and ±7 for kurtos"s, wh"ch are generally accepted as "nd"cators 

of normal"ty "n soc"al sc"ences (Byrne, 2010; Ha"r et al., 2010). 

 

Table  5  

Skewness and kurtos*s of the exper*mental and control groups *n speak*ng pre-test exam 

results 

 Group N Skewness Kurtos"s 

Total Score 

(Speak"ng) 

Exper"mental 10 .661 -.779 

 Control 9 -1.505 3.105 

However, g"ven the small sample s"ze (N=19), to support these f"nd"ngs, the results of 

the Shap"ro-W"lk and Kolmogorov-Sm"rnov tests for normal"ty are prov"ded "n Table 6. 
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Table  6  

Tests of normal*ty for pre-tests scores 

 

Kolmogorov-Sm"rnova Shap"ro-W"lk 

Stat"st"c df S"g. Stat"st"c df S"g. 

Exper"mental .183 10 .200* .906 10 .256 

Control .218 9 .200* .862 9 .100 

 

The Shap"ro-W"lk test, cons"dered more su"table for small sample s"zes, showed non-

s"gn"f"cant results for both the exper"mental group (W = .906, p = .256) and the control group 

(W = .862, p = .100), "nd"cat"ng that the data do not s"gn"f"cantly dev"ate from a normal 

d"str"but"on. Taken together, these results—part"cularly the non-s"gn"f"cant Shap"ro-W"lk 

values—"nd"cate that the assumpt"on of normal"ty was suff"c"ently met, just"fy"ng the use of 

parametr"c stat"st"cal procedures "n the subsequent analyses. Although the Kolmogorov-

Sm"rnov test was also conducted, "t "s generally more appropr"ate for larger sample s"zes and "s 

therefore "nterpreted w"th caut"on "n th"s context. 

Table 7 presents the skewness and kurtos"s values for the post-test speak"ng scores of 

both groups. The exper"mental group exh"b"ted a skewness of .142 and a kurtos"s of .655, clearly 

fall"ng w"th"n the excellent range of –1 to +1, "nd"cat"ng a normal d"str"but"on (Ha"r et al., 2022, 

p. 66). The control group showed a skewness of –1.447 and a kurtos"s of 2.765, wh"ch—

although sl"ghtly outs"de the opt"mal range—st"ll rema"ns w"th"n the generally acceptable 

bounds of ±2 for skewness and ±7 for kurtos"s, as recommended "n appl"ed soc"al sc"ences 

research (Byrne, 2010; Ha"r et al., 2010). 

 

Table  7  

Skewness and kurtos*s of the exper*mental and control groups *n speak*ng post-test exam 

results 

 

 

Group N Skewness Kurtos"s 

Total Score 

(Speak"ng) 

 

Exper"mental 10 .142 .655 

 Control 10 -1.447 2.765 
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To stat"st"cally conf"rm the assumpt"on of normal"ty for the post tests, the Shap"ro-W"lk 

test was appl"ed due to "ts appropr"ateness for small sample s"zes (n < 50) (Ghasem" & 

Zahed"asl, 2012). As shown "n Table 8, the test "nd"cated no s"gn"f"cant dev"at"on from normal"ty 

for e"ther the exper"mental group (W = .982, p = .976) or the control group (W = .888, p = .191). 

Although the Kolmogorov-Sm"rnov test was also conducted, "t "s generally more su"table for 

larger samples and thus "nterpreted w"th caut"on "n th"s context. Based on these f"nd"ngs, "t was 

concluded that the post-test scores were approx"mately normally d"str"buted "n both groups, 

support"ng the use of parametr"c tests "n further analys"s. 

 

Table  8  

Tests of normal*ty for post-test Scores 

 

Kolmogorov-Sm"rnova Shap"ro-W"lk 

Stat"st"c Df S"g. Stat"st"c df S"g. 

Exper"me

ntal 

.103 10 .200* .982 10 .976 

Control .236 9 .157 .888 9 .191 

 

4.1.3. ComparWsWon of the SpeakWng Pre-test and Post-Test Scores  

After conf"rm"ng the assumpt"on of normal"ty across both groups through skewness, 

kurtos"s, and Shap"ro-W"lk tests, pa"red samples t-tests were conducted to exam"ne whether 

there were stat"st"cally s"gn"f"cant changes "n speak"ng performance w"th"n each group over 

t"me. Th"s step allowed for a deeper look "nto how students' speak"ng scores evolved from the 

beg"nn"ng to the end of the study per"od. Table 9 below presents the results for the exper"mental 

group, wh"ch part"c"pated "n AI-supported speak"ng pract"ce us"ng ChatGPT. 
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Table  9  

Pa*red Samples t-test f*nd*ngs for the speak*ng scores of the exper*mental group 

Group N M SD t df p 

Exper"mental 

pre-test 

10 64.40 15.85 -3.252 9 .010 

Exper"mental 

post-test 

10 73.10 15.68    

 

A pa"red samples t-test was conducted to exam"ne the effect of ChatGPT-based speak"ng 

pract"ce on students’ speak"ng performance. The results "nd"cate a stat"st"cally s"gn"f"cant 

d"fference between the speak"ng scores before the treatment (M = 64.40, SD = 15.85) and after 

the treatment (M = 73.10, SD = 15.68); t(9) = –3.252, p = .010. The correspond"ng effect s"ze 

was large (Cohen’s d = 1.03), suggest"ng that the magn"tude of the "mprovement was 

substant"al. Based on these results, the null hypothes"s that there "s no d"fference between the 

means was rejected. It can be concluded that the use of ChatGPT had a s"gn"f"cant effect on 

"mprov"ng the speak"ng performance of the exper"mental group. 

In add"t"on to the exper"mental group, the control group also demonstrated a stat"st"cally 

s"gn"f"cant "mprovement "n the"r speak"ng scores over the study per"od. The mean score 

"ncreased from 62.89 (SD	= 14.57) "n the pre-test to 69.67 (SD	= 16.02) "n the post-test. The 

pa"red samples	t-test revealed a s"gn"f"cant d"fference,	t(8) = –2.65,	p	= .029, w"th a large effect 

s"ze (Cohen’s	d	= 0.89). Th"s "nd"cates that some level of speak"ng development occurred even 

w"thout AI-supported "ntervent"on. Such "mprovement may be attr"buted to cont"nued 

classroom "nstruct"on, natural language exposure, or test fam"l"ar"ty. However, the degree of 

"mprovement was less pronounced compared to the exper"mental group, suggest"ng that 

add"t"onal factors such as targeted AI pract"ce may y"eld greater ga"ns "n speak"ng performance.  
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Table  10  

Pa*red samples t-test f*nd*ngs for the speak*ng scores of the control group 

Group N M SD t df p 

Control 

pre-test 

9 62.89 14.57 -2.654 8 .029 

Control 

post-test 

9 69.67 16.02    

 

An "ndependent-samples t-test was conducted to compare the pre-test speak"ng scores 

of the exper"mental and control groups. The control group (M = 62.89, SD = 14.57) and the 

exper"mental group (M = 64.40, SD = 15.85) had very s"m"lar mean scores pr"or to the 

"ntervent"on. The results conf"rmed that there was no stat"st"cally s"gn"f"cant d"fference between 

the groups, t(17) = –0.22, p = .832. The effect s"ze was negl"g"ble (Cohen’s d = 0.10), "nd"cat"ng 

v"rtually no basel"ne d"fference "n speak"ng prof"c"ency. These results suggest that both groups 

were comparable at the outset, wh"ch strengthens the val"d"ty of attr"but"ng any subsequent 

d"fferences "n post-test outcomes to the "ntervent"on rather than pre-ex"st"ng d"spar"t"es. 

 

Table  11  

Independent samples t-test results for speak*ng pre-test scores 

Group N M SD t df p 

Exper"mental 10 64.40 15.85 -0.215 17 .832 

Control 9 62.89 14.57    

 

To compare the speak"ng scores of the two groups after the treatment, an "ndependent-

samples t-test was conducted. The exper"mental group (M = 73.10, SD = 15.68) ach"eved a 

sl"ghtly h"gher mean score than the control group (M = 69.67, SD= 16.02) "n the post-test. 

However, the d"fference was not stat"st"cally s"gn"f"cant, t(17) = –0.47, p = .643. The 

correspond"ng effect s"ze was small (Cohen’s d = 0.22), "nd"cat"ng only a modest trend favor"ng 

the exper"mental group. These f"nd"ngs suggest that wh"le the ChatGPT-based pract"ce may 

have contr"buted to a sl"ght performance advantage, the effect was not strong enough to reach 

stat"st"cal s"gn"f"cance. It "s poss"ble that the short treatment durat"on, small sample s"ze, or 

external factors l"m"ted the observable group-level d"fferences, h"ghl"ght"ng the need for further 
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research w"th larger cohorts and extended "ntervent"ons to better determ"ne the potent"al of AI-

supported speak"ng pract"ce. 

 

Table  12  

Independent samples t-test results for speak*ng post-test scores 

Group N M SD t df p 

Exper"mental 10 73.10 15.68 -0.472 17 .643 

Control 9 69.67 16.02    

 

4.2. Strenghts, Challenges, and SuggestWons for Improvement IdentWfWed Wn Learner 

DWarWes 

The analys"s of learner d"ar"es revealed several strengths, challenges, and suggest"ons 

for "mprovement of ChatGPT that contr"buted to part"c"pants’ speak"ng exper"ences. These 

f"nd"ngs der"ved from recurr"ng themes "n the d"ary entr"es. Table 13 next page presents an 

overv"ew of the "dent"f"ed themes along w"th the"r frequency of occurrence "n the d"ar"es. 
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Table  13  

Overv*ew of frequenc*es related to the use of ChatGPT *dent*f*ed *n learner d*ar*es 

Category Sub-Categories Codes f 
    
Technological 
Strenghts 

User Experience 
and Interface 
Functionality 

Speech Interaction 
Features 

4 

  Memory Features 
 

11 

  Manual Mode 
 

2 

  Interface Design 
 

4 

  
 
 

Enhanced  
Experience with 
Advanced Mode 

 
 
7 
 

 ChatGPT: 
Comprehension and 
Communication 
Ability 

Speed and 
Efficiency 

28 

  Understanding User 
Input 
 

4 

  Handling Complex 
Input 
 

3 

  Clear and Relatable 
Language 
 

7 

 ChatGPT: 
Knowledge and 
Depth 

Personalized 
Responses 

8 

  Innovation and 
Humor 
 

3 

  Contextual Support 
and Example 
Creation 
 

21 

  Broad Knowlegde 
Base 
 

24 

  
 
 

Generating and 
Adapting Ideas 

9 
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Table  14 (ContWnued)  

Overv*ew of frequenc*es related to the use of ChatGPT *dent*f*ed *n learner d*ar*es 

Category Sub-Categories Codes f 
    
Pedagogical 
Strenghts 

Language Practice  General Speaking 
Practice 

 

13 
 

  Convenience and 
Ease of Use 
 

3 
 

  Grammar and 
Vocabulary 
Development 
 

8 
 

  Listening Practice 
 

3 
 

  Feedback 
 

20 
 

Social Strenghts Fairness and 
Impartiality 

Positive Cultural 
Comments 
 

1 

  Real-Life Utility 
 

2 

  Neutral and 
Objective  
Responses 
 

5 

 Emotional 
Connection 

Perceived Warmth 
and Naturalness 
 

22 

  Supportive 
Presence 
 

29 

  Emotional Support 
and Motivation 
 

9 

 Total  250 
 

Technological 
Challenges 

Communication 
Challenges with 
ChatGPT 

Topic and 
Vocabulary 
Limitations 
 

6 

  Motivation and 
Engagement Issues 
 

2 
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Table  15 (ContWnued)  

Overv*ew of frequenc*es related to the use of ChatGPT *dent*f*ed *n learner d*ar*es 

Category Sub-Categories Codes f 
    
  Repetition and 

Irrelevant 
Responses 
 

5 

  Speed and 
Complexity 
 

14 

  Misinterpretation 
 

9 

  Comprehension 
Issues 
 

27 

  Interruption and 
Turn-Taking 
Problems 
 

36 

 Technical Problems App Behavior and 
Functional Errors 
 

11 

  Audio Interface 
Problems 
 

3 

   Misbehavior in 
Speech Recognition 
 

4 

  Crashes and 
Freezing 
 

9 

  Lag and Response 
Delays 
 

15 

  Connection Issues 
 

8 

  Language-
Switching Issues 
 

17 

Pedagogical 
Challenges 

Inadequate 
Feedback 

Educational Value 3 

  Repetition and 
Simplification 
 

6 
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Table  16 (ContWnued)  

Overv*ew of frequenc*es related to the use of ChatGPT *dent*f*ed *n learner d*ar*es 

Category Sub-Categories Codes f 
    
  Error Detection 

Accuracy 
 

3 

  Grammar 
Correction 

8 

  Higher level words 
 

2 

Social Challenges Unfulfilled 
Expectations for 
Interaction 

Biased Cultural 
Comments 
 

1 

  Lack of human-like 
emotional and 
personal responses 
 

21 

  Overextension of 
Topics 
 

4 

 Total  214 
 

Suggestions for 
Improvement 

Technological 
Suggestions 

Improving 
Conversational 
Flow 
 

3 

  Trusted Source 
Integration 
 

2 

  Memory Retention 
and Continuity 
 

3 

  Desire for 
Customization and 
Interaction Control 
 

43 

  Enhanced Features 
Accessibility and 
Pricing 
Improvements 
 

19 
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Table  17 (ContWnued)  

Overv*ew of frequenc*es related to the use of ChatGPT *dent*f*ed *n learner d*ar*es 

Category Sub-Categories Codes f 
    
 Pedagogical 

Suggestions 
Adaptive Language 
Teaching 
 

9 

  Desire for 
Corrective  
Feedback 
 

26 

  Topic-Based 
Conversation 
Initiation 
 

4 

 Social Suggestions Desire for 
Authentic Human-
Like Interaction 

42 

 Total  151 

 

The analys"s of learner d"ary data revealed a total of 250 d"ary entr"es categor"zed as 

strengths, 214 d"ary entr"es under challenges, and 151 d"ary entr"es class"f"ed as suggest"ons for 

"mprovement. The strengths sect"on h"ghl"ghts ChatGPT’s technolog"cal, pedagog"cal, and 

soc"al affordances, w"th the most frequently ment"oned benef"ts "nclud"ng support"ve presence 

(f=29), speed and eff"c"ency (f=28), perce"ved warmth and naturalness (f=22), broad knowledge 

base (f=24), and feedback prov"s"on (f=20). Challenges pr"mar"ly emerged "n technolog"cal 

l"m"tat"ons, part"cularly "n turn-tak"ng problems (f=36), comprehens"on "ssues (f=27), and 

response delays (f=15). Add"t"onally, pedagog"cal and soc"al concerns such as lack of human-

l"ke emot"onal responses (f=21) and "nadequate feedback (f=21) were noted. Learners also 

prov"ded var"ous suggest"ons for "mprovement, w"th the des"re for custom"zat"on and 

"nteract"on control (f=43) and authent"c human-l"ke "nteract"on (f=42) be"ng the most prom"nent 

recommendat"ons. The follow"ng sect"ons prov"de a deta"led exam"nat"on of these f"nd"ngs 

under the respect"ve themes of strengths, challenges, and suggest"ons for "mprovement. 

4.2.1 TechnologWcal Strengths of ChatGPT IdentWfWed Wn Learner DWarWes 

The analys"s of reflect"ve d"ary data revealed that Engl"sh language learners "dent"f"ed 

several technolog"cal strengths of ChatGPT, emphas"z"ng "ts effect"veness "n fac"l"tat"ng 

language learn"ng. The most frequently ment"oned advantage was ChatGPT’s speed and 

eff"c"ency "n respond"ng to user "nput, wh"ch was h"ghl"ghted as a key factor "n ma"nta"n"ng 
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smooth and engag"ng conversat"ons. Add"t"onally, part"c"pants valued "ts broad knowledge 

base, enabl"ng d"scuss"ons on d"verse top"cs w"th accurate and "nformat"ve responses. Another 

frequently noted strength was ChatGPT’s ab"l"ty to prov"de contextual support and create 

relevant examples, a"d"ng learners "n understand"ng language use "n d"fferent contexts. Learners 

also acknowledged "ts user exper"ence and "nterface funct"onal"ty, part"cularly "ts memory 

features, speech "nteract"on capab"l"t"es, and enhanced exper"ence w"th advanced mode. 

Moreover, ChatGPT’s comprehens"on and commun"cat"on ab"l"ty was recogn"zed, w"th 

part"c"pants apprec"at"ng "ts clear and relatable language, personal"zed responses, and 

"nnovat"on "n del"ver"ng content w"th humor. Table 14 next page presents an overv"ew of the 

technolog"cal strengths "dent"f"ed "n the learner d"ar"es. 
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Table  18  

Frequenc*es for the technolog*cal strengths of ChatGPT *dent*f*ed *n the learner d*ar*es 

Category Sub-category Codes f 
    
Technological 
Strenghts 

User Experience 
and Interface 
Functionality 

Speech Interaction 
Features 

4 

  Memory Features 
 

11 

  Manual Mode 
 

2 

  Interface Design 
 

4 

  
 
 

Enhanced  
Experience with 
Advanced Mode 

 
 
7 
 

 ChatGPT: 
Comprehension and 
Communication 
Ability 

Speed and 
Efficiency 

28 

  Understanding User 
Input 
 

4 

  Handling Complex 
Input 
 

3 

  Clear and Relatable 
Language 
 

7 

 ChatGPT: 
Knowledge and 
Depth 

Personalized 
Responses 

8 

  Innovation and 
Humor 
 

3 

  Contextual Support 
and Example 
Creation 
 

21 

  Broad Knowlegde 
Base 
 

24 

  
 
 

Generating and 
Adapting Ideas 

9 
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Hereafer, learner quotes are attr"buted us"ng pseudonyms (e.g., Lara, Can, El"f) "nstead 

of real names to ensure anonym"ty. The speech "nteract"on features prov"ded learners w"th 

pos"t"ve exper"ences by enhanc"ng the conversat"onal flow. Students h"ghl"ghted ChatGPT's 

ab"l"ty to wa"t pat"ently and manage turn-tak"ng effect"vely, thus creat"ng smoother "nteract"ons. 

Eren expressed apprec"at"on not"ng, "when I th"nk what am I gonna say, "t wa"ts for me" (Eren, 

W2). S"m"larly, Yusuf conf"rmed th"s strength by "nd"cat"ng ""t usually wa"ts you to stop" 

(Yusuf, W2). Kerem po"nted out the ut"l"ty of manual mode "n m"t"gat"ng "nterrupt"ons: 

"Konuşma kesme durumu oluyor ama manual mod "le önüne geç"leb"l"yor" [Interrupt"ons 

happen but can be prevented by manual mode] (Kerem, W4). Overall, these exper"ences show 

that ChatGPT s"gn"f"cantly supports learners by allow"ng natural conversat"onal pac"ng. 

Learners cons"stently recogn"zed the effect"veness of ChatGPT’s memory capab"l"t"es. 

They valued "ts ab"l"ty to recall past conversat"ons, commands, and m"stakes, thereby enhanc"ng 

cont"nu"ty "n the"r "nteract"ons. El"f noted, "Geçm"ştek" hatalarımı harf" harf"ne hatırlıyor" [It 

remembers my past m"stakes exactly] (El"f, W8), underscor"ng the bot’s deta"led memory 

feature. S"m"larly, Eren found the memory "mpress"ve, stat"ng, "The bot remembers what d"d 

we talk last week, "ts memory "s huge" (Eren, W2). Em"r h"ghl"ghted memory benef"ts as 

fac"l"tat"ng eas"er commun"cat"on: "Hafızasında tutması "let"ş"m" başlatıyor" [Keep"ng th"ngs "n 

memory "n"t"ates commun"cat"on] (Em"r, W1). Yusuf also po"nted out the bot's select"ve and 

useful memory storage: "when "t th"nks "t's "mportant, "t saves "t "n "ts memory" (Yusuf, W1). 

Such reflect"ons emphas"ze the cruc"al role memory features play "n enhanc"ng learner 

engagement and conversat"onal coherence. 

Though less frequently noted, manual mode was apprec"ated for offer"ng users more 

prec"se control over "nteract"ons. Zeynep succ"nctly stated the benef"t of hav"ng manual mode: 

"have manual mode" (Zeynep, W1), wh"le Yusuf noted that "gpt konuşurken manuel kullanımı 

seçt"ğ"m"zde d"nleme kısmına geç"yor" [when GPT "s talk"ng and manual mode "s selected, "t 

sw"tches to l"sten"ng] (Yusuf, W4). Th"s suggests that manual mode s"gn"f"cantly a"ds users who 

prefer a controlled and del"berate "nteract"on process, reduc"ng unexpected conversat"onal 

"nterrupt"ons. 

Part"c"pants h"ghl"ghted the clear and funct"onal aspects of ChatGPT’s "nterface des"gn. 

Zeynep found the del"neat"on between text and vo"ce chat effect"ve: "advanced sound modu, 

text chat, vo"ce chat sect"on" (Zeynep, W1). Eren compl"mented the qual"ty of the aud"o 

component: "Ses yazılımı güzel konuşurken kend" ses"n" bozmuyor" [The sound software "s 

good, "t doesn't d"stort "ts own vo"ce wh"le speak"ng.] (Eren, W1). Em"r apprec"ated the 

s"mpl"c"ty and eff"c"ency of the "nterface: "Arayüzü bas"t" [Interface "s s"mple] and noted 
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pos"t"vely on connect"v"ty: ""nternete bağlanarak kolay b"lg" ver"yor" [connects to the "nternet 

and prov"des "nformat"on eas"ly] (Em"r, W4). These observat"ons underl"ne the user-fr"endly, 

eff"c"ent, and access"ble "nterface prov"ded by ChatGPT. 

Learners frequently pra"sed the advanced mode for s"gn"f"cantly enr"ch"ng the"r 

"nteract"on exper"ence w"th ChatGPT. Baran emphas"zed strong pos"t"ve emot"ons, stat"ng, 

"Gel"şm"ş konuşma çok sarıyor." [Advanced speech "s very engag"ng.] (Baran, W6), and 

expressed "mproved feel"ngs dur"ng advanced sess"ons, "Gel"şm"ş konuşmada kend"m" daha "y" 

h"ssed"yorum." [I feel better "n advanced speech] (Baran, W6). Derya apprec"ated the real"sm 

and enjoyment "n advanced mode "nteract"ons: "15 dk pro modundak" ses" çok gerçekç"" [The 

vo"ce "n the 15-m"nute pro mode "s very real"st"c] (Derya, W3). Moreover, Derya expressed 

sat"sfact"on regard"ng "mprovements "mplemented follow"ng feedback, h"ghl"ght"ng 

respons"veness: "Daha öncek" haftalarda konuşma özell"ğ"n"n b"lg"sayar vers"yonuna da 

get"r"lmes"n" önerm"şt"m ve gerçekten geld"" [I suggested earl"er weeks for the speech feature 

to be ava"lable "n the computer vers"on, and "t "ndeed came] (Derya, W8). Such "ns"ghts suggest 

that advanced mode s"gn"f"cantly elevates learner mot"vat"on, real"sm, and sat"sfact"on "n the"r 

"nteract"ons w"th ChatGPT. 

Comprehens"on and commun"cat"on sub-category encapsulates part"c"pants' 

percept"ons of ChatGPT's ab"l"ty to comprehend user "nput and respond fluently and 

appropr"ately dur"ng "nteract"ons. The sub-categor"es reflect how speed, "nput understand"ng, 

complex"ty management, and clar"ty of language shaped students’ speak"ng exper"ences w"th 

the AI chatbot. 

Part"c"pants cons"stently apprec"ated the speed, respons"veness, and eff"c"ency of 

ChatGPT, emphas"z"ng how qu"ckly "t repl"ed to the"r quest"ons. Lara expressed sat"sfact"on, 

say"ng that "t "s "not "nterrupt"ng me dur"ng conversat"on" (Lara, W1) and frequently noted that 

"t "responds qu"ckly" (Lara, W1). El"f re"nforced th"s po"nt "n mult"ple reflect"ons, h"ghl"ght"ng 

that "Sorularıma anında cevap ver"yor" ["t responds "nstantly to my quest"ons] (El"f, W4) and 

"Sorularımı hızlı cevap ver"yor" ["t answers my quest"ons qu"ckly] (El"f, W6). Em"r further 

"llustrated eff"c"ency by "nd"cat"ng "İnsanlar g"b" düşünmek "ç"n beklem"yor ser" cevap ver"yor" 

["t doesn't pause to th"nk l"ke people, "t responds sw"ftly] (Em"r, W5). Baran emphas"zed the 

effect"veness of responses, descr"b"ng them as "Güzel cevaplar ver"yor" [It g"ves good 

responses] (Baran, W3) and "Güzel noktalara değ"n"yo" [It touches on good po"nts] (Baran, 

W7). S"m"larly, Yusuf apprec"ated the thoughtful yet sw"ft responses, not"ng ""t th"nks about the 

best answer and use "t" (Yusuf, W1). Derya also found the speed appeal"ng: "It can cont"nue the 

conversat"on faster than an average human, so "t's fun to have a conversat"on w"th "t" (Derya, 



59 

 

W2). Th"s overall speed and promptness contr"buted to "ncreased conversat"onal fluency and 

user sat"sfact"on. 

ChatGPT demonstrated a notable ab"l"ty to comprehend learners, even when they made 

language m"stakes. El"f aff"rmed th"s strength clearly, stat"ng "Cümleler"m" anlıyor" [It 

understands my sentences] (El"f, W8). Mert also felt understood desp"te errors: "AI can 

understand me even "f I make m"stakes" (Mert, W1). S"m"larly, Derya h"ghl"ghted that the 

chatbot effect"vely understood even "ncorrectly structured sentences: ""t can understand the 

sentences that I've made "ncorrectly" (Derya, W1). These observat"ons reflect ChatGPT’s 

robustness "n "nterpret"ng learner "nput accurately, enhanc"ng learners' conversat"onal 

conf"dence and comfort. 

Learners noted ChatGPT’s effect"veness at manag"ng complex and extended "nput 

w"thout los"ng track or clar"ty. Eren h"ghl"ghted "ts capac"ty, not"ng, "Uzun cümleler" kolayca 

anlayab"l"yor" [It eas"ly understands long sentences] (Eren, W1). He further deta"led ChatGPT’s 

ab"l"ty to sequent"ally manage longer "nteract"ons, observ"ng, "Bazı anlarda cümleler"m"n uzun 

olmasına rağmen sırayı karıştırmadan sırasıyla ve hızlı cevap verd"" [Although my sentences 

were long at t"mes, "t answered qu"ckly and "n sequence w"thout confus"on] (Eren, W7). Yusuf 

s"m"larly observed how "t eff"c"ently handled "ntr"cate quer"es, remark"ng, "karmaşık olayların 

olduğu b"r soru sorduğumda düşünüp 4 dak"kalık b"r cevap olsa da ayrı ayrı cevap vereb"l"yor" 

[when I asked a compl"cated quest"on, even "f the answer was four m"nutes long, "t prov"ded 

d"st"nct answers separately] (Yusuf, W4). These "ns"ghts h"ghl"ght ChatGPT’s advanced 

process"ng capab"l"t"es, cruc"al "n support"ng nuanced and soph"st"cated learner "nteract"ons. 

Part"c"pants found ChatGPT’s commun"cat"on cons"stently clear, relatable, and easy to 

comprehend. Lara expl"c"tly ment"oned, "Açık ve anlaşılab"l"r kel"meler, cümleler kullanıyor" 

[It uses clear and understandable words and sentences] (Lara, W3). Eren conf"rmed the clar"ty, 

stat"ng s"mply, "Konuşması anlaşılab"l"r, duyulab"l"r" [Its speech "s understandable, aud"ble] 

(Eren, W1). Baran emphas"zed the authent"c"ty and relatab"l"ty of the responses: "Gerçekç" 

cevaplar ver"yor" [It prov"des real"st"c answers] (Baran, W5), and descr"bed the responses as 

"Cevapları Açıklayıcı" [Its answers are explanatory] (Baran, W5). Derya s"m"larly endorsed the 

clar"ty of "ts commun"cat"on, say"ng succ"nctly, ""t speaks clear" (Derya, W1). Th"s clar"ty 

s"gn"f"cantly contr"buted to learners' ease of "nteract"on, mak"ng conversat"ons smooth and more 

enjoyable. 

The broader category knowledge and depth explores the extent to wh"ch ChatGPT 

demonstrates a w"de-rang"ng knowledge base, the ab"l"ty to prov"de personal"zed and relevant 
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responses, and "ts adaptab"l"ty to d"fferent conversat"onal contexts. The sub-categor"es reflect 

d"fferent facets of ChatGPT’s knowledge and "ts relevance to the part"c"pants' exper"ences. 

Learners valued ChatGPT’s ab"l"ty to personal"ze "nteract"ons accord"ng to the"r 

"nterests and preferences. Lara h"ghl"ghted how the chatbot engages by ask"ng about personal 

"nterests: ""lg"l" olduğum kısımlar hakkında soru soruyor" ["t asks quest"ons about the parts I'm 

"nterested "n] (Lara, W2) and "öznel olmasını "sted"ğ"m zamanlarda öyle yanıtlar ver"yor" ["t 

g"ves subject"ve responses when I want "t to] (Lara, W5). Zeynep pra"sed the ab"l"ty to shape 

the chatbot’s persona, say"ng, "K"ş"l"ğ"n" "sted"ğ"n"z g"b" şek"llend"reb"lmem"z" [we can shape 

"ts personal"ty as we w"sh] (Zeynep, W5). S"m"larly, Eren noted how ChatGPT seamlessly 

adapted to h"s "mag"nat"ve scenar"o: "Kend" arkadaşını yaratmasını "sted"ğ"m zaman takılmadan 

ayak uyduruyor" [When I ask "t to create "ts own fr"end, "t adapts w"thout hes"tat"on] (Eren, 

W3). Derya found personal"zed "nteract"on benef"c"al for pract"cal adv"ce, observ"ng, "It can 

understand my "nterest qu"ckly and can g"ve adv"ce about "t" (Derya, W2). Moreover, Kerem 

exper"enced the chatbot act"ng "Akadem"k b"r koç g"b"" [l"ke an academ"c coach] prov"d"ng 

comprehens"ve support across mult"ple areas (Kerem, W4). These reflect"ons underscore the 

value of personal"zat"on "n mak"ng "nteract"ons more mean"ngful and engag"ng for learners. 

Part"c"pants also noted ChatGPT's capac"ty for "nnovat"on and humor. Lara apprec"ated 

"ts playful nature through "ts ab"l"ty to make jokes (Lara, W1). Zeynep valued "ts creat"ve 

potent"al, not"ng, "Yen" f"k"rler üreteb"lmes"" ["ts ab"l"ty to generate new "deas] (Zeynep, W8). 

Meanwh"le, Yusuf acknowledged "ts technolog"cal "ntegrat"on, stat"ng, "Teknoloj"ye çok bağlı" 

[It "s h"ghly connected to technology] (Yusuf, W6). These aspects contr"buted pos"t"vely to a 

l"vely and enjoyable conversat"onal exper"ence, enr"ch"ng the "nteract"on beyond s"mple 

"nformat"on exchange. 

Students frequently commended ChatGPT’s capab"l"ty "n prov"d"ng relevant examples, 

deta"led explanat"ons, and contextual support. Lara regularly noted "ts explanatory clar"ty: 

"anlamadığım kısımları açıklayıcı b"r şek"lde anlatıyor" ["t expla"ns clearly the parts I don't 

understand] (Lara, W6). Zeynep emphas"zed depth, pra"s"ng "ts ab"l"ty to delve "nto spec"f"cs: 

"Detaylara "nerek konuşması" [It speaks by go"ng "nto deta"ls] (Zeynep, W3). S"m"larly, Yusuf 

observed how ChatGPT adopted context-spec"f"c roles effect"vely: "Kend"n" b"r doktor g"b" 

görüp öyle cevap vermes" "stey"nce b"lg"lere ekleme yapab"l"yor" [When asked to answer as a 

doctor, "t enr"ches the "nformat"on accord"ngly] (Yusuf, W5). Derya pra"sed "ts pract"cal, 

scenar"o-based examples useful "n da"ly "nteract"ons, c"t"ng "t prov"des "Starbucksta 

karşılaşılab"lecek muhtemel sohbet örnekler"" [probable conversat"onal examples one m"ght 

encounter at Starbucks] (Derya, W5). Kerem also pra"sed "ts thoroughness, stat"ng that "t offers 
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"konu hakkında der"nlemes"ne b"lg"" ["n-depth "nformat"on on top"cs] (Kerem, W4). Th"s strong 

contextual capab"l"ty enhances learners' understand"ng, enabl"ng a r"cher and more pract"cal 

language-learn"ng exper"ence. 

Part"c"pants cons"stently adm"red ChatGPT’s expans"ve knowledge base and 

"ntellectual versat"l"ty. Lara descr"bed "ts comprehens"ve understand"ng: "konu hakkında der"n 

b"lg"ler ver"yor" ["t prov"des deep "nformat"on about the top"c] (Lara, W6). El"f repeatedly 

recogn"zed ChatGPT’s broad fam"l"ar"ty, stat"ng, "Her konuda b"lg" sah"b"" [knowledgeable on 

every subject] (El"f, W3, W4, W5, W8). Eren found ChatGPT "mpress"ve "n "ts technolog"cal 

d"scuss"ons and knowledge capac"ty, comment"ng, "Çok güçlü altyapısı var neredeyse her şeye 

hak"m" [It has a very strong "nfrastructure and "s knowledgeable about almost everyth"ng] 

(Eren, W1). S"m"larly, Yusuf adm"red "ts computat"onal ab"l"ty, not"ng "t can perform advanced 

tasks such as "matemat"k "şlemler"n" hesaplayab"l"yor" [can calculate mathemat"cal operat"ons 

l"ke probab"l"ty] (Yusuf, W4). Mert and Derya both pra"sed "ts "ntellectual breadth, w"th Derya 

stat"ng: "It has a powerful vocabulary," wh"ch even led to envy due to "ts extens"ve lex"cal 

resources (Derya, W2). Th"s broad and deep "nformat"onal background s"gn"f"cantly enhances 

the conversat"onal and educat"onal value of "nteract"ons w"th the chatbot. 

Lastly, learners recogn"zed ChatGPT’s capab"l"ty to creat"vely "n"t"ate and steer 

conversat"ons by generat"ng and adapt"ng "deas spontaneously. Zeynep pra"sed "ts 

conversat"onal ag"l"ty, ment"on"ng "konu açmakta "y"" [good at "n"t"at"ng top"cs] (Zeynep, W4). 

Eren observed a strong sense of real"sm and adaptab"l"ty, stat"ng "t could descr"be hol"day 

exper"ences as authent"cally as a person would: "sank" tat"le g"tm"ş ve deney"mlem"ş g"b" 

sam"m" ve takılmadan anlatab"ld"" [descr"bed exper"ences authent"cally as "f hav"ng been on 

hol"day] (Eren, W4). Baran apprec"ated "ts "n"t"at"ve when lack"ng a top"c, not"ng "t "güzel b"r 

konu seç"yo" [chooses a good top"c] (Baran, W7). Derya h"ghl"ghted "ts v"sual creat"v"ty, 

reflect"ng pos"t"vely on "ts capab"l"ty: "I can make p"ctures w"th the key words. It’s good at "t" 

(Derya, W1). Such dynam"c conversat"onal adaptab"l"ty enhances user engagement by 

prov"d"ng fresh, d"verse, and relevant content cont"nuously throughout "nteract"ons. 

4.2.2 PedagocWal Strenghts of ChatGPT IdentWfWed Wn Learner DWarWes 

To explore the educat"onal value of ChatGPT "n enhanc"ng EFL students’ speak"ng 

sk"lls, qual"tat"ve data were collected through weekly reflect"ve d"ar"es ma"nta"ned by the 

part"c"pants "n the exper"mental group. Themat"c analys"s of the entr"es revealed several 

pedagog"cal strengths of ChatGPT, part"cularly "n relat"on to language pract"ce and feedback. 

The emerg"ng categor"es underscore the mult"faceted role ChatGPT played not only "n 

"mprov"ng l"ngu"st"c competenc"es such as grammar, vocabulary, and speak"ng fluency but also 
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"n foster"ng a support"ve and mot"vat"ng learn"ng env"ronment. Table 15 shows the pedagog"cal 

strengths of ChatGPT "dent"f"ed "n the learner d"ar"es. 

 

Table  19  

Frequenc*es for the pedagog*cal strengths of ChatGPT *dent*f*ed *n the learner d*ar*es 

Category Sub-Categories Codes f 

    

Pedagogical 

Strenghts 

Language Practice  General Speaking 

Practice 

 

13 

 

  Convenience and 

Ease of Use 

 

3 

 

  Grammar and 

Vocabulary 

Development 

 

8 

 

  Listening Practice 

 

3 

 

  Feedback 

 

20 

 

 

General Speak"ng Pract"ce compr"ses reflect"ons that h"ghl"ght ChatGPT’s role "n 

fac"l"tat"ng general speak"ng pract"ce. Learners frequently noted that regular "nteract"on w"th 

ChatGPT helped them to "mprove the"r fluency, pronunc"at"on, and conf"dence "n Engl"sh 

speech. 

Lara descr"bed a cons"stent sense of "mprovement: "İng"l"zce konuşmayı gel"şt"r"yor" 

[It "mproves my Engl"sh speak"ng] (Lara, W3), and later added, "konuşmamı "lerlett"ğ"n" 

düşünüyorum" [I th"nk "t has "mproved my speak"ng] (Lara, W4). She also acknowledged a 

hol"st"c benef"t: "konuşmamı ve d"nlemem" gel"şt"r"yor" [It "mproves both my speak"ng and 

l"sten"ng] (Lara, W4). 

El"f stated the chatbot helped her "Help learn speak fluently" (El"f, W1), wh"le Eren 

focused on pronunc"at"on: "konuşma aksanımı gel"şt"rmeye yardım ed"yor" [It helps "mprove 



63 

 

my speak"ng accent] (Eren, W3). Kerem emphas"zed the engag"ng nature of ChatGPT’s pract"ce 

opportun"t"es: "İng"l"zce konuşma, prat"k yapmakta çok key"fl" b"r araç" [It’s a very enjoyable 

tool for speak"ng pract"ce] (Kerem, W4). These suggest that ChatGPT, through ongo"ng 

d"alogue, funct"oned as a support"ve conversat"onal partner, re"nforc"ng learners’ conf"dence 

and oral fluency over t"me. 

Part"c"pants also apprec"ated ChatGPT's conven"ence "n fac"l"tat"ng Engl"sh pract"ce 

w"thout the stress of real-t"me "nteract"on w"th humans. Mert h"ghl"ghted the s"mpl"c"ty of the 

exper"ence: "I can eas"ly answer" (Mert, W1), and later added, ""ts easy I had good exper"ence" 

(Mert, W2). Kerem po"nted out "ts access"b"l"ty: "You can pract"ce Engl"sh eas"ly w"th th"s App" 

(Kerem, W1). Th"s sub-category reflects how ease of use contr"buted to learner engagement by 

lower"ng affect"ve barr"ers and mak"ng Engl"sh pract"ce more approachable. 

A major l"ngu"st"c benef"t reported by students was support for grammar and vocabulary 

growth. Lara repeatedly emphas"zed th"s: "İng"l"zcem" gel"şt"r"yor" [It "mproves my Engl"sh] 

(Lara, W3, W4), and ""ng"l"zcey" gel"şt"rmeye yararlı" [It "s useful for "mprov"ng Engl"sh] (Lara, 

W6). She also noted, "yen" kel"me öğrenmeme yardımcı oluyor" [It helps me learn new words] 

(Lara, W7). Zeynep also expressed the benef"t of targeted grammar use: ""ng"l"zcede detaylı 

gramerler" kullanmasını "sted"ğ"mde ona göre davranıp konuşmamıza uyarlayab"l"yor" [When 

I ask "t to use deta"led grammar structures, "t adapts to our conversat"on accord"ngly] (Zeynep, 

W7). Part"c"pants perce"ved ChatGPT as not only a conversat"onal tool but also an adapt"ve 

tutor that scaffolds the"r learn"ng of grammat"cal forms and vocabulary. 

Although not the pr"mary focus, some students reported "mprovements "n l"sten"ng 

comprehens"on. Lara shared: "konuşmamı ve d"nlemem" gel"şt"r"yor" [It "mproves both my 

speak"ng and l"sten"ng] (Lara, W4). Kerem valued the exposure to aud"tory "nput: "D"nleme 

prat"ğ" sağlaması güzel" [Prov"d"ng l"sten"ng pract"ce "s n"ce] (Kerem, W5). Wh"le reported less 

frequently than other areas, these comments show that ChatGPT's vo"ce "nteract"on mode 

contr"buted pos"t"vely to recept"ve l"sten"ng sk"lls. 

Feedback was one of the most frequently ment"oned strengths. Learners apprec"ated 

ChatGPT’s capac"ty to prov"de "mmed"ate and clear correct"ons, suggest"ons, and clar"f"cat"on 

dur"ng or after speak"ng. Lara shared several examples: ""ng"l"zcem" düzelt ded"ğ"mde 

düzelterek cümley" düzelterek söylüyor" [When I ask "t to correct my Engl"sh, "t repeats my 

sentence w"th correct"ons] (Lara, W5), and "konuşmalarımı düzelt"yor" [It corrects my speech] 

(Lara, W8). Zeynep noted "ts effect"veness "n h"ghl"ght"ng learn"ng gaps: "Nerede ve hang" 

b"lg"mde hata olduğunu söylüyor" [It tells me where and what m"stake I made] (Zeynep, W7). 

Eren descr"bed an emot"onally support"ve correct"on exper"ence: "feedback vermekle kalmayıp 
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bütün h"kayem" baştan okuyarak düzeltt" ve duygusunu bell" ederek feedback verd"" [It not only 

gave feedback but also reread my whole story and corrected "t wh"le express"ng emot"on] (Eren, 

W7). Derya apprec"ated that ""t expla"ns the words that I can’t understand" (Derya, W1), and 

Kerem emphas"zed how feedback led to language retent"on: "B"lmed"ğ"n kel"mey" cümle "ç"nde 

kullanıp öğrenmen" sağlıyor" [It uses unknown words "n a sentence to help you learn] (Kerem, 

W1). Th"s sub-category "llustrates ChatGPT’s pedagog"cal potent"al as an always-ava"lable 

"nterlocutor that prov"des personal"zed, format"ve feedback "n a t"mely manner. 

4.2.3 SocWal Strenghts of ChatGPT IdentWfWed Wn Learner DWarWes 

In add"t"on to "ts l"ngu"st"c affordances, ChatGPT was also perce"ved to offer s"gn"f"cant 

soc"al strengths throughout the students' reflect"ve accounts. These strengths "nclude the tool’s 

ab"l"ty to create emot"onally engag"ng "nteract"ons, offer support and mot"vat"on, and ma"nta"n 

fa"rness and "mpart"al"ty "n commun"cat"on. The d"ar"es revealed that learners not only v"ewed 

ChatGPT as a language pract"ce tool but also as a soc"ally respons"ve "nterlocutor capable of 

prov"d"ng emot"onal warmth and encouragement dur"ng conversat"ons. Th"s suggests that the 

human-l"ke features of ChatGPT contr"buted pos"t"vely to learners’ affect"ve exper"ences, 

foster"ng a sense of connect"on, comfort, and conf"dence. These qual"t"es may enhance learner 

mot"vat"on and reduce the anx"ety often assoc"ated w"th speak"ng pract"ce "n a fore"gn language. 

The d"str"but"on of codes under the ma"n category Soc"al Strengths "s presented "n Table 16. 

Table  20  

Frequenc*es for the soc*al strengths of ChatGPT *dent*f*ed *n the learner d*ar*es 

 

Category Sub-Categories Codes f 
    
Social Strenghts Fairness and 

Impartiality 
Positive Cultural 
Comments 
 

1 

  Real-Life Utility 
 

2 

  Neutral and 
Objective  
Responses 
 

5 

 Emotional 
Connection 

Perceived Warmth 
and Naturalness 
 

22 

  Supportive Presence 
 

29 

  Emotional Support 
and Motivation 
 

9 
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The sub-category Fa"rness and Impart"al"ty captures students’ percept"ons of ChatGPT 

as a neutral, culturally aware, and pract"cally useful conversat"onal partner. Wh"le th"s category 

appeared less frequently than others, the reflect"ons h"ghl"ghted students’ apprec"at"on for the 

tool’s balanced, respectful, and pragmat"c responses—key tra"ts for ma"nta"n"ng trust "n 

language "nteract"on and promot"ng "ntercultural understand"ng. 

Learners noted ChatGPT’s cultural sens"t"v"ty and tendency to prov"de upl"ft"ng 

perspect"ves even "n the face of common stereotypes. Derya po"nted out that “B"r ülke hakkında 

çok fazla kötü yorum olmasına rağmen o övüyor” [Desp"te the many negat"ve comments about 

a country, "t pra"sed "t] (Derya, W4). Th"s suggests that learners recogn"zed and valued 

ChatGPT’s ab"l"ty to present cultures "n a non-judgmental and pos"t"ve manner, thereby 

"nd"rectly model"ng "ntercultural respect dur"ng conversat"on. Part"c"pants also apprec"ated 

ChatGPT’s pract"cal appl"cat"on "n real-world tasks. Em"r commented that "t "s “plan yapmak 

"ç"n b"reb"r” [perfect for plann"ng] (Em"r, W5), wh"le Derya ment"oned that “ben"m "ç"n gez" 

planı oluşturab"l"yor” ["t can create a travel plan for me] (Derya, W4). These reflect"ons show 

that learners v"ewed ChatGPT not just as a conversat"on tool, but as a funct"onal ass"stant 

capable of support"ng the"r da"ly plann"ng "n Engl"sh, wh"ch "n turn l"kely enhanced the"r 

mot"vat"on to engage w"th the language "n mean"ngful contexts. 

Another sub-category emot"onal category emerged as many learners expressed that 

ChatGPT created a soc"al presence that m"m"cked human "nteract"on "n warmth, tone, and 

emot"onal sens"t"v"ty. Lara stated that "t “hızlı cevap ver"yor, espr" yapıp gülüyor” [responds 

qu"ckly, makes jokes and laughs], add"ng, “arkadaşın g"b" sohbet ed"yor” [chats l"ke a fr"end] 

(Lara, W2). She later descr"bed "t as “"nsan g"b" veya kend" hayat h"kayes" varmış g"b" 

konuşuyor” [talk"ng l"ke a human or as "f "t had "ts own l"fe story] (Lara, W8). El"f frequently 

pra"sed the bot’s pat"ent att"tude, say"ng “Sorularıma bıkmadan cevap ver"yor” [It answers my 

quest"ons pat"ently] (El"f, W2, W5) and “Konuşurken daha rahat h"ssed"yorum ben" 

yargılayamaz” [I feel more relaxed wh"le speak"ng; "t can’t judge me] (El"f, W5). Eren 

commented, “The bot can th"nk l"ke "t "s a human” (Eren, W2), and shared that the"r 

conversat"on about vacat"ons felt l"fel"ke: “sank" tat"le g"tm"ş ve deney"mlem"ş g"b"” [as "f "t 

had actually gone on vacat"on and exper"enced "t] (Eren, W4). Other students descr"bed "ts 

speech as “"nsancıl” [humane] (Eren, W6), “can speak l"ke a human” and “very fr"endly” 

(Baran, W1), and even “duygusal olarak gel"şm"ş” [emot"onally developed] (Em"r, W8). Yusuf 

remarked that "f asked hypothet"cal quest"ons about be"ng human, ChatGPT “says humanly 

th"ngs” and responds relevantly (Yusuf, W2), wh"le Mert shared, “It can comprehend my 

speech” (Mert, W6). 
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The emot"onal tone of "nteract"on was further re"nforced by Derya: “Plus mode can feel 

l"ke a real fr"end,” and “It’s "nterested about my hobb"es” (Derya, W2). She also noted, “Bu 

haftak" konuşmamda daha "nsancıl konuşuyordu… modumu arttırdı” [Th"s week "t sounded 

more human; "t helped boost my mood] (Derya, W8). Kerem descr"bed the exper"ence as “B"r 

arkadaş g"b" konuşab"l"yor. Canın sıkılmıyor” [It can talk l"ke a fr"end. You don’t get bored] 

(Kerem, W2). 

Part"c"pants also emphas"zed the support"ve cons"stency of ChatGPT’s ava"lab"l"ty and 

att"tude. El"f part"cularly h"ghl"ghted th"s across several weeks, stat"ng “7/24 ava"lable,” “"t 

doesn’t break my comfort zone,” and that "t "s “"deal for students who have soc"al anx"ety” (El"f, 

W1, W2, W3, W4, W5, W6, W7, W8). She apprec"ated how "t “bıkmadan açıklama yapıyor” 

[expla"ns w"thout gett"ng t"red] and “tekrarlamaktan yorulmuyor” [doesn’t get t"red of repeat"ng 

th"ngs] (El"f, W3, W4). Th"s emot"onal dependab"l"ty prov"ded a strong sense of psycholog"cal 

safety. El"f noted, “Konuşurken sosyal anks"yete sıkıntısı yaşamıyorum” [I don’t exper"ence 

soc"al anx"ety when talk"ng to "t] (El"f, W6), and “konuşurken ger"lm"yorum” [I don’t get 

nervous wh"le speak"ng] (El"f, W8). The repeated emphas"s on ava"lab"l"ty (“7/24 müsa"t”) 

across nearly all weeks underl"nes the "mportance of constant access for learners. 

Lara also apprec"ated "ts clar"ty: “Açık ve anlaşılab"l"r kel"meler kullanıyor” [It uses 

clear and understandable words] (Lara, W3), wh"le Em"r added that ChatGPT “prov"des 

conven"ence for lonely people or easy access to "nformat"on” (Em"r, W3). Yusuf found value "n 

"ts calmness: “It can talk so calmly, I th"nk that’s good” (Yusuf, W1), and Derya noted how "t 

agreed w"th her "deas (Derya, W4), further re"nforc"ng a sense of emot"onal aff"rmat"on. As 

Kerem echoed: “B"r arkadaş g"b" konuşab"l"yor. Canın sıkılmıyor” [It can talk l"ke a fr"end. You 

don’t get bored] (Kerem, W2). 

In add"t"on to emot"onal warmth and stab"l"ty, learners descr"bed how ChatGPT’s 

feedback and tone could boost mot"vat"on. Baran noted, “ChatGPT bana güzel tavs"yeler verd"” 

[ChatGPT gave me n"ce adv"ce] and “konuşmak sıkıcı ama konular bazen güzel olunca sarıyor” 

[somet"mes the top"cs are bor"ng, but when they’re good, the conversat"on gets engag"ng] 

(Baran, W7, W8). He also apprec"ated that "t “"lk ve son haftamı değerlend"rd"” [evaluated my 

f"rst and last week] (Baran, W8). 

Em"r h"ghl"ghted that the bot “yazdıklarıma göre ruh hal"m" tahm"n ed"yor ve buna göre 

tavs"ye ver"yor” [guesses my mood from what I wr"te and g"ves adv"ce accord"ngly] (Em"r, 

W2), wh"le Yusuf ment"oned that after say"ng "t was the last week, “bana güzel şeyler söyled"” 

["t sa"d n"ce th"ngs to me] (Yusuf, W8). Mert s"mply stated, “It went great th"s week” (Mert, 

W4), and Derya apprec"ated "ts upl"ft"ng tone: “Mot"ve ed"yor” [It mot"vates me] (Derya, W5), 



67 

 

and more powerfully: “feedbackler sayes"nde IELTS’ten 7 alab"leceğ"me "nanmamı sağladı” 

["ts feedback made me bel"eve I could get a 7 from IELTS] (Derya, W8). 

4.2.4 TechnologWcal Challenges of ChatGPT IdentWfWed Wn Learner DWarWes 

The analys"s of learner d"ar"es revealed that, wh"le ChatGPT was generally perce"ved 

as a support"ve tool for develop"ng speak"ng sk"lls, part"c"pants frequently encountered a var"ety 

of technolog"cal challenges dur"ng the"r "nteract"ons. These "ssues, grouped under the ma"n 

category of Technolog"cal Challenges, were class"f"ed "nto two overarch"ng sub-categor"es: 

Commun"cat"on Challenges w"th ChatGPT and Techn"cal Problems (see Table 17 next page). 

The sub-category of Commun"cat"on Challenges w"th ChatGPT "ncludes "ssues related to turn-

tak"ng d"srupt"ons, m"sunderstand"ng of "nput, and ChatGPT’s occas"onal fa"lure to produce 

relevant or comprehens"ble responses. Meanwh"le, the Techn"cal Problems sub-category 

encapsulates the funct"onal"ty-based l"m"tat"ons of the appl"cat"on, such as crash"ng, lagg"ng, or 

fa"lures "n speech recogn"t"on. The presence of these challenges suggests that desp"te 

ChatGPT’s potent"al to support learners "n pract"c"ng Engl"sh speak"ng, technolog"cal 

shortcom"ngs at both commun"cat"ve and system levels may h"nder learners' overall exper"ence 

and reduce the qual"ty of "nteract"on. The follow"ng paragraphs w"ll prov"de a deta"led 

exam"nat"on of these d"ff"cult"es as reported "n the weekly reflect"ons. 
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Table  21  

Frequenc*es for the technolog*cal challenges of ChatGPT *dent*f*ed *n the learner d*ar*es 

Category Sub-Categories Codes f 
    
Technological 
Challenges 

Communication 
Challenges with 
ChatGPT 

Topic Limitations 
 

6 

  Motivation and 
Engagement Issues 
 

2 

  Repetition and 
Irrelevant 
Responses 
 

5 

  Speed and 
Complexity 
 

14 

  Misinterpretation 
 

9 

  Comprehension 
Issues 
 

27 

  Interruption and 
Turn-Taking 
Problems 
 

36 

 Technical Problems App Behavior and 
Functional Errors 
 

11 

  Audio Interface 
Problems 
 

3 

   Misbehavior in 
Speech Recognition 
 

4 

  Crashes and 
Freezing 
 

9 

  Lag and Response 
Delays 
 

15 

  Connection Issues 
 

8 

  Language-
Switching Issues 
 

17 
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The sub-category commun"cat"on challenges encompasses a range of "nteract"onal 

problems that learners encountered dur"ng the"r engagement w"th ChatGPT. These 

commun"cat"on-related challenges often d"srupted the flow of conversat"on, reduced learners’ 

engagement, and occas"onally caused frustrat"on, thereby h"nder"ng the pedagog"cal value of 

ChatGPT for speak"ng pract"ce.  

Some students expressed d"ff"culty "n f"nd"ng engag"ng or su"table top"cs to susta"n a 

conversat"on w"th ChatGPT, espec"ally when personal or culturally spec"f"c vocabulary was 

"nvolved. Mert ment"oned, “I can’t f"nd a top"c to speak” (Mert, W1), "nd"cat"ng an early 

struggle "n "n"t"at"ng d"alogue. Kerem frequently emphas"zed that ChatGPT had d"ff"culty 

process"ng proper nouns and Turk"sh words: “Türkçe özel "s"mler" anlamadığı zamanlar oluyor” 

[Somet"mes "t doesn’t understand Turk"sh proper nouns] (Kerem, W1), “Özel "s"mler" 

anlamıyor” [It doesn’t understand proper names] (Kerem, W2), and “Oyun "s"mler"n" 

anlamıyor” [It doesn’t understand game names] (Kerem, W2). Furthermore, he added that the 

repet"t"ve prompts l"ke “How’s "t go"ng?” based on prev"ous weeks created a feel"ng of 

stagnat"on: “Her hafta öncek" hafta konuştuğumuz şeyler hakkında soru soruyor... konuşmak 

zorlaşıyor” [Every week "t asks quest"ons about the last week... wh"ch makes speak"ng harder] 

(Kerem, W3). 

Part"c"pants also noted a lack of emot"onal support or respons"veness from ChatGPT, 

wh"ch affected the"r mot"vat"on. El"f observed, “mot"ve ed"c" tavrı eks"k” [It lacks a mot"vat"ng 

att"tude] (El"f, W8), wh"le Derya found "ts gener"c behav"or frustrat"ng: “When I force "t to hear 

"ts hobb"es "t just says my hobb"es, wh"ch "s annoy"ng” (Derya, W2). These percept"ons suggest 

that emot"onally d"stant or repet"t"ve responses can reduce learner mot"vat"on, espec"ally "n 

susta"ned language "nteract"on. 

Several learners reported "ssues w"th repet"t"ve or off-top"c answers, wh"ch d"srupted 

the"r attempts to ma"nta"n coherent d"alogue. El"f stated, “Tekrar ed"yor cümleler"” [It repeats 

sentences] (El"f, W2), wh"le Eren po"nted out, “geleceğe yönel"k sorular sorunca bazen konuyu 

saptayab"l"yor” [It somet"mes strays from the top"c when asked future-or"ented quest"ons] 

(Eren, W6). Yusuf noted that “Kısa cevap ver d"y"nce verm"yor” [Even when I ask for short 

repl"es, "t doesn’t g"ve them] (Yusuf, W5), and Mert s"mply sa"d, “"t suddenly changes the top"c” 

(Mert, W2). These breakdowns s"gnal a lack of d"scourse coherence and respons"veness that "s 

cruc"al for mean"ngful oral commun"cat"on. 

Speed was a cons"stent challenge across part"c"pants. El"f remarked tw"ce that “Hızlı 

konuşuyor” [It speaks fast] (El"f, W7 & W8), wh"le Eren added, “Çok akıcı ve hızlı konuştuğu 

zamanlar oluyor, anlamakta zorlanıyorum” [Somet"mes "t speaks so fluently and fast that I 
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struggle to understand] (Eren, W4). S"m"larly, Baran expla"ned, “Somet"mes I can’t understand 

ChatGPT’s accent” and “because of "ts speak"ng speed” (Baran, W1), and even repeated “çok 

hızlı konuşuyor” [It speaks too fast] "n later weeks (Baran, W3). Mert also echoed th"s "ssue: 

“AI don’t let me th"nk” (Mert, W3). Derya added that even the slower-paced speech somet"mes 

felt fast due to the length and complex"ty of the sentences: “Yavaş konuşması da hızlı 

geleb"l"yor ve cümleler" uzun olduğundan tak"p etmek zorlaşıyor” [Even "ts slow speech can 

feel fast, and "t's hard to follow because the sentences are long] (Derya, W6). 

Many learners reported that ChatGPT m"s"nterpreted the"r speech or responded 

"naccurately. Lara expla"ned, “m"sunderstood some words wh"le I’m speak"ng” (Lara, W1), and 

“konuşmam sırasında anlaşılmayan kel"meler" kend"s" yapıyor—çoğunlukla da yanlış yapıyor” 

[It completes my words when "t doesn’t understand—and mostly does "t wrong] (Lara, W8). 

S"m"larly, Eren noted, “İng"l"zcedek" konuşma arası kullanılan well, you know g"b" şeyler" 

bazen yanlış anlıyor” [It somet"mes m"sunderstands d"scourse markers l"ke 'well', 'you know'] 

(Eren, W1), and Em"r stated, “bazı kel"meler" anlamıyor ve yanlış cevaplar ver"yor” [It doesn’t 

understand some words and g"ves wrong answers] (Em"r, W1). 

A major concern across d"ar"es was mutual understand"ng—both learners struggl"ng to 

understand ChatGPT and v"ce versa. Lara frequently expressed that "t m"s"nterpreted her 

speech: “konuşmamı anlamıyor kend"s" cümleler"m" yuvarlıyor” [It doesn’t understand me and 

smooths over my sentences] (Lara, W7), and El"f adm"tted, “I can’t understand what "t says” 

(El"f, W1). Baran noted, “ne ded"ğ"m" anlamıyor” [It doesn’t understand what I say] (Baran, 

W4), and Mert remarked, “"t doesn’t understand me somet"mes” (Mert, W4). These 

comprehens"on "ssues represent a s"gn"f"cant challenge for effect"ve speak"ng pract"ce, as they 

d"srupt turn-tak"ng, clar"ty, and conf"dence. 

The most frequently reported commun"cat"on challenge was ChatGPT's tendency to 

"nterrupt or cut off students dur"ng speech. Lara reported, “"t "nterrupts my conversat"on” (Lara, 

W1), wh"le Zeynep noted, “"nterrupt"ng your speech when you pause” (Zeynep, W1) and 

“Konuşma esnasında boşluk olduğu an atlaması” [It jumps "n when there’s a pause "n 

conversat"on] (Zeynep, W2). El"f cons"stently recorded the "ssue for mult"ple weeks: “sözümü 

kes"yor” [It cuts me off] (El"f, W1–W7). Eren reflected that "t “konuşma aralarında düşünmeme 

zaman tanımıyor” [does not g"ve me t"me to th"nk dur"ng conversat"on] (Eren, W1), and Mert 

stated pla"nly, “AI bot breaks my speech” (Mert, W3). These accounts "llustrate that ChatGPT's 

turn-tak"ng mechan"cs often d"srupt learner speech, reduc"ng opportun"t"es for fluency 

development and "ncreas"ng anx"ety dur"ng product"on. 
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The sub-category techn"cal problems "ncludes the funct"onal and system-based "ssues 

exper"enced by learners wh"le us"ng ChatGPT for speak"ng pract"ce. These "ssues, rang"ng from 

crashes and lagg"ng to speech recogn"t"on errors and unexpected language sw"tch"ng, d"srupted 

the cont"nu"ty and qual"ty of conversat"onal "nteract"on. Desp"te ChatGPT's overall usefulness, 

these recurr"ng techn"cal fa"lures "mpacted learners' engagement and sat"sfact"on negat"vely. 

Several learners exper"enced unpred"ctable or dysfunct"onal behav"or from the app 

"nterface, wh"ch affected the"r ab"l"ty to manage conversat"ons. Lara noted, “"t l"stens even "f I 

don’t press the volume button wh"le talk"ng” (Lara, W1), "nd"cat"ng a problem w"th control over 

speech act"vat"on. Zeynep remarked, “Manuel" kullanmama rağmen söze atlıyor” [Even when 

I use manual mode, "t jumps "n] (Zeynep, W3), and added that the app was unrespons"ve at 

t"mes: “Butona basıldığında hemen akt"f olmaması” [It doesn't act"vate r"ght away when I press 

the button] (Zeynep, W7). Em"r ment"oned broader usab"l"ty "ssues: “kullanış sorunları 

çıkab"l"yor” [It can have usab"l"ty problems] (Em"r, W4), wh"le Yusuf stated, “If you ex"t the 

app and rejo"n all of the saves reset” (Yusuf, W1). These malfunct"ons suggest that "ncons"stent 

"nterface respons"veness and control over "nteract"ons can break the conversat"onal rhythm, 

wh"ch "s v"tal for speak"ng fluency. 

Eren observed that ChatGPT’s vo"ce output "s somet"mes fluctuated: “bot konuşurken 

ses" kısılıyor bazen” [the bot’s vo"ce lowers wh"le speak"ng somet"mes] (Eren, W6) and “Ses 

arayüzü çok zayıf” [Its aud"o "nterface "s very weak] (Eren, W8). These sound-related "ssues 

comprom"sed the clar"ty and aud"b"l"ty of ChatGPT’s responses, wh"ch "n turn h"ndered 

l"sten"ng comprehens"on and "nteract"ve flow. 

Speech recogn"t"on errors were another major concern. Lara h"ghl"ghted that 

“Konuşurken arkadan ufak b"r ses geld"ğ"nde d"rekt d"nlemeye geç"yor” [When a small 

background sound "s heard, "t starts l"sten"ng] (Lara, W4). Eren echoed th"s, stat"ng “Arka 

plandak" sesler" duyup ona göre saçmalayab"l"yor” [It p"cks up background no"se and responds 

nonsens"cally] (Eren, W1). These "ssues means a sort of sens"t"v"ty to env"ronmental no"se 

wh"ch leads to m"srecogn"t"on and fa"led comprehens"on dur"ng speak"ng tasks. 

Crashes, freez"ng, and malfunct"on"ng dur"ng "nteract"on were commonly reported. Lara 

descr"bed prolonged pauses and system unrespons"veness: “çoğu zaman donuyor” [It freezes 

most of the t"me] (Lara, W7). Yusuf noted, “When you ask someth"ng fast, "t crashes” (Yusuf, 

W2), and added later, “Uygulamayı açtığımda manuel control etmek "sted"ğ"mde çöküyor” 

[When I try to manually control "t after open"ng the app, "t crashes] (Yusuf, W4). Em"r observed 

that “standart yazı ve konuşma b"teb"l"yor” [standard vo"ce or text conversat"on can suddenly 

end] (Em"r, W3). These crashes "nterrupted speak"ng turns, lead"ng to frustrat"on and 



72 

 

d"m"n"shed mot"vat"on for susta"ned use. Many learners were frustrated by ChatGPT’s delayed 

responses, wh"ch d"srupted the flow of d"alogue. Lara frequently reported long pauses: “çok 

uzun süre bekl"yor” [It wa"ts too long] (Lara, W7), wh"le Baran stated, “cevap vermek "ç"n "k" 

saat bekl"yor” [It takes forever to answer] (Baran, W4). Yusuf expla"ned, “"f you ask h"m the 

same quest"on aga"n and aga"n "t w"ll start th"nk"ng l"ke an hour” (Yusuf, W2), and Mert 

reported, “It doesn’t speak when I ask someth"ng” (Mert, W6). These delays d"scouraged 

spontaneous speak"ng and created unnatural conversat"on dynam"cs, wh"ch are part"cularly 

detr"mental "n oral pract"ce contexts. 

Unstable "nternet connect"v"ty was also a recurr"ng compla"nt, even when students had 

work"ng connect"ons. Lara sa"d, “"nternet"m olmasına rağmen hata ver"yor” [Even though I 

have "nternet, "t g"ves an error] (Lara, W5), and El"f conf"rmed, “When w"f" d"sconnected, "t "s 

d"sconnected too” (El"f, W1). Derya noted repeated d"sconnect"ons: “bağlantı "le "lg"l" sorunlar 

yaşadım, bu hala çözülmed"” [I had problems w"th connect"on, th"s st"ll "sn’t f"xed] (Derya, 

W8). Kerem added that sw"tch"ng tabs on the phone or computer caused ChatGPT to m"stakenly 

end the conversat"on (Kerem, W4). These "ssues negat"vely affected cont"nu"ty, mak"ng "t 

d"ff"cult for learners to complete tasks or ma"nta"n focus. 

Unexpected language sw"tch"ng—part"cularly between Engl"sh and Turk"sh—was a 

w"despread "ssue. Lara reported, “Yanlışlıkla Türkçe kel"me kullandığımda kend"n" d"rekt 

Türkçeye çev"r"yor” [When I acc"dentally use a Turk"sh word, "t "mmed"ately sw"tches to 

Turk"sh] (Lara, W3), and “konuşurken araya farklı d"lden ses gel"nce d"ller" karıştırıyor” [It 

m"xes languages when another language "s heard "n the background] (Lara, W6). El"f observed 

that ChatGPT started speak"ng Turk"sh even w"thout a clear reason: “Türkçe konuşmaya 

başlıyor” [It starts speak"ng Turk"sh] (El"f, W5). Em"r noted: “Sadece b"r Türkçe kel"me b"le 

duysa anında Türkçeye dönüyor” [Even one Turk"sh word makes "t sw"tch to Turk"sh "nstantly] 

(Em"r, W1). These automat"c sw"tches confused learners, "nterrupted the Engl"sh-only pract"ce, 

and reduced the effect"veness of target-language "mmers"on. 

4.2.5 PedagogWcal Challenges of ChatGPT IdentWfWed Wn Learner DWarWes 

In add"t"on to technolog"cal concerns, part"c"pants also "dent"f"ed pedagog"cal 

l"m"tat"ons "n the"r weekly reflect"ons regard"ng the"r "nteract"ons w"th ChatGPT. These 

challenges, grouped under the category of Pedagog"cal Challenges, pr"mar"ly relate to the 

perce"ved "nadequacy of feedback prov"ded by the AI tool. Although ChatGPT was frequently 

used as a means to pract"ce speak"ng and rece"ve "mmed"ate responses, learners noted several 

def"c"enc"es "n "ts "nstruct"onal value. The sub-category Inadequate Feedback encompasses 
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"ssues such as superf"c"al or repet"t"ve correct"on, lack of deta"led explanat"ons, "naccurac"es "n 

error detect"on, and l"m"ted support for h"gher-level language development (See Table 18). 

These f"nd"ngs underscore the necess"ty for pedagog"cally-"nformed "ntegrat"on of AI tools "n 

language learn"ng env"ronments, part"cularly when learners rely on such tools for autonomous 

sk"ll development. The follow"ng sect"on presents a deta"led analys"s of these concerns based 

on student d"ary data. 

 

Table  22  

Frequenc*es for the pedagog*cal challenges of ChatGPT Ident*f*ed *n Learner D*ar*es 

Category Sub-Categories Codes f 
    
Pedagogical 
Challenges 

Inadequate 
Feedback 

Educational Value 3 

  Repetition and 
Simplification 
 

6 

  Error Detection 
Accuracy 
 

3 

  Grammar 
Correction 

8 

  Higher level words 
 

2 

 

El"f emphas"zed several t"mes that ChatGPT lacked an "nstruct"onal role "n the"r 

speak"ng pract"ce: “öğret"c" b"r görev üstlenm"yor” [It doesn’t take on a teach"ng role] (El"f, 

W3). Even when ChatGPT attempted to correct her, she found the explanat"ons "nsuff"c"ent: 

“hatalarımı düzelt"rken açıklaması tatm"n ed"c" değ"l” [Its explanat"on wh"le correct"ng my 

m"stakes "s not sat"sfactory] (El"f, W8). Furthermore, she noted that when she d"dn’t understand 

a po"nt, ChatGPT d"dn’t pause to clar"fy: “ded"kler"n" anlamadığımda durup detaylı açıklama 

yapmıyor” [When I don’t understand, "t doesn’t stop and expla"n "n deta"l] (El"f, W8). These 

"ns"ghts reveal a need for more scaffolded, "ntent"onal teach"ng behav"or, espec"ally when 

learners are seek"ng gu"ded support. 

Part"c"pants reported that ChatGPT tended to repeat content or speak more slowly when 

asked to s"mpl"fy, "nstead of adapt"ng the language to the"r level. Lara noted, “When I asked 

her to expla"n "t "n a s"mpler way, "t repeated the sentence” (Lara, W1), and "n the follow"ng 

week, she wrote, “daha bas"t söylemes"n" "sted"ğ"m yerlerde cümles"n" tekrar ed"yor ya da daha 

yavaş söylüyor” [When I ask "t to say someth"ng more s"mply, "t e"ther repeats the sentence or 
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just says "t slower] (Lara, W2). Kerem also exper"enced th"s "ssue: “Cümleler" bas"tçe tekrar 

etmes"n" "stey"nce aynısını yavaş sesle söylüyor” [When I ask "t to s"mpl"fy, "t just says the same 

th"ng slower] (Kerem, W3). Zeynep ment"oned a s"m"lar exper"ence where the bot kept 

repeat"ng both correct and "ncorrect forms "nstead of prov"d"ng clar"f"cat"on: “Yanlışlarım varsa 

düzelt dememe rağmen doğruları da tekrar söylemes"” [Even though I asked "t to correct my 

m"stakes, "t repeats both correct and "ncorrect phrases] (Zeynep, W6). These patterns reflect a 

superf"c"al approach to s"mpl"f"cat"on, wh"ch can h"nder learners’ understand"ng rather than 

enhance "t. 

Some part"c"pants expressed concern that ChatGPT fa"led to "dent"fy the"r language 

errors accurately. El"f wrote, “Hatalarımı düzeltm"yor” [It doesn’t correct my m"stakes] (El"f, 

W2) and later added, “hatalarımı tesp"t" eks"k” [Its error detect"on "s "nadequate] (El"f, W8). 

Kerem also po"nted out the r"sk of foss"l"zat"on, expla"n"ng, “Hatalarımı düzeltmed"ğ" zamanlar 

olduğunu fark ett"m... yanlış öğrend"ğ"m b"r şey" doğru kabul ederek devam edeb"l"r"m” [I 

real"zed there are t"mes "t doesn’t correct my m"stakes… I m"ght keep us"ng someth"ng wrong 

th"nk"ng "t’s correct] (Kerem, W5). These observat"ons reveal the "mportance of accurate and 

t"mely feedback "n prevent"ng pers"stent errors, wh"ch ChatGPT somet"mes fa"led to prov"de. 

The most frequently ment"oned pedagog"cal challenge was the lack of grammar 

correct"on. El"f repeatedly stated across several weeks that “Gramer hatamı düzeltm"yor” [It 

doesn’t correct my grammar m"stakes] (El"f, W4–W8), show"ng that th"s "ssue pers"sted over 

t"me. Eren also ment"oned, “Bazen kötü gramer kullandığım zaman ben" düzeltmey" unutuyor” 

[Somet"mes when I use bad grammar, "t forgets to correct me] (Eren, W3), and Kerem observed 

that the chatbot pr"or"t"zes understand"ng over correct"on: “çoğu zaman hatalı cümle 

kurduğunda düzeltmeye değ"l anlamaya çalışıyor” [Most of the t"me, "t tr"es to understand 

"nstead of correct"ng my faulty sentence] (Kerem, W3). These "ns"ghts suggest that wh"le 

ChatGPT fosters commun"cat"on, "t may not promote grammat"cal accuracy unless expl"c"tly 

prompted. 

Lara po"nted out that ChatGPT somet"mes responded w"th vocabulary beyond her 

prof"c"ency level: “It used C2 words even though "t knew I was at B1 level” (Lara, W1), and 

later added, “Sev"yem düşük dememe rağmen zor kavramlar kullanıyor” [Even though I told "t 

my level was low, "t st"ll uses d"ff"cult concepts] (Lara, W3). Th"s "ncons"stency "n level-

appropr"ate language output may d"scourage learners or lead to m"sunderstand"ngs, part"cularly 

when scaffolded "nput "s essent"al for learn"ng. 
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4.2.6 SocWal Challenges of ChatGPT IdentWfWed Wn Learner DWarWes 

In add"t"on to technolog"cal and pedagog"cal concerns, students also h"ghl"ghted a set 

of soc"al challenges "n the"r weekly reflect"ons, part"cularly regard"ng the "nteract"onal 

l"m"tat"ons of ChatGPT. These challenges were grouped under the ma"n category Soc"al 

Challenges, w"th a focus on the sub-category Lack of Natural Interact"on. Many part"c"pants 

reported that ChatGPT often fa"led to meet the"r expectat"ons for human-l"ke commun"cat"on. 

Compla"nts "ncluded emot"onally flat or overly object"ve responses, repet"t"on or overextens"on 

of certa"n top"cs, and l"m"ted ab"l"ty to role-play or connect personally. Some students also 

po"nted out "ncons"stenc"es "n how ChatGPT handled tone and personal"ty, wh"le one part"c"pant 

ment"oned cultural b"as. These reflect"ons suggest that ChatGPT, wh"le l"ngu"st"cally 

competent, lacks the soc"al respons"veness and contextual sens"t"v"ty needed to fully sat"sfy 

learners seek"ng authent"c conversat"onal exper"ences. Table 19 shows the codes and 

frequenc"es for the soc"al challenges of ChatGPT as "dent"f"ed "n the learner d"ar"es. 

  

Table  23  

Frequenc*es for the soc*al challenges of ChatGPT Ident*f*ed *n Learner D*ar*es 

Category Sub-Categories Codes f 
    
Social Challenges Lack of Natural 

Interaction 
Unfulfilled 
Expectations for 
Interaction 
 

39 

  Biased Cultural 
Comments 
 

1 

  Lack of human-like 
emotional and 
personal responses 
 

21 

  Overextension of 
Topics 
 

4 

 

Th"s table encapsulates learners’ soc"al d"ssat"sfact"on w"th ChatGPT’s "nteract"onal 

performance, espec"ally "ts "nab"l"ty to s"mulate human-l"ke behav"or, personal"ze 

conversat"ons, or manage top"cs "n a dynam"c and engag"ng way. Students frequently reported 

that wh"le ChatGPT could respond fluently, "ts robot"c tone, lack of emot"ons, surface-level 

responses, and repet"t"ve conversat"on patterns fa"led to meet the"r expectat"ons for authent"c 
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d"alogue. Th"s d"sconnect led to boredom, frustrat"on, and a d"m"n"shed sense of engagement 

over t"me. 

A prom"nent "ssue vo"ced by learners was the emot"onal and soc"al detachment they felt 

when "nteract"ng w"th ChatGPT. Lara noted, “İnsan olmadığını söylüyor tüm cevapları böyle 

ver"yor” [It keeps say"ng "t’s not human "n every response] (Lara, W3), and expressed 

frustrat"on w"th "ts refusal to adopt a human role even dur"ng roleplay: “okula g"d"yormuş g"b" 

davran ded"ğ"mde b"le ‘eğer g"tseyd"m’ d"ye cümleye başlıyor” [Even when I asked "t to pretend 

go"ng to school, "t starts w"th ‘"f I went’] (Lara, W3). S"m"larly, Zeynep stated, “Duygu yok ve 

"nsan olmadığı bell" oluyor” [It has no feel"ngs and "t’s clear that "t’s not human] (Zeynep, W3). 

Th"s sent"ment was echoed by El"f, who adm"tted, “I’m bored to chat w"th "t” (El"f, W1) and 

added that "ts repl"es were “yüzeysel” [superf"c"al] (El"f, W3). 

Learners often found ChatGPT repet"t"ve or "nflex"ble. Eren shared, “Somet"mes "t talks 

about the same th"ngs” (Eren, W2), wh"le Baran remarked, “Standart konuşma sıkıcı oluyo” 

[Standard conversat"on gets bor"ng] (Baran, W6). Em"r not"ced "ncons"stent behav"or "n the 

bot’s "dent"ty: “k"m" zaman ben b"r robotum d"yor, k"m" zaman düşünce bel"rt"yor” [Somet"mes 

"t says "t's a robot, other t"mes "t shares op"n"ons] (Em"r, W2). These "ncons"stenc"es made "t 

d"ff"cult for learners to bu"ld trust or ma"nta"n "nterest "n the conversat"ons. 

Add"t"onally, several students, "nclud"ng Derya, were frustrated by ChatGPT’s l"m"ted 

creat"ve "nput or over-object"v"ty: “Her konu hakkında b"r f"k"r sorduğumda çok objekt"f b"r 

cevap yazıyor” [When I ask for op"n"ons, "t g"ves overly object"ve answers] (Derya, W8), and 

“Its vo"ce "s monotone so "t can be bor"ng somet"mes” (Derya, W1). Kerem added that ChatGPT 

fa"led to engage w"th h"s cur"os"ty: “Konuyu değ"şt"rmes"n" "sted"ğ"mde bana soruyor” [When 

I ask "t to change the top"c, "t asks me "nstead] (Kerem, W3). These reflect"ons underscore the 

part"c"pants’ unmet need for var"ety, emot"onal nuance, and personal"zed conversat"on. 

Only one student expl"c"tly ra"sed a concern about cultural b"as. Eren commented, 

“kültürler hakkında yorumlarını taraflı yapıyor” [It makes b"ased comments about cultures] 

(Eren, W4). Although rare, th"s po"nt s"gnals the "mportance of ensur"ng cultural neutral"ty and 

appropr"ateness "n AI "nteract"ons, espec"ally "n d"verse language learn"ng env"ronments. 

Several students were d"scouraged by ChatGPT’s "nab"l"ty to repl"cate natural human 

empathy, tone, and creat"v"ty. Zeynep noted, “b"r "nsan g"b" f"k"rlere ve duygulara sah"p değ"l” 

[It doesn't have thoughts and emot"ons l"ke a person] (Zeynep, W4), and later sa"d, “Konuşma 

tekdüze olduğundan sıkıcılaşması” [The monotony of conversat"on makes "t bor"ng] (Zeynep, 

W6). El"f also felt d"sconnected: “B"r robotla konuşuyor h"ss" ver"yor, yorum yapmıyor” [It 

feels l"ke talk"ng to a robot—"t doesn’t comment] (El"f, W6), and sa"d, “Cevapları çok sıradan” 
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[Its answers are too ord"nary] (El"f, W7). Eren shared a fa"led attempt at personal"zat"on: 

“İbrah"m "s"ml" b"r arkadaşım ol ded"m olmadı” [I asked "t to be my fr"end named İbrah"m, but 

"t d"dn’t work] (Eren, W7). Em"r exper"enced s"m"lar frustrat"on: “"sted"ğ"m k"ş"l"ğe 

bürünmüyor” [It doesn’t take on the personal"ty I want] (Em"r, W4), and “Şaka anlamıyor” [It 

doesn’t understand jokes] (Em"r, W6). These examples reveal that learners not only des"red a 

learn"ng ass"stant, but also expected a conversat"onal partner who could embody personal"ty 

and emot"onal nuance—expectat"ons that were not met. 

Lastly, some learners grew frustrated w"th ChatGPT’s "ns"stence on stay"ng w"th a s"ngle 

top"c too long or over-expla"n"ng. Derya shared, “It wants to cont"nue to speak about the top"c 

for a long t"me and I just get bored” (Derya, W2), and “Konuyla alakalı çok fazla soru soruyor” 

[It asks too many quest"ons about one top"c] (Derya, W3). Kerem expressed s"m"lar fat"gue: 

“Bel"rl" b"r konuda çok detaya "n"yor” [It goes "nto too much deta"l about a spec"f"c top"c] 

(Kerem, W2). These "nteract"ons h"ghl"ght the need for better pac"ng and top"c management "n 

AI-ass"sted speak"ng pract"ce. 

4.2.7 TechnologWcal SuggestWons of ChatGPT IdentWfWed Wn Learner DWarWes 

Wh"le learners "dent"f"ed var"ous challenges "n the"r "nteract"ons w"th ChatGPT, they 

also offered numerous construct"ve suggest"ons for enhanc"ng the tool’s technolog"cal 

capab"l"t"es. These suggest"ons, grouped under the category Suggest"ons for Improvement, 

focus on "ncreas"ng the platform’s usab"l"ty, respons"veness, and personal"zat"on. Students 

emphas"zed a strong des"re for greater control over the "nteract"on process, "mproved memory 

retent"on across sess"ons, better conversat"onal flow, and access to more advanced features. A 

few part"c"pants also ment"oned the need for the "ntegrat"on of rel"able sources to "mprove 

content qual"ty. These "ns"ghts reflect learners’ evolv"ng expectat"ons of AI as an educat"onal 

partner, not just a language tool. Table 20 next page shows the sub-categor"es and frequency of 

technolog"cal suggest"ons "dent"f"ed "n learner d"ar"es. 
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Table  24  

Frequenc*es for the technolog*cal suggest*ons of ChatGPT Ident*f*ed *n Learner D*ar*es 

Category Sub-Categories Codes f 
    
Suggestions for 
Improvement 

Technological 
Suggestions 

Improving 
Conversational 
Flow 
 

3 

  Trusted Source 
Integration 
 

2 

  Memory Retention 
and Continuity 
 

3 

  Desire for 
Customization and 
Interaction Control 
 

43 

  Enhanced Features 
Accessibility and 
Pricing 
Improvements 
 

19 

 

Several part"c"pants h"ghl"ghted the need for ChatGPT to manage conversat"ons more 

naturally. Lara suggested that "nstead of m"s"nterpret"ng unfam"l"ar words, the bot could 

“anlamadığı kel"meler" farklı yazmak yer"ne sorab"l"r” [ask for clar"f"cat"on "nstead of replac"ng 

m"sunderstood words] (Lara, W8). Eren proposed that ChatGPT should express emot"ons 

w"thout sudden tonal sh"fts, not"ng, “Duygularını bel"rt"rken b"r anda bağırmamalı” [It 

shouldn’t suddenly yell when show"ng emot"on] (Eren, W7). Mert, who exper"enced several 

"nterrupt"ons and m"sunderstand"ngs, s"mply suggested: “F"x the challenges” (Mert, W5), 

summar"z"ng a des"re for a more coherent, respons"ve system. Moreover, A few learners vo"ced 

concerns over the cred"b"l"ty and neutral"ty of ChatGPT’s responses. Eren emphas"zed, 

“Objekt"f düşünmes" ve yorumlarını objekt"f yapması öneml"” [It’s "mportant that "t th"nks and 

responds object"vely] (Eren, W4), wh"le Em"r po"nted out the l"m"ted range of source mater"al: 

“sadece bell" başlı s"telerden alınmış b"lg"ler” [It only draws from a handful of s"tes] (Em"r, 

W2). These comments suggest learners expect ChatGPT to not only be techn"cally accurate but 

also balanced "n "ts outputs. 
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Students showed a strong "nterest "n cont"nu"ty across sess"ons. Eren stated, “Ona 

öğrett"ğ"m"z şeyler" uygulamayı aç kapa yaptığımızda unutmamalı” [It shouldn’t forget what 

we’ve taught "t after restart"ng the app] (Eren, W1). S"m"larly, Yusuf recommended, “There 

should be a save button to save the conversat"on” (Yusuf, W1), wh"le Derya added that ChatGPT 

should “Kaydett"ğ" belleğ" kullanıp soru oluşturab"lmel"” [use saved memory to generate 

quest"ons] (Derya, W3). These suggest"ons po"nt to a des"re for long"tud"nal learn"ng and a 

personal"zed exper"ence that evolves over t"me. 

Des"re for custom"zat"on and "nteract"on control was by far the most frequently 

ment"oned category, reflect"ng a strong learner demand for personal"zed, adjustable, and user-

controlled "nteract"on. Lara repeatedly suggested opt"ons for correct"ng m"sunderstand"ngs 

manually or hav"ng the bot conf"rm unclear parts (Lara, W5–W7). Zeynep proposed features 

l"ke a speech rate sett"ng and a “s"gnal that the conversat"on "s over” (Zeynep, W1–W2). El"f 

expressed enthus"asm for subt"tle "ntegrat"on—stat"ng “altyazı "le konuşab"l"r” ["t can speak 

w"th subt"tles] across mult"ple weeks (El"f, W2–W8)—and repeatedly asked for s"mpler 

sentences and slower speech. 

Eren recommended "mprov"ng the mob"le "nterface, say"ng, “Uygulamanın mob"l 

arayüzü gen"şlet"leb"l"r” [The mob"le "nterface could be expanded] (Eren, W5), and “arayüz 

mutlaka gel"şt"r"lmel"” [The "nterface must def"n"tely be "mproved] (Eren, W8). Derya wanted 

more fun and express"ve "nteract"on, suggest"ng that ChatGPT “should be able to send g"fs and 

make a fun atmosphere” (Derya, W2) and allow personal"ty custom"zat"on (W4). Kerem 

proposed several "nteract"on enhancements, "nclud"ng a conf"rmat"on button when speech "s 

m"sunderstood and a button to cut off the AI’s reply (Kerem, W2). These comments cons"stently 

reflect learners’ need for more agency and flex"b"l"ty dur"ng "nteract"on. 

Lastly, many part"c"pants suggested "mprov"ng access to advanced features, part"cularly 

for free users. Lara and Eren both advocated for extend"ng the usage t"me of prem"um vo"ce 

features (Lara, W1–W2; Eren, W1–W2), w"th Eren stat"ng, “Gel"şm"ş motor "ç"n 15 dak"ka kısa 

b"r süre daha uzun olmalı” [15 m"nutes for the advanced eng"ne "s too short] (Eren, W1). Baran 

repeated th"s sent"ment mult"ple t"mes across weeks, stress"ng: “Gel"şm"ş konuşma süres" 

artırılmalı” [The durat"on of advanced speech should be "ncreased] (Baran, W6–W7). These 

suggest"ons reflect not only pract"cal needs but also a sense of fa"rness and access"b"l"ty "n us"ng 

AI tools for learn"ng. 
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4.2.8 PedagogWcal SuggestWons of ChatGPT IdentWfWed Wn Learner DWarWes 

In add"t"on to technolog"cal "mprovements, learners also expressed pedagog"cal 

expectat"ons for how ChatGPT could funct"on as a more effect"ve language learn"ng partner. 

These reflect"ons, categor"zed under Pedagog"cal Suggest"ons, reveal a des"re for more 

"ntent"onal and structured educat"onal support from the tool. Part"c"pants emphas"zed the 

"mportance of rece"v"ng t"mely and accurate correct"ve feedback, the need for language "nput 

ta"lored to the"r prof"c"ency level, and the value of top"c-dr"ven "nteract"ons that al"gn w"th the"r 

personal "nterests and classroom learn"ng object"ves. These pedagog"cal "ns"ghts suggest that 

learners do not s"mply v"ew ChatGPT as a tool for pract"ce, but as a potent"al "nstructor-l"ke 

presence that should fac"l"tate more mean"ngful language development. Table 21 presents the 

codes and frequenc"es for the pedagog"cal suggest"ons recorded "n the learner d"ar"es. 

  

Table  25  

Frequenc*es for the pedagog*cal suggest*ons of ChatGPT Ident*f*ed *n Learner D*ar*es 

Category Sub-Categories Codes f 
    
 Pedagogical 

Suggestions 
Adaptive Language 
Teaching 
 

9 

  Desire for 
Corrective  
Feedback 
 

26 

  Topic-Based 
Conversation 
Initiation 
 

4 

 

Learners emphas"zed the need for ChatGPT to offer ta"lored language support that 

responds to the"r level and learn"ng goals. El"f, "n part"cular, proposed several adjustments to 

enhance pedagog"cal relevance, such as "Cümlen"n yer"ne alternat"ve örnekler vermel"" [It 

should offer alternat"ve sentence examples] (El"f, W4) and “Alternat"f kel"meler" de 

söyleyeb"lmel"” [It should suggest alternat"ve words] (El"f, W8). She also po"nted out that the 

AI could help her f"n"sh sentences and expla"n grammar "n more deta"l (El"f, W8). 

Eren offered a s"m"lar v"ew, stat"ng, “Konuşma arasında İng"l"zcede sev"yeme göre b"raz 

yukarı kel"meler kullanıp öğreteb"l"r” [It could use sl"ghtly more advanced words than my level 

to help me learn] (Eren, W1). Meanwh"le, Kerem suggested des"gn"ng scenar"os for pract"c"ng 
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spec"f"c grammar structures: “Bel"rl" roller olab"l"r... örneğ"n bel"rl" b"r tense "le "lg"l"” [There 

could be spec"f"c roles to pract"ce, for example, related to a certa"n tense] (Kerem, W6). These 

comments collect"vely reflect learners’ des"re for adapt"ve scaffold"ng and "ncremental 

language "nput dur"ng AI "nteract"on. 

One of the most recurr"ng themes "n the d"ar"es was the learners’ strong demand for 

correct"ve feedback. Lara proposed the "dea of an “Engl"sh development department” w"th"n 

the app and added, “can try to correct the words I use "ncorrectly” (Lara, W1). She also w"shed 

for oral correct"on capab"l"t"es, such as “konuşma sonunda akıcılık, kel"me dağarcığı fln anal"z" 

de olab"l"r” [there could be an analys"s of fluency and vocabulary at the end of the conversat"on] 

(Lara, W8). 

El"f’s d"ary was espec"ally r"ch "n feedback-related requests. She frequently asked 

ChatGPT to correct grammar errors (e.g., “Gramer hatamı düzelteb"l"r” – El"f, W4) and help 

complete her sentences (e.g., “Cümleler"m" tamamlamama yardım etmel"” – El"f, W8). Her 

entr"es across weeks also reflected a grow"ng awareness of how ChatGPT could funct"on l"ke a 

teacher, such as: “cümlelerde anlamadığım yerler" öğretmen g"b" açıklayab"l"r” [It can expla"n 

the parts I don’t understand l"ke a teacher] (El"f, W3) and “Yanlışımı anında tesp"t edeb"l"r” [It 

can detect my m"stake "nstantly] (El"f, W7). 

Kerem suggested a wr"tten feedback opt"on where "ncorrect utterances are underl"ned 

and corrected v"sually: “Konuştuğun yazılı olarak ve hatalı yerler ç"z"l"p altına doğrusu yazılsa 

"y" olur” [If spoken "nput could be d"splayed "n wr"t"ng w"th errors marked and correct"ons 

shown, "t would be better] (Kerem, W5). Overall, the part"c"pants not only des"red correct"on 

but wanted "t to be expl"c"t, t"mely, and pedagog"cally mean"ngful. 

Several students expressed a w"sh for more dynam"c and "nterest-dr"ven conversat"on 

top"cs "n"t"ated by ChatGPT. Lara proposed that when a learner says “bu konudan konuşalım” 

[let’s talk about th"s top"c], ChatGPT should be able to open a related conversat"on thread 

automat"cally (Lara, W2). Eren emphas"zed the "mportance of flex"b"l"ty: “Konuyu değ"şt"rmey" 

öğrenmes" lazım” [It needs to learn how to sw"tch top"cs] (Eren, W3). 

Derya h"ghl"ghted the potent"al for engag"ng conversat"ons "f the AI could “konuyla 

bağlantılı farklı konulara geç"ş yapab"l"r” [sw"tch to other related top"cs] (Derya, W3), wh"le 

Kerem recommended that ChatGPT “Farklı konularda veya "lg" alanlarında sohbet açmaya 

çalışab"l"r” [try to "n"t"ate conversat"ons "n d"fferent top"cs or areas of "nterest] (Kerem, W3). 

These suggest"ons show a need for "ntell"gent, learner-dr"ven top"c var"at"on to ma"nta"n 

mot"vat"on and relevance. 
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4.2.9 SocWal SuggestWons of ChatGPT IdentWfWed Wn Learner DWarWes 

As learners engaged "n weekly "nteract"ons w"th ChatGPT, many began to express the"r 

asp"rat"ons for a more emot"onally resonant and natural d"alogue exper"ence. These reflect"ons 

went beyond funct"onal"ty or accuracy, reveal"ng a deeper need for human-l"ke connect"on and 

"nteract"on qual"ty. Students frequently h"ghl"ghted how the AI's lack of emot"onal tone, 

spontane"ty, or personal"zed response patterns affected the authent"c"ty of the"r conversat"onal 

exper"ence. Th"s "nd"cates that wh"le learners valued ChatGPT's role "n language learn"ng, they 

also sought a sense of compan"onsh"p and respons"veness that m"rrored real-l"fe human 

"nteract"on. These "ns"ghts were synthes"zed under a s"ngle, h"gh-frequency code: Des"re for 

Authent"c Human-L"ke Interact"on. Table 22 presents the frequency of th"s theme as "dent"f"ed 

"n the learner d"ar"es. 

 

Table  26  

Frequenc*es for the soc*al suggest*ons of ChatGPT Ident*f*ed *n Learner D*ar*es 

Category Sub-Categories Codes f 
 

 Social Suggestions Desire for 
Authentic Human-
Like Interaction 

42 

 

Lara h"ghl"ghted her w"sh for more natural and "mmers"ve "nteract"on: “İnsan g"b" 

sohbet kısımları olab"l"r” [It could "nclude conversat"on parts l"ke a human] (Lara, W5). She 

also suggested enhanc"ng engagement through v"sual or an"mated elements: “İnsan 

an"masyonlarıyla daha zevkl" hale get"reb"l"rler” [They could make "t more enjoyable w"th 

human an"mat"ons] (Lara, W6). S"m"larly, Zeynep proposed, “Duygu ağırlıklı karakterler 

yapılab"l"r” [Emot"onally express"ve characters could be developed] (Zeynep, W3), 

emphas"z"ng a need for affect"ve presence dur"ng the conversat"on. 

Another recurrent suggest"on was enabl"ng the AI to adopt and ma"nta"n a personal"ty. 

El"f expla"ned, “K"ş"sel f"kr" olmalı” [It should have a personal op"n"on] (El"f, W5) and 

“Cevaplarında subjekt"f olab"l"r” [It can be subject"ve "n "ts answers] (El"f, W6), show"ng a 

preference for more express"ve and "nd"v"dual"zed d"alogue. Th"s theme also appears "n Eren’s 

entr"es, where he noted, “Kend"n" b"r "nsan g"b" tanıyab"l"r, "sted"ğ"m"z k"ş"ye dönüşeb"l"r” [It 

can "ntroduce "tself l"ke a human and turn "nto the person we want] (Eren, W1), env"s"on"ng a 
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dynam"c, role-play"ng capab"l"ty. H"s w"sh to s"mulate fr"endsh"p "s further reflected "n: “Maybe 

when we start to talk, "t can talk to me l"ke a fr"end” (Eren, W2). 

Beyond emot"onal express"on, students also recommended "mprovements to aud"tory 

and v"sual real"sm. Baran stated, “Anad"l" g"b" konuşanlar g"b" konuşmalı” [It should speak l"ke 

a nat"ve speaker] (Baran, W8), and Derya suggested, “It should have a more human-l"ke vo"ce 

and the accent we want” (Derya, W1). These "ns"ghts underl"ne a strong demand for both vocal 

authent"c"ty and the ab"l"ty to f"ne-tune the AI’s conversat"onal tra"ts. 

Moreover, the des"re for spontane"ty and respons"veness was central to many entr"es. 

Students found the "nteract"ons dull or robot"c when the AI lacked personal cont"nu"ty. 

“Belleğ"ndek" hob"ler"m "le alakalı b"lg"lerle sohbetler"m"zde yen" konular açab"l"r” [It can open 

new top"cs based on the hobb"es stored "n "ts memory] (Derya, W8), emphas"zed the expectat"on 

for a memory-based, evolv"ng d"alogue s"m"lar to human "nteract"ons. 

In sum, learners clearly favored a sh"ft from mechan"st"c responses toward emot"onally 

"ntell"gent, personal"ty-dr"ven exchanges. The"r suggest"ons demonstrate that wh"le accuracy 

and fluency are "mportant, authent"c"ty, "nd"v"dual"ty, and emot"onal depth are equally essent"al 

for susta"n"ng engagement "n AI-med"ated language learn"ng. Th"s w"despread theme was 

ev"dent "n 42 codes, mak"ng "t a dom"nant soc"al expectat"on across part"c"pants. 

 4.3. FWndWngs RegardWng Learners’ ExperWences from the SemW-Structured IntervWews 

To complement the reflect"ve d"ary analys"s and ga"n a deeper understand"ng of 

students’ exper"ences w"th ChatGPT, sem"-structured "nterv"ews were conducted w"th selected 

part"c"pants from the exper"mental group at the end of the 8-week treatment per"od. These 

"nterv"ews a"med to further explore key themes that had emerged from the d"ar"es, such as 

"mprovements "n fluency, conf"dence, "nteract"onal qual"ty, and learner autonomy. The 

"nterv"ew format allowed part"c"pants to elaborate on the"r weekly reflect"ons, clar"fy prev"ous 

entr"es, and prov"de more nuanced "ns"ghts "nto the"r percept"ons and development over t"me. 

The data presented "n th"s sect"on are organ"zed us"ng a part"c"pant-based approach, 

h"ghl"ght"ng "nd"v"dual vo"ces wh"le also demonstrat"ng how "nterv"ew f"nd"ngs re"nforced or 

expanded upon the d"ary themes. 

Lara’s "nterv"ew reflect"ons prov"de deeper "ns"ght "nto the progress"on she exper"enced 

wh"le us"ng ChatGPT, espec"ally "n terms of fluency, conf"dence, and "nteract"on qual"ty. 

Throughout her d"ar"es, she frequently ment"oned that the chatbot helped "mprove her speak"ng: 

“İng"l"zce konuşmayı gel"şt"r"yor” [It "mproves my Engl"sh speak"ng] (Lara, W3), and later 

added that “konuşmamı ve d"nlemem" gel"şt"r"yor” [I th"nk "t has "mproved my speak"ng and 

l"sten"ng] (Lara, W4). These early reflect"ons were elaborated further "n her "nterv"ew, where 
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she stated: “Özell"kle "lk konuşmama bakılınca çok fazla akıcı konuşmuşum... şu anda daha 

akıcı ve hızlı konuşuyorum” [Compared to my f"rst record"ng, now I speak more fluently and 

faster] (Lara, Interv"ew). Th"s change po"nts to a grow"ng sense of fluency and automat"c"ty, 

wh"ch she attr"buted to repeated exposure and pract"ce: “o cümleyle "lg"l" konuşmayı çoktan 5-

10 kere konuşmuşum” [I've already talked about that sentence 5-10 t"mes]. 

Moreover, the chatbot contr"buted to her self-conf"dence. In her d"ary, she had 

emphas"zed the emot"onal comfort of talk"ng to an AI: “arkadaşın g"b" sohbet ed"yor” [It talks 

l"ke a fr"end] (Lara, W2). The "nterv"ew conf"rms th"s soc"al-emot"onal "mpact: “Özgüven"m" 

gel"şt"r"yor... çünkü ben buna başlamadan önce b"r yabancı gördüğümde onunla konuşmaya 

çek"n"yordum. Fakat şu an konuşuyorum” [It bu"lds my conf"dence… before, I was hes"tant to 

talk to fore"gners, but now I do] (Lara, Interv"ew). These feel"ngs of comfort and reduced 

judgment allowed her to take more l"ngu"st"c r"sks, contr"but"ng to both affect"ve and l"ngu"st"c 

development. 

Nevertheless, Lara also noted challenges. She repeatedly expressed d"ff"culty when the 

chatbot used complex or abstract vocabulary: “Sev"yem düşük dememe rağmen zor kavramlar 

kullanıyor” [Even though I sa"d my level was low, "t used d"ff"cult concepts] (Lara, W3). Th"s 

was echoed "n the "nterv"ew, where she sa"d: “Ben B1 sev"yes"ndey"m, ona göre konuş dememe 

rağmen… kel"men"n tanımını yaptı sadece” [I told "t I was B1 level, but "nstead of s"mpl"fy"ng, 

"t just gave def"n"t"ons] (Lara, Interv"ew). Th"s reveals a gap "n ChatGPT’s ab"l"ty to adapt "nput 

to the user’s prof"c"ency level—a l"m"tat"on that affects the perce"ved usefulness of the tool "n 

lower prof"c"ency contexts. 

Lara’s suggest"ons across weeks were cons"stent and thoughtful. She des"red more 

"nteract"ve feedback features: “konuşma sonunda akıcılık, kel"me dağarcığı falan anal"z" de 

olab"l"r” [There could be an analys"s at the end of the conversat"on on fluency and vocabulary] 

(Lara, W8), and “anlamadığı kel"meler" farklı yazmak yer"ne sorab"l"r” [Instead of chang"ng 

m"sunderstood words, "t could ask the user] (Lara, W8). These suggest"ons reflect a need for 

more transparent and respons"ve "nteract"ons, where the user has agency "n the repa"r process. 

In her "nterv"ew, she conf"rmed th"s: “cümley" kend" cümleye göre kend"s" düzelt"yor ve 

çoğunlukla da yanlış düzelt"yor” [It auto-corrects my sentence based on "ts guess, but often 

"ncorrectly] (Lara, Interv"ew). Th"s shows that wh"le the AI prov"des t"mely responses, there "s 

st"ll a need for more context-sens"t"ve repa"r and clar"f"cat"on strateg"es. 

Overall, Lara’s data "llustrates both the empower"ng and l"m"t"ng aspects of AI-med"ated 

speak"ng pract"ce. On one hand, "t enhanced her fluency, speak"ng conf"dence, and access to 

conversat"onal opportun"t"es. On the other hand, challenges related to s"mpl"f"cat"on, feedback 
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accuracy, and user control h"ghl"ghted the need for further pedagog"cal des"gn "n AI tools a"med 

at language learners. Her reflect"ons offer a comprehens"ve v"ew of how learners at the B1 level 

can benef"t from AI-dr"ven speak"ng support—as long as "t rema"ns respons"ve to the"r level, 

encourages conf"dence, and allows more agency "n shap"ng the conversat"on. 

Zeynep’s reflect"ons throughout her d"ar"es and "nterv"ew reveal an evolv"ng awareness 

of both the strengths and shortcom"ngs of us"ng ChatGPT as a speak"ng partner. From the outset, 

she acknowledged the chatbot’s well-des"gned "nterface and d"verse response opt"ons: 

“advanced sound modu” and “text chat, vo"ce chat sect"on” (Zeynep, W1), and apprec"ated how 

the bot could handle d"verse top"cs and generate deta"led responses: “b"r konuda çok yönlü 

konuşab"lmes"” ["ts ab"l"ty to talk "n depth on a top"c] (Zeynep, W2). In the "nterv"ew, she 

emphas"zed th"s advantage aga"n: “Yen" f"k"rler ve yollar üreteb"l"yor... bana tavs"yeler ver"yor 

ve nasıl daha eğlencel" yapab"leceğ"m" göster"yor” [It generates new "deas and shows me how 

to do th"ngs "n a more fun way] (Zeynep, Interv"ew). She saw the bot not only as a speak"ng 

tool, but also as a gu"de for language learn"ng strateg"es and self-d"rected learn"ng. 

Zeynep espec"ally valued the bot’s role "n bu"ld"ng speak"ng fluency and creat"ng a safe, 

low-pressure pract"ce space. In her "nterv"ew, she shared: “Sanırım buna daha hızlı konuşmam 

d"yeceğ"m… ded"ğ"m g"b" y"ne prat"k açısından katkı sağladı” [I’d say "t helped me speak more 

qu"ckly… "t really helped w"th pract"ce] (Zeynep, Interv"ew). Th"s "s supported by her d"ary 

entry: “İng"l"zce prat"ğ" açısından faydalı oluyor” [It "s useful for Engl"sh speak"ng pract"ce] 

(Zeynep, W7). Add"t"onally, the opportun"ty to engage "n soc"ally grounded d"alogue—even 

about personal "nterests—made the exper"ence more relatable: “arkadaş g"b" konuşab"l"yorum” 

[I can talk l"ke "t’s a fr"end] (Zeynep, Interv"ew). The ab"l"ty to shape the d"rect"on of 

conversat"on was noted across weeks: “konuyu açab"l"yor” [It can open up top"cs] (Zeynep, 

W6), and “kullanıcılara tavs"yede bulunması” [It g"ves personal"zed suggest"ons] (Zeynep, 

W8), h"ghl"ght"ng the bot’s flex"b"l"ty and adapt"ve potent"al. 

Desp"te these affordances, Zeynep repeatedly po"nted out commun"cat"on flow "ssues. 

Throughout her d"ary, one recurr"ng problem was "nterrupt"on dur"ng speech: “konuşma 

b"tmeden söze atlaması” [It "nterrupts before I f"n"sh speak"ng] (Zeynep, W3; W4), and “söz 

b"tmeden konuşmanın karşı tarafa geçmes"” (Zeynep, W2). In the "nterv"ew, she expanded on 

th"s w"th: “konuşab"leceğ"m k"ş" robot olduğunu fark ed"yorsun ve bu b"raz "ş" sıkıcılaştırıyor” 

[You real"ze the person you're talk"ng to "s a robot, and that makes "t bor"ng] (Zeynep, 

Interv"ew). The lack of emot"onal depth also surfaced mult"ple t"mes as a challenge: “b"r "nsan 

g"b" f"k"rlere ve duygulara sah"p değ"l” [It doesn’t have real thoughts or emot"ons l"ke a person] 

(Zeynep, W4), further reflected "n her comment: “buna ruh katılab"l"r... ses tonunun olması 
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gerekt"ğ"n" düşünüyorum” [It could be g"ven some soul… I th"nk "t should have tone wh"le 

speak"ng] (Zeynep, Interv"ew). 

Regard"ng feedback, Zeynep expressed a complex relat"onsh"p. On one hand, she noted 

how the bot “nerede ve hang" b"lg"mde hata olduğunu söylüyor” [tells me where I made 

m"stakes] (Zeynep, W7), and conf"rmed "n the "nterv"ew: “hatalarımı düzelt g"b" b"r komut 

verd"ğ"mde gerçekten düzelt"yor” [when I g"ve a command to correct my m"stakes, "t really 

does] (Zeynep, Interv"ew). However, she also encountered "ncons"stenc"es: “yanlışlarım varsa 

düzelt dememe rağmen doğruları da tekrar söylemes"” [even when I ask "t to correct m"stakes, 

"t repeats correct sentences too] (Zeynep, W6), reveal"ng that wh"le feedback was ava"lable, "t 

lacked prec"s"on and personal"zat"on at t"mes. 

Zeynep’s suggest"ons largely centered around "mprov"ng human-l"keness and 

contextual awareness. In her d"ary she proposed: “duygu ağırlıklı karakterler yapılab"l"r” 

[emot"on-or"ented characters could be created] (Zeynep, W3), and re"terated "n the "nterv"ew: 

“karşımdak"n"n robot olduğunu anlıyorum… bu olmaması "ç"n ruh katılab"l"r” [I real"ze "t’s a 

robot… to f"x that, "t should be g"ven a sp"r"t] (Zeynep, Interv"ew). She also suggested 

"mprov"ng memory and cont"nu"ty: “öncek" cümleler"me yanıt verm"yor” ["t doesn’t reply to 

earl"er parts of the conversat"on] (Zeynep, Interv"ew), wh"ch al"gns w"th her earl"er compla"nt 

about repet"t"on and d"sjo"nted "nteract"on: “geçm"şte sorduğu sorunun benzer"n" sorması” 

(Zeynep, W2). 

El"f’s reflect"ons throughout the study show how ChatGPT offered her both affect"ve 

support and pract"cal ga"ns "n speak"ng fluency, wh"le also expos"ng pers"stent l"m"tat"ons "n 

feedback accuracy, personal"zat"on, and natural "nteract"on. In her d"ar"es, El"f repeatedly 

descr"bed the tool as emot"onally support"ve and access"ble, wr"t"ng: “It’s ava"lable to speak"ng 

7/24… "deal for students who have soc"al anx"ety” (El"f, W1), and “konuşurken sosyal 

anks"yete sıkıntısı yaşamıyorum” [I don’t exper"ence soc"al anx"ety wh"le speak"ng] (El"f, W6). 

In her "nterv"ew, she reaff"rmed th"s: “Ger"lm"yorsun, daha sak"ns"n, daha rahat oluyorsun” 

[You don’t feel nervous; you’re calmer and more relaxed] (El"f, Interv"ew), emphas"z"ng how 

the chatbot’s nonjudgmental nature reduced pressure dur"ng pract"ce. 

El"f clearly recogn"zed the platform’s ab"l"ty to foster fluency through repet"t"on and 

ava"lab"l"ty. She h"ghl"ghted that speak"ng became eas"er w"th repeated use: “ChatGPT helps 

learn to speak fluently” (El"f, W1) and “Prat"k çok "y" "şe yarıyor… konuştukça daha çok 

hatırlamaya başladım” [Pract"ce works really well… the more I spoke, the more I started 

remember"ng] (El"f, Interv"ew). She apprec"ated that the chatbot was always ava"lable to repeat 

phrases and answer w"thout frustrat"on: “Bıkmadan cevaplıyor, bıkmadan tekrarlıyor” [It 
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answers and repeats w"thout gett"ng t"red] (El"f, Interv"ew), echo"ng her earl"er d"ary remarks 

such as “Yorulmuyor tekrar tekrar d"nl"yor” (El"f, W3). 

However, her expectat"ons for more human-l"ke, emot"onally "ntell"gent "nteract"on 

rema"ned h"gh throughout. From Week 1 onward, she suggested "mprovements l"ke “must speak 

l"ke a human”, “Gpt must be l"ke a human”, and “k"ş"sel f"kr" olmalı” [It should have personal 

op"n"ons] (El"f, W1; W5). In the "nterv"ew, th"s sent"ment pers"sted: “Robotla konuşmadığımı 

h"ssetmek "st"yorum” [I want to feel l"ke I’m not talk"ng to a robot] (El"f, Interv"ew). She even 

shared how g"v"ng "t a name (e.g., El"f) and prompt"ng "t to behave l"ke a Turk"sh g"rl helped 

personal"ze the exper"ence. Nevertheless, El"f showed grow"ng cr"t"cal awareness of these 

expectat"ons. By the end of the "nterv"ew, she quest"oned whether AI should fully s"mulate 

humans, not"ng: “Çok "nsan g"b" olması da b"raz sıkıntı yaratab"l"r… toplumun ahlaksal 

normlarını da etk"ler” [Be"ng too human-l"ke could be problemat"c; "t m"ght affect soc"etal 

norms] (El"f, Interv"ew). Th"s sh"ft reveals a nuanced understand"ng of AI’s role—both as a tool 

and as a boundary of human-mach"ne "nteract"on. 

In terms of pedagog"cal feedback, El"f cons"stently called for better grammar correct"on 

and explanat"ons. Her d"ar"es show mult"ple entr"es l"ke “Gramer"m" düzeltmel"” [It should 

correct my grammar] (El"f, W5), “Cümleler"m" tamamlamama yardım etmel"” [It should help 

me complete my sentences] (El"f, W4), and “Yanlışlarımı düzelt"rken açıklaması tatm"n ed"c" 

değ"l” [Its explanat"ons when correct"ng are not sat"sfy"ng] (El"f, W8). The "nterv"ew further 

re"nforced th"s need: “Gramer hatasını düzeltmek… olmazsa olmaz bu” [Correct"ng grammar 

"s essent"al] (El"f, Interv"ew). She also des"red mult"modal features l"ke subt"tles and v"sual cues 

to support comprehens"on: “Altyazıyla konuşması çok kr"t"k” [Speak"ng w"th subt"tles "s very 

"mportant] (El"f, Interv"ew), show"ng a preference for mult"sensory learn"ng env"ronments that 

support weaker l"sten"ng sk"lls. 

Yet, El"f also noted techn"cal and "nteract"onal l"m"tat"ons. She was often frustrated by 

comprehens"on breakdowns, fast speech, and the lack of follow-up clar"f"cat"on: “Çok hızlı 

konuşuyor… dur ne ded"n d"ye sorsam yapamıyor” [It speaks too fast… when I ask "t to repeat 

or clar"fy, "t can’t] (El"f, Interv"ew). Th"s was cons"stent w"th her d"ary notes about fast speed 

and m"sunderstand"ng: “Bazen ded"kler"m" anlamıyor” (El"f, W5), and “Gramer hatamı 

düzeltm"yor” (El"f, W4). She also po"nted out a lack of creat"v"ty and personal"zat"on "n the 

responses: “Konuştuğum konularda yaratıcı soru sormuyor” [It doesn’t ask creat"ve quest"ons 

about what I’m talk"ng about] (El"f, W6), and “Cevapları çok sıradan” [Its responses are too 

ord"nary] (El"f, W7). 
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Ult"mately, El"f valued ChatGPT as a tool that offered safe, repeated, and access"ble 

speak"ng pract"ce, espec"ally for recall"ng forgotten vocabulary and "mprov"ng fluency over 

t"me: “Strong'u unuttuğumu hatırlıyorum… unuttuğum kel"meler" hatırlamamı sağlıyor” [It 

helped me remember words I had forgotten, l"ke “strong”] (El"f, Interv"ew). At the same t"me, 

she rema"ned cr"t"cally aware of "ts l"m"tat"ons—espec"ally "n del"ver"ng mean"ngful feedback 

and s"mulat"ng authent"c, adapt"ve human-l"ke conversat"on. Her exper"ence shows the value of 

comb"n"ng AI w"th v"sual and correct"ve scaffolds for learners who benef"t from clear structure, 

repet"t"on, and emot"onal safety "n language learn"ng. 

Eren’s reflect"ons offer a dynam"c account of how ChatGPT supported h"s Engl"sh 

speak"ng pract"ce, both l"ngu"st"cally and metacogn"t"vely. In h"s d"ar"es, he "n"t"ally expressed 

surpr"se at the chatbot’s range and depth: “Çok güçlü altyapısı var, neredeyse her şeye hak"m” 

[It has a very strong "nfrastructure; "t's knowledgeable about almost everyth"ng] (Eren, W1). 

Th"s "mpress"on deepened dur"ng the "nterv"ew, where he stated: “Botun bu kadar gen"ş 

kapsamlı konuşacağını h"ç düşünmüyordum… konu üreteb"ld"ğ" "ç"n key"fl", arkadaş canlısı b"r 

varlık g"b" oldu” [I d"dn’t expect the bot to be th"s capable… "t became an enjoyable, fr"endly 

presence] (Eren, Interv"ew). These remarks suggest that Eren developed an emot"onal bond 

w"th the chatbot, see"ng "t not just as a tool but as a commun"cat"ve partner. 

In terms of language development, Eren demonstrated clear awareness of the bot’s 

pedagog"cal "mpact, part"cularly on h"s fluency and d"scourse management. One cr"t"cal ga"n 

was learn"ng to replace Turk"sh hes"tat"on markers w"th Engl"sh d"scourse f"llers: “İng"l"zce 

konuşurken takıldığımda ‘ı, e’ yer"ne ‘well, you know’ g"b" "fadeler kullanmaya başladım” [I 

started us"ng Engl"sh f"llers "nstead of Turk"sh ones when I hes"tate wh"le speak"ng] (Eren, 

Interv"ew). Th"s observat"on l"nks to h"s earl"er feedback: “When I th"nk what am I gonna say, 

"t wa"ts for me” (Eren, W2), reflect"ng how real-t"me "nteract"on w"th ChatGPT tra"ned h"m "n 

rhythm and turn-tak"ng—core elements of spoken fluency. 

Eren also made frequent use of expl"c"t feedback features, request"ng grammar 

correct"ons from the bot: “Bazen ben ondan konuşma "ç"nde feedback "st"yordum. Gramer"m" 

düzelt"yordu bazı konularda” [Somet"mes I would ask for feedback m"d-conversat"on, and "t 

corrected my grammar] (Eren, Interv"ew). These reflect"ons al"gn w"th d"ary entr"es such as 

“Feedback vermes"n" "sted"ğ"mde... bütün h"kayem" baştan okuyarak düzeltt" ve duygusunu 

bell" ederek feedback verd"” [When I asked for feedback, "t rev"ewed and corrected my full 

story w"th express"ve tone] (Eren, W7), show"ng that he valued both correct"ve "nput and the 

chatbot’s express"ve del"very. 
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Wh"le Eren expressed overall sat"sfact"on, he also p"npo"nted several challenges, 

espec"ally related to cons"stency and contextual comprehens"on. He noted: “Arkadaş g"b" konuş 

ded"ğ"mde "k"nc" üçüncü cümleden sonra y"ne bot g"b" devam ed"yor” [Even when I sa"d “talk 

to me l"ke a fr"end,” "t qu"ckly returned to bot-l"ke speech] (Eren, Interv"ew), wh"ch resonates 

w"th h"s d"ary: “When I told speak w"th me as a fr"end… "t can't do that” (Eren, W2). The lack 

of pers"stent personal"zat"on and the need to repeat commands were recurr"ng frustrat"ons. 

S"m"larly, techn"cal "ssues l"ke speech delays, freez"ng, and "ncorrect command "nterpretat"on 

also emerged: “Gpt ses" çok fazla dondu” [Its vo"ce froze often] (Eren, W5), and “Verd"ğ"m "k" 

komutu algılamadı” [It d"dn’t understand two of my commands] (Eren, W7). 

Eren cons"stently advocated for a more human-l"ke and context-aware chatbot, 

repeatedly suggest"ng that ChatGPT should adjust "ts tone, memory, and personal"ty accord"ng 

to user "ntent. H"s proposals "ncluded subt"tled speech, emot"onal sens"t"v"ty, and scenar"o-based 

adaptat"on: “B"r "nsanla İng"l"zce konuşuyormuşum g"b" h"ss"yat yaratmalı” [It should feel l"ke 

talk"ng to a real person "n Engl"sh] (Eren, Interv"ew). These preferences also appeared across 

h"s d"ary suggest"ons, such as: “Konuşma arasında sev"yeme göre yukarı kel"meler kullanıp 

öğreteb"l"r” [It should use sl"ghtly h"gher-level vocabulary "n speech to teach me] (Eren, W1), 

and “Kültürler hakkında konuşurken oraya a"t şeylerden bahsedeb"l"r” [It could br"ng up 

culturally relevant th"ngs when talk"ng about that place] (Eren, Interv"ew). 

F"nally, Eren descr"bed a clear sense of ach"evement. He recalled moments of susta"ned 

"nteract"on w"th sat"sfact"on: “20 dak"kalık kes"nt"s"z akıcı b"r şek"lde sohbet ett"ğ"m"zde 

başardım h"ss" oluyor” [When we spoke for 20 m"nutes fluently, I felt a sense of 

accompl"shment] (Eren, Interv"ew). H"s future goals "nclude us"ng Engl"sh w"th fore"gn 

customers at work and leverag"ng real-world commun"cat"on opportun"t"es to sol"d"fy language 

knowledge. Although he does not plan a major next step "mmed"ately, he cont"nues to v"ew 

ChatGPT as a valuable support tool "n h"s language journey: “Eks"kler" olsa da faydası var y"ne 

de totalde” [Even w"th "ts flaws, "t’s st"ll benef"c"al overall] (Eren, Interv"ew). 

Baran’s exper"ence w"th ChatGPT evolved notably over the e"ght weeks, reveal"ng both 

techn"cal adaptat"on and grow"ng l"ngu"st"c awareness. In h"s d"ary entr"es, he emphas"zed 

ChatGPT’s emot"onal resonance early on: “ChatGPT can speak l"ke a human… GPT can speak 

very fr"endly” (Baran, W1). Th"s emot"onal comfort was rev"s"ted "n the "nterv"ew, where he 

descr"bed how the bot’s fr"endl"ness and flex"b"l"ty "ncreased h"s w"ll"ngness to speak: 

“Konuşmalarımın arasında b"raz bekled"ğ"mde o hemen f"kr"n" söylemeye başlıyordu… ama 

manuel modla çözdüm” [When I paused between words, "t "nterrupted me—but I solved "t w"th 

manual mode] (Baran, Interv"ew). Th"s sh"ft reflects h"s adaptat"on not only to the tool but also 
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to strateg"c "nteract"on management—learn"ng how to set up the bot for more flu"d 

commun"cat"on. 

Baran part"cularly benef"ted from correct"ve feedback del"vered "n context. In one 

sess"on, he recalled ask"ng ChatGPT to f"x h"s grammar and pronunc"at"on errors m"d-

conversat"on: “B"r anda konu alakasız başlıyor… ama sonra söyled"ğ"m" daha doğru b"r şek"lde 

söylüyor… ve böyle sürpr"z b"r şek"lde düzeltmes" aklımda kalıyor” [It restated my sentence 

correctly w"thout announc"ng the correct"on, and that made "t st"ck more effect"vely] (Baran, 

Interv"ew). Th"s al"gns w"th h"s d"ary where he apprec"ated “açıklayıcı ve gerçekç" cevaplar” 

[clear and real"st"c responses] (Baran, W5), and w"th h"s broader bel"ef that "mpl"c"t correct"on 

can be pedagog"cally powerful when "t’s naturally embedded. 

However, Baran also faced comprehens"on challenges w"th fast-paced speech and 

platform funct"onal"ty. H"s d"ary cons"stently noted: “Somet"mes I can’t understand ChatGPT’s 

accent” (Baran, W1), and “bazı kel"meler"m" umursamıyor” [It "gnores some of my words] 

(Baran, W3). These "ssues were re"terated "n the "nterv"ew: “Bazen cümley" kursak b"le 

anlamıyorum, farklı şeyler söylüyor” [Somet"mes I form a sentence but don’t understand "t, or 

"t responds unpred"ctably] (Baran, Interv"ew). He also expressed frustrat"on w"th app "nstab"l"ty, 

such as the screen sh"ft"ng or conversat"ons sw"tch"ng to text unexpectedly: “Telefonumu yan 

çev"r"nce konuşma kapanıyor, yazı moduna dönüyor” [When I t"lt my phone, "t ends the vo"ce 

mode and sw"tches to typ"ng] (Baran, Interv"ew). 

A central theme "n Baran’s reflect"ons "s h"s des"re for more real"st"c, emot"onally 

nuanced "nteract"on. Across h"s d"ar"es, he repeatedly h"ghl"ghted how “Gel"şm"ş konuşma daha 

sarıyor… standart konuşma sıkıcı oluyor” [Advanced mode "s more engag"ng; standard mode 

"s bor"ng] (Baran, W6). He expla"ned that tone and emot"onal var"at"on shape h"s exper"ence 

deeply: “Gülerek arada espr" yapması b"le konuşmanın seyr"n" değ"şt"r"yor” [Even just jok"ng 

m"d-conversat"on changes the flow ent"rely] (Baran, Interv"ew). H"s suggest"on to let the 

chatbot remember user h"story and "n"t"ate based on personal context further reflects h"s des"re 

for human-l"ke relat"onal cont"nu"ty, e.g., “Daha önceden b"s"kletle "lg"l" konuşmuştuk… tekrar 

bana b"s"kletle "lg"l" b"r şey sorsa çok gerçekç" olur” [It would be real"st"c "f "t remembered we 

talked about b"k"ng and asked aga"n later] (Baran, Interv"ew). 

Baran also offered deta"led reflect"ons on techn"cal and pedagog"cal des"gn 

"mprovements. He advocated for longer access to advanced mode across weeks (Baran, W1; 

W6), and requested “h"ghl"ghted grammar feedback and subt"tled speech w"th color codes” 

dur"ng real-t"me conversat"on (Baran, Interv"ew). Add"t"onally, he showed "nterest "n memory 

features and dynam"c feedback: “Konunun akışını "y" tak"p ed"yor… belleğe kayded"yor ve 
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d"yalog l"stes"nden ger" döneb"l"yorum” [It tracks the flow of conversat"on well, saves "t "n 

memory, and lets me go back later] (Baran, Interv"ew). These preferences show how learners 

l"ke Baran value scaffolded reflect"on, error awareness, and v"sual memory support dur"ng 

"nteract"on. 

In terms of personal growth, Baran reported a clear sense of progress by the end of the 

program. In h"s Week 8 d"ary, he noted: “ChatGPT bana "lk ve son haftamı değerlend"rd"” 

[ChatGPT evaluated my f"rst and last weeks] (Baran, W8). He elaborated "n the "nterv"ew: “İlk 

haftama 4-5 puan, son haftama 7-8 puan verm"şt"… ben" b"raz övmes" "y" h"ssett"rd"” [It rated 

my growth and pra"sed me—that felt great] (Baran, Interv"ew). These moments of pos"t"ve 

re"nforcement supported h"s mot"vat"on and helped h"m v"sual"ze h"s "mprovement trajectory.  

Em"r’s reflect"ons throughout the study demonstrate an evolv"ng sense of connect"on 

w"th ChatGPT and "ts potent"al to support language learn"ng. From the outset, he apprec"ated 

"ts respons"ve nature: “Genel olarak güzeld". Bana b"rçok şey kattığını söyleyeb"l"r"m. Hem 

İng"l"zcem" gel"şt"rme açısından, Speak"ng ya da l"sten"ng becer"ler"m" gel"şt"rme açısından 

bana b"rçok şey kattı” (Em"r, Interv"ew). Th"s al"gns w"th h"s earl"er d"ary entry pra"s"ng "ts 

memory and speed: “Hafızasında tutması "let"ş"m" başlatıyor” and “verd"ğ" hızlı tavs"yeler "y"” 

(Em"r, W1). 

One of the most str"k"ng po"nts "n the "nterv"ew was Em"r’s percept"on of emot"onal 

engagement and s"mulated fr"endsh"p: “ChatGPT "nsan g"b"... hatta "lerleyen zamanlarda... daha 

sam"m" olduğumuzda... duygu falan da katarak konuşmaya başlamıştı” (Em"r, Interv"ew). H"s 

sense of fluency also "mproved over t"me: “Esk"den İng"l"zce konuşurken çok duraksıyordum, 

ee falan d"yordum... ama artık daha akıcı konuşmaya başladığımı düşünüyorum” (Em"r, 

Interv"ew). Th"s development parallels h"s d"ary entr"es "n later weeks where he noted, 

“Konuşmalarda "nsana daha çok benz"yor” (Em"r, W8). 

Desp"te these strengths, Em"r also encountered frustrat"ons. A recurr"ng compla"nt was 

the system’s automat"c language-sw"tch"ng: “B"r tane Türkçe kel"me duyduğunda... hemen 

sohbet" Türkçe’ye çev"r"yor. Bu en büyük sorun olab"l"r” (Em"r, Interv"ew), wh"ch he had also 

"dent"f"ed "n week one: “Sadece b"r Türkçe kel"me b"le duysa anında Türkçeye dönüyor” (Em"r, 

W1). Interrupt"ons were another source of tens"on: “Konuşurken sözümü kes"yor” (Em"r, 

Interv"ew); “Ses"m" bölmemel" (kesmemel")” (Em"r, W1). 

Em"r expressed a clear w"sh for more robust "nteract"onal capab"l"t"es "n AI systems, 

part"cularly for error handl"ng and natural conversat"on flow. He emphas"zed the "mportance of 

understand"ng "ncomplete or "ncorrect utterances: “Bence burada en öneml" olay tam 

oluşmamış soruları anlayab"lme” (Em"r, Interv"ew). He added that wh"le some of these ex"sted 
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"n ChatGPT, “Konuşma esnasında... burayı yanlış söyled"n g"b" şeyler dese... daha hoş 

olab"l"rd"” (Em"r, Interv"ew). 

Look"ng ahead, Em"r appeared caut"ously apprec"at"ve. Wh"le he cont"nues to attend an 

Engl"sh course, he was unsure "f he would rely on ChatGPT as a pr"mary speak"ng tool: “Bunu 

b"r İng"l"zce gel"şt"rmeye devam etmek olarak kullanır mıyım em"n değ"l"m” (Em"r, Interv"ew). 

Nonetheless, he acknowledged "ts advantage "n prov"d"ng better responses "n Engl"sh than "n 

Turk"sh: “ChatGPT "le İng"l"zce konuşmak daha etk"l" cevaplar ver"yor Türkçeye sanırım” 

(Em"r, Interv"ew). 

Yusuf’s reflect"ons throughout the 8-week d"ary per"od and the follow-up "nterv"ew 

prov"de a nuanced v"ew of ChatGPT’s technolog"cal and pedagog"cal value, part"cularly for 

learners w"th "ntermed"ate-level speak"ng and comprehens"on sk"lls. From the outset, Yusuf 

h"ghl"ghted the system’s broad knowledge base and "mpress"ve memory funct"ons: “It almost 

knows everyth"ng” and “when "t th"nks "t’s "mportant, "t saves "t "n "ts memory” (Yusuf, W1). 

However, these strengths were not w"thout caveats, as he also reported that “"f you ex"t the app 

and rejo"n all of the saves reset” and that ChatGPT somet"mes “talks as "f "t knows the top"c” 

even when "t doesn’t (Yusuf, W1). 

Dur"ng the "nterv"ew, Yusuf expanded on these early concerns by not"ng that wh"le the 

exper"ence was generally pos"t"ve, there were moments of frustrat"on: “Oldukça "y"yd" ama bazı 

yerlerde sıkıntı oldu… bazı b"lg"ler" b"lm"yormuş ama b"l"yormuş g"b" konuşuyordu… 

sunucular çöküyordu” (Yusuf, Interv"ew). H"s frustrat"on w"th connect"on "nstab"l"ty and system 

crashes was also documented "n several d"ary entr"es, where he stated, for example, “When you 

ask someth"ng fast, "t crushes” (Yusuf, W2) and “"nternet "y"yken b"le çekm"yor” (Yusuf, W6). 

Desp"te these techn"cal "ssues, Yusuf descr"bed several pedagog"cal benef"ts, 

part"cularly "n vocabulary acqu"s"t"on and comprehens"on support. In h"s own words: “Mesela 

b"r konu hakkında "nternet hakkında konuşuyorum. Bana "nternet"n b"lmed"ğ"m b"r özell"ğ"n" 

söylüyor… Açıklar mısın d"yorum… bazı kel"melerle açıklıyor” (Yusuf, Interv"ew). He valued 

ChatGPT’s ab"l"ty to break down unfam"l"ar terms and expla"n them conversat"onally—

although he was aware that “b"lg" verd" m" konuşurken aynı zamanda çete basamıyorsunuz” 

due to app des"gn l"m"tat"ons (Yusuf, Interv"ew). 

Another frequent compla"nt Yusuf shared was the system’s struggle w"th "nterrupt"on 

and turn-tak"ng: “It doesn’t wa"t for your d"alog ends” (Yusuf, W1); “It almost always cuts me 

wh"le I’m talk"ng” (Yusuf, W2); and “Konuşmamı bölüyor” (Yusuf, W5). These patterns were 

cons"stent across mult"ple weeks and were elaborated on "n h"s suggest"ons: “It should wa"t 

around 7 seconds to start speak"ng w"thout "nterrupt"ng you” (Yusuf, W1). 
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Interest"ngly, Yusuf v"ewed ChatGPT as part"cularly useful for A1–B1 level learners, 

expla"n"ng, “A1 mantıklı gel"yor… b1 b2 c"varında daha fazla grammar’a yönel"k olduğunu 

düşünüyorum” (Yusuf, Interv"ew). He noted that "t could expla"n grammar rules and support 

product"ve sk"lls l"ke wr"t"ng and speak"ng, although "t somet"mes gave overly complex or 

abstract answers. Yusuf emphas"zed that for more advanced learners (C1/C2), real-t"me 

conversat"on w"th humans was more benef"c"al. 

Regard"ng "deal des"gn features, he was clear about the "mportance of "ntegrat"ng 

grammar explanat"ons and ma"nta"n"ng top"c relevance. “Gen"ş b"r grammar olmalı… konuşma 

ve yazmadak" akıcılık olması gerek… sonra yen"l"kç" özell"k olmalı” (Yusuf, Interv"ew). He 

was also one of the few students to ra"se the "mportance of "nnovat"on and personal"zat"on, 

express"ng a des"re for chatbots to evolve compet"t"vely w"th other platforms l"ke Character.AI. 

He descr"bed a spec"f"c moment of pr"de related to h"s feedback be"ng seem"ngly 

cons"dered by the system: “Ben de b"r öner"de bulunmuştum… sonra böyle evet güzel b"r 

özell"k olur… gurur duymuştum böyle olduktan sonra” (Yusuf, Interv"ew). Even "f the system 

had not d"rectly acknowledged h"s "nput, th"s "nstance was s"gn"f"cant to h"m emot"onally and 

mot"vat"onally. 

By the f"nal week, Yusuf reported a more emot"onally respons"ve "nteract"on w"th 

ChatGPT: “Bu çalışmanın son haftası olduğunu söyled"ğ"mde bana güzel şeyler söyled"” 

(Yusuf, W8). H"s percept"on of ChatGPT as more human-l"ke and affect"ve grew, as also noted 

when he wrote “"t can talk so calmly, I th"nk that’s good” (Yusuf, W1) and later descr"bed "ts 

tone as support"ve (W8). 

Look"ng forward, Yusuf ment"oned that although ChatGPT had "ts place, he d"dn’t plan 

to rely on "t heav"ly unless "ts vo"ce "nterface "mproved s"gn"f"cantly: “Şu anda zor g"b"… ama 

"ler"de yen"l"k get"r"rlerse… belk" yardım alab"leceğ"m b"r as"stan g"b" düşüneb"l"r"m” (Yusuf, 

Interv"ew). Instead, h"s ma"n focus was on part"c"pat"ng "n Erasmus+ to pract"ce Engl"sh "n an 

"mmers"ve env"ronment. 

Mert's exper"ence w"th ChatGPT as an Engl"sh speak"ng partner was shaped by both 

enthus"asm and a grow"ng awareness of "ts l"m"tat"ons. From the beg"nn"ng, he descr"bed the 

tool as “easy to use” and emphas"zed how he could say what he wanted and be understood, 

even not"ng that "t could "understand me when I make m"stakes" (Mert, W1). Th"s ab"l"ty 

seemed to contr"bute to h"s sense of comfort and flow "n conversat"ons, part"cularly "n 

spontaneous exchanges: “Kullandığım kolay, hem de "sted"ğ"m" söylüyorum, anlıyor” [It was 

easy to use, and "t understood what I sa"d] (Mert, Interv"ew). 
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A notable advantage for h"m was ChatGPT’s top"cal flex"b"l"ty. He apprec"ated that he 

could "n"t"ate conversat"ons on var"ed subjects and “farklı konularda farklı cümleler kurmam” 

[form d"fferent sentences "n d"fferent top"cs], wh"ch he v"ewed as the pr"mary source of benef"t 

for h"s speak"ng pract"ce (Mert, Interv"ew). Th"s "s echoed "n h"s d"ar"es as well, where he 

pra"sed how the AI “can create so many top"cs” (Mert, W4) and “can come up w"th many 

quest"ons when I talk about someth"ng” (Mert, W5). He rated h"s exper"ence as "easy" and "a 

good exper"ence" (Mert, W2), suggest"ng a degree of fluency development "n unstructured 

conversat"on. 

However, Mert’s reflect"ons also "llustrate several recurr"ng challenges that affected h"s 

"nteract"onal flow and comprehens"on. Ch"ef among them was ChatGPT’s tendency to "nterrupt 

or “break” h"s speech. He expressed strong frustrat"on w"th th"s: “Konuşurken b"r anda sözümü 

kes"p Türkçe'ye çev"r"yor. O çok sıkıntı oluyor. Çok s"n"rlen"yorum” [Wh"le speak"ng "t 

suddenly cuts me off and sw"tches to Turk"sh. It's really annoy"ng. I get very frustrated] (Mert, 

Interv"ew). Th"s compla"nt "s cons"stent across d"ary weeks: “AI break"ng my speech wh"le I’m 

speak"ng” (Mert, W1; W3; W4; W5). He also struggled w"th the AI’s l"sten"ng comprehens"on, 

frequently stat"ng, “I can't understand everyth"ng” (Mert, W1) and “"t doesn’t speak when I ask 

someth"ng” (Mert, W5; W6), po"nt"ng to techn"cal breakdowns and turn-tak"ng "ssues. 

Another cr"t"cal challenge was ChatGPT’s occas"onal “top"c jump"ng,” wh"ch Mert 

ment"oned "n both "nterv"ew and d"ar"es. For "nstance, “It suddenly changed the top"c” (Mert, 

W2), and dur"ng the "nterv"ew: “Devlet hakkında konuşuyoruz. M"lletvek"l" d"yorum 

m"lletvek"l"ye geç"yor. Sonra m"lletvek"l"nden genel bakana falan geç"yor. Çok hızlı değ"ş"yor” 

[We’re talk"ng about government, I say parl"ament member, "t sw"tches to that, and then qu"ckly 

to m"n"ster—"t sh"fts too fast] (Mert, Interv"ew). Th"s errat"c flow "nterfered w"th susta"ned top"c 

development, underm"n"ng deeper language pract"ce. 

Mert also had strong v"ews on cultural adaptab"l"ty and emot"onal resonance. Wh"le he 

d"dn’t demand full human-l"ke emulat"on, he expressed a des"re for the bot to better understand 

Turk"sh users’ soc"al log"c: “Türkler"n ne düşündüğünü anlasa güzel olur” [It would be n"ce "f 

"t understood what Turks th"nk] (Mert, Interv"ew). He also emphas"zed the value of prosody: 

“Ses tonlama göre ne söyled"ğ"m" ne kastett"ğ"m" anlayab"lse güzel olur” [It would be n"ce "f "t 

could understand my "ntent based on tone of vo"ce] (Mert, Interv"ew). 

In terms of "deal chatbot des"gn, Mert pr"or"t"zed three features: “gen"ş b"r kel"me 

dağarcığı,” “gen"ş b"r konu haz"nes",” ve “ded"kler"m"z" anlayab"lme” [broad vocabulary, broad 

top"c capac"ty, and understand"ng what we say] (Mert, Interv"ew). However, he was also clear 

that he does not use ChatGPT for error correct"on or grammar feedback: “Normal b"r "nsanla 
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konuşuyormuş g"b" konuşuyorum… hatalarına bakmak, ger" b"ld"r"m vermes" vs. bu tarz şeyler" 

kullanmayı düşünmüyorum” [I just talk l"ke I would w"th a normal person… I don’t care about 

feedback or grammar correct"ons] (Mert, Interv"ew). 

In the f"nal part of the "nterv"ew, Mert reflected that he d"dn’t really exper"ence a "sense 

of ach"evement" because the exper"ence felt more l"ke everyday conversat"on: “Başarı h"ss" 

duyduğum pek b"r durum yok çünkü zaten normal b"r "nsanla konuşuyormuş g"b" 

konuşuyorum” (Mert, Interv"ew). Nevertheless, he d"d express "nterest "n "mprov"ng h"s Engl"sh 

by “konuşarak,” espec"ally through real-l"fe "nteract"ons w"th fore"gners at un"vers"ty (Mert, 

Interv"ew). 

Derya's overall exper"ence w"th the AI chatbot was shaped by both her academ"c and 

conversat"onal use of the tool. She expla"ned that the chatbot was helpful for academ"c tasks 

such as "matemat"k sorularını, f"z"k sorularını" [math and phys"cs quest"ons] and that th"s 

usefulness extended "nto Engl"sh learn"ng. Spec"f"cally, when pract"c"ng around casual top"cs 

l"ke hobb"es, she sa"d, “"nsan g"b" cevapları oldu” ["t gave human-l"ke responses] (Derya, 

Interv"ew). In her d"ar"es, she h"ghl"ghted the chatbot’s ab"l"ty to generate and adapt 

"nformat"on, say"ng, “It can generate a lot of quest"ons” and “I can make a deep "nformat"on 

research” (Derya, W1). 

One of the most benef"c"al features for Derya was the chatbot’s "nstant correct"ve 

feedback: “anında görünüş vereb"lmes" oldu... grammar yapısını gel"şt"rmeme yardımcı oldu” 

["t was able to prov"de "mmed"ate feedback... helped "mprove my grammar structure] (Derya, 

Interv"ew). She also apprec"ated that “"t expla"ns the words that I can’t understand” and “"t can 

understand the sentences that I’ve made "ncorrectly” (Derya, W1), re"nforc"ng how th"s 

contr"buted to her speak"ng development. Accord"ng to her, these correct"ons became even more 

useful when speak"ng about “hob"ler hakkında b"raz günlük… farklı yabancılarla sohbet 

ederken” [hobb"es and casual da"ly top"cs, espec"ally when chatt"ng w"th fore"gners] (Derya, 

Interv"ew). 

Nevertheless, she encountered a few pers"stent challenges. For example, she was 

frustrated that the bot “konuşmaları bazen çok uzatab"l"yor… aynı soruyu b"rden fazla sormaya 

çalışıyor” [somet"mes prolongs conversat"ons too much… tr"es to ask the same quest"on more 

than once] (Derya, Interv"ew). In l"ne w"th th"s, her d"ary noted: “It wants to cont"nue to speak 

about the top"c for a long t"me and I just get bored” (Derya, W2). Another common "ssue was 

"nterrupt"on, as she wrote: “It doesn’t wa"t me to cont"nue when I th"nk of the rest of the 

sentence” (Derya, W1), and found the vo"ce “monotone” and emot"onally flat, wh"ch made the 

exper"ence less engag"ng. 
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From a pedagog"cal perspect"ve, she valued how the bot handled "ncomplete "nput and 

amb"guous quest"ons. She sa"d: “B"r cümley" tam bağlamını vermeden anlayab"lmes"... olumlu 

b"r şey olduğunu düşünüyorum” ["ts ab"l"ty to understand a sentence even when I don’t prov"de 

full context... I see that as a good th"ng] (Derya, Interv"ew). She also ment"oned that “yazım 

hatalarını yöneteb"lme... göze aş"nalık oluşturuyor” [be"ng able to manage spell"ng m"stakes 

helps bu"ld v"sual fam"l"ar"ty] (Derya, Interv"ew), part"cularly when "t corrected small deta"ls 

l"ke cap"tal"zed months or complex spell"ng. 

In terms of des"gn suggest"ons, Derya emphas"zed the need for personal"zat"on. She 

bel"eved a more effect"ve AI speak"ng ass"stant should “sen"n olduğun ve ulaşmak "sted"ğ"n 

sev"yey" "y"ce anlayab"lmes" lazım” [clearly understand your current level and your target level] 

and “"lg" alanlarımızı bell"ğ"nde daha net b"r şek"lde kes"nleşt"rmel"” [better recogn"ze and 

remember our "nterests "n "ts memory] (Derya, Interv"ew; Derya, W3). She also expressed a 

des"re for a more dynam"c vo"ce exper"ence, stat"ng: “eğer "nsan ses" baz alınsaydı... bu daha 

"y" b"r ger" dönüşü olab"l"rd"” ["f "t were based on a real human vo"ce, the feedback exper"ence 

would be better] (Derya, Interv"ew). 

Derya’s mot"vat"on not"ceably "ncreased toward the end of the program. She recalled: 

“IELTS sınavında sence kaç alab"l"r"m d"ye sordum... bana yüksek b"r puan vermes" ben" mot"ve 

ett"” [I asked what IELTS score I m"ght get... and gett"ng a h"gh est"mate mot"vated me] (Derya, 

Interv"ew). In Week 8, she wrote that the AI “ben"m hakkımda yaptığı feedbackler gerçekten 

IELTS’ten 7 alab"leceğ"me "nanmamı sağladı” [the feedback "t gave me made me bel"eve I could 

get a 7 "n IELTS] (Derya, W8). 

Look"ng ahead, Derya plans to cont"nue us"ng the tool: “Büyük "ht"malle onu b"r çev"r" 

olarak kullanmaya devam eder"m... çoğu çev"r" programlarından daha doğru sonuç vereb"l"yor” 

[I’ll l"kely keep us"ng "t for translat"on... "t g"ves more accurate results than most translat"on 

apps] (Derya, Interv"ew). Rather than focus"ng on us"ng "t str"ctly for speak"ng, she seems to 

see "ts value more broadly as an ass"st"ve language tool "n everyday learn"ng. 

Kerem "n"t"ally approached the AI-ass"sted speak"ng exper"ence w"th cur"os"ty and 

openness. In the beg"nn"ng, he found the concept of "nteract"ng w"th an AI qu"te novel: "Hocam 

"lk başlarda böyle enteresan b"r deney"m olduğu "ç"n akla farklı sorular gel"yordu" [At f"rst, "t 

was qu"te an "nterest"ng exper"ence, so many d"fferent quest"ons would come to m"nd] (Kerem, 

Interv"ew). However, over t"me, he became less engaged, not"ng that the responses became 

repet"t"ve and the system was not spec"f"cally ta"lored for language learners: "Sonradan cevaplar 

böyle b"rb"r"ne benzemeye başladıkça b"raz açıkça sıkılmaya başladım" [Later on, as the 
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answers started to resemble each other, I honestly got a b"t bored] (Kerem, Interv"ew). Th"s 

sent"ment of decreased mot"vat"on was echoed across several d"ary entr"es as well. 

In terms of language pract"ce, Kerem saw some potent"al for vocabulary enr"chment 

and exposure to new structures, espec"ally "n da"ly conversat"on. He noted that the bot helped 

h"m cons"der alternat"ve express"ons after sess"ons, even though the benef"t was delayed: 

"Kend"mce b"r araştırma yaparken, düşünürken faydalı olur" [It becomes useful when I reflect 

and research on my own after the conversat"on] (Kerem, Interv"ew). Th"s reflect"ve strategy 

was present "n h"s d"ar"es too, such as when he ment"oned: “B"lmed"ğ"n kel"mey" cümle "ç"nde 

kullanıp öğrenmen" sağlıyor” [It helps you learn unknown words by us"ng them "n sentences] 

(Kerem, W1). 

Regard"ng feedback and grammar, Kerem cons"stently expressed d"ssat"sfact"on. 

Desp"te expl"c"tly request"ng correct"ons, he found the bot reluctant to prov"de them: "Ben 

düzeltt"ğ"me rağmen böyle b"rkaç kere komut g"rmeme rağmen... düzeltmed"ğ"n" görmüştüm" 

[Even though I asked "t to correct me several t"mes, "t d"dn’t] (Kerem, Interv"ew). Th"s al"gns 

w"th h"s d"ary observat"ons: “Hatalarımı düzelt komutu g"rd"ğ"m zaman hatalarımı düzeltmed"ğ" 

zamanlar olduğunu fark ett"m” [I not"ced that somet"mes "t d"dn’t correct my m"stakes even 

when I asked "t to] (Kerem, W5). He feared th"s m"ght lead to the re"nforcement of "ncorrect 

structures. 

From a techn"cal and usab"l"ty standpo"nt, Kerem faced pers"stent performance "ssues—

part"cularly related to aud"o "nput and lag. He reported: “Konuşmamı b"t"rd"ğ"mde hala 

‘d"nlen"yor’ "fades" gel"yor ve GPT cevap hazırlamıyor” [After I f"n"sh speak"ng, "t st"ll says 

'l"sten"ng' and doesn’t prepare an answer] (Kerem, W8). These "ssues were exacerbated when 

other appl"cat"ons l"ke screen record"ng were runn"ng. In h"s "nterv"ew, he attr"buted many 

problems to dev"ce-spec"f"c l"m"tat"ons: “Ses kaydıyla "lg"l"... v"deo kaydı almadan da 

deneyeceğ"m” [I’ll try w"thout record"ng the screen next t"me] (Kerem, Interv"ew). 

Kerem also cr"t"c"zed the lack of adapt"ve d"ff"culty "n conversat"on. He emphas"zed the 

"mportance of the system ta"lor"ng "ts output to the learner’s level: “Eğer A1 sev"yes"ndek"... 

b"r"ne çok üst kel"melerle cevap ver"rse... zorlanır” [If "t responds w"th too h"gh-level 

vocabulary to an A1 learner, they w"ll struggle] (Kerem, Interv"ew). He re"terated th"s need "n 

h"s d"ar"es by suggest"ng “bel"rl" roller olab"l"r konuşma yapmak "ç"n” [there could be spec"f"c 

roles or scenar"os for conversat"on] (Kerem, W6). 

In terms of suggest"ons for "mprovement, Kerem offered mult"ple pedagog"cal and 

techn"cal "deas, such as the "nclus"on of “a button to pause the AI's vo"ce” or a feature that 

allows the learner to conf"rm unclear words (Kerem, W2). He also proposed add"ng “character 



98 

 

types” to s"mulate conversat"ons w"th d"fferent personal"t"es (Interv"ew), echo"ng h"s des"re for 

more human-l"ke, dynam"c "nteract"on. 

Desp"te the challenges, Kerem exper"enced moments of progress and conf"dence, 

espec"ally when he not"ced spontaneous speech: “Aklından b"r cümley" çev"rmed"ğ"n zaman 

d"rekt İng"l"zce konuşmaya başlıyorsun” [When you don’t translate a sentence "n your head but 

start speak"ng d"rectly "n Engl"sh] (Kerem, Interv"ew). Although no strong moment of success 

stood out, he acknowledged a gradual sense of "mprovement. 

Look"ng forward, Kerem expressed an "ntent"on to cont"nue wr"t"ng "n Engl"sh to 

support h"s development, often jott"ng "deas "n a notebook: “Böyle karalama defter"m"n b"r 

köşes"ne yazıyorum” [I wr"te "n a corner of my draft notebook] (Kerem, Interv"ew). Comb"ned 

w"th ongo"ng coursework, th"s "nd"cates a self-d"rected approach to learn"ng, w"th AI serv"ng 

as a supplementary tool rather than a central one. 
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CHAPTER 5 

DISCUSSION 

Th"s chapter d"scusses the research quest"ons "n relat"on to the study’s f"nd"ngs and 

relevant l"terature. It beg"ns w"th quant"tat"ve results on speak"ng performance, followed by key 

themes from the qual"tat"ve data. These "nclude "ns"ghts "nto learner "nteract"on and the 

technolog"cal, pedagog"cal, and soc"al benef"ts of us"ng AI chatbots. 

5.1. DWscussWon of SpeakWng SkWll GaWns Wn the ExperWmental Versus Control Groups 

The f"nd"ngs of th"s study prov"de "ns"ght "nto both research quest"on 1 and research 

quest"on 2. Regard"ng research quest"on 1, wh"ch explored whether there were s"gn"f"cant 

d"fferences "n speak"ng prof"c"ency between the exper"mental and control groups follow"ng the 

treatment per"od, the results "nd"cated no stat"st"cally s"gn"f"cant d"fference between the two 

groups at the post-test stage. Desp"te th"s, "t "s worth not"ng that the exper"mental group d"d 

show a sl"ghtly h"gher average "ncrease "n speak"ng prof"c"ency. Th"s h"nts at a potent"al pos"t"ve 

trend for those who pract"ced speak"ng w"th the help of ChatGPT. 

Concern"ng research quest"on 2, wh"ch focused on w"th"n-group d"fferences before and 

after the "ntervent"on, both the exper"mental and the control groups demonstrated s"gn"f"cant 

"mprovements "n the"r speak"ng scores over t"me. Th"s f"nd"ng h"ghl"ghts that students "n both 

groups benef"ted from the learn"ng process, albe"t through d"fferent modes of engagement. 

Importantly, the exper"mental group’s "nteract"on w"th ChatGPT appears to have offered an 

add"t"onal layer of speak"ng pract"ce, potent"ally account"ng for the"r relat"vely greater ga"n. 

These f"nd"ngs m"rror those reported by Koç (2024), where no s"gn"f"cant d"fference 

emerged between the exper"mental and control groups "n post-"ntervent"on compar"sons, 

desp"te h"gher ga"ns "n the exper"mental group. Such results suggest that even "f AI-based tools 

do not always produce stat"st"cally s"gn"f"cant outcomes "n short-term stud"es, they can st"ll 

support mean"ngful progress "n speak"ng performance. The cons"stent w"th"n-group 

"mprovements "n the exper"mental group across mult"ple stud"es (Koç, 2024; Fath" et al., 2024; 

Y"n et al., 2020) re"nforce the pedagog"cal potent"al of AI chatbots "n oral sk"ll development. 

On the other hand, Fath" et al. (2024) reported stat"st"cally s"gn"f"cant d"fferences 

between the exper"mental and control groups, part"cularly "n lex"cal d"vers"ty and grammat"cal 

accuracy, favor"ng the group that engaged w"th AI chatbots. The"r study, wh"ch employed a 

longer treatment per"od and more structured task-based "nteract"ons, h"ghl"ghts the "mportance 

of susta"ned and pedagog"cally gu"ded exposure to AI tools. 

However, the lack of stat"st"cally s"gn"f"cant d"fferences between the groups may not 

necessar"ly be due to a lack of structure, s"nce the exper"mental group "n th"s study part"c"pated 
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"n weekly gu"ded conversat"ons based on spec"f"c top"cs and prompts carefully des"gned to 

match the"r language level. Th"s structured approach a"med to scaffold learners' "nteract"ons and 

support the"r engagement w"th ChatGPT "n a focused and manageable way. As observed by L"n 

and Mubarok (2021), structured pedagog"cal frameworks often y"eld more pronounced learn"ng 

outcomes than ungu"ded act"v"t"es, wh"ch supports the rat"onale beh"nd the des"gn of the current 

study. Nevertheless, the speak"ng act"v"t"es were conducted outs"de regular classroom hours as 

an extracurr"cular component, wh"ch may have affected the "ntens"ty and cons"stency of 

learners’ part"c"pat"on. Even though students recorded the"r "nteract"ons w"th the bot, w"thout 

the "mmed"ate presence of teacher mon"tor"ng or feedback, some students may have "nteracted 

w"th the chatbot "n a more mechan"cal or surface-level manner, potent"ally l"m"t"ng deeper 

l"ngu"st"c process"ng or output mod"f"cat"on.  

Techn"cal factors may also have contr"buted to the outcome. As reported "n both the 

present study and Koç (2024), "ssues such as recogn"t"on errors, feedback l"m"tat"ons, and 

occas"onal commun"cat"on breakdowns w"th AI chatbots can h"nder "nteract"on qual"ty. Such 

l"m"tat"ons reduce opportun"t"es for rece"v"ng correct"ve "nput, a key element "n language 

development through mod"f"ed output (Swa"n, 2005, as c"ted "n Koç, 2024). S"m"larly, stud"es 

such as those by D"zon (2020) and Hsu et al. (2023) have po"nted to the "ncons"stent accuracy 

of speech recogn"t"on eng"nes, wh"ch can d"scourage learners or l"m"t the"r ab"l"ty to benef"t 

from natural feedback cycles. These techn"cal and commun"cat"ve challenges were also 

frequently reflected "n student d"ar"es and w"ll be more thoroughly d"scussed "n the subsequent 

sect"ons of th"s chapter, part"cularly "n relat"on to learners’ percept"ons of affordances and 

constra"nts. 

Nevertheless, the greater ga"ns observed "n the exper"mental group suggest that certa"n 

affordances of AI chatbots—such as reduced anx"ety and more frequent speak"ng 

opportun"t"es—may have supported students’ speak"ng development over t"me. Learners were 

able to engage "n conversat"on outs"de the classroom sett"ng, prov"d"ng add"t"onal exposure to 

language "n a low-stakes, low-anx"ety env"ronment, a benef"t frequently emphas"zed "n stud"es 

of "ntell"gent personal ass"stants (Chen, Yang, & La", 2020; Hapsar" & Wu, 2022). 

However, as Fath" et al. (2024) argue that wh"le AI-med"ated platforms foster low-

anx"ety env"ronments and encourage w"ll"ngness to commun"cate, they cannot replace the 

nuanced feedback human "nstructors prov"de. Learners "n the"r study also ment"oned that they 

m"ssed the depth of human "nteract"on, espec"ally when the chatbot’s repl"es felt off-top"c or 

couldn’t keep the conversat"on go"ng "n a mean"ngful way. These "ns"ghts h"ghl"ght how 



101 

 

"mportant "t "s to comb"ne AI tools w"th support"ve human gu"dance "n order to get the best 

results "n speak"ng development. 

In l"ne w"th the f"nd"ngs of Fath" et al. (2024), learners "n th"s study also encountered 

l"m"tat"ons "n the chatbot’s feedback, often descr"b"ng "t as "ncons"stent, gener"c, or lack"ng 

relevance to the"r "nput. Although chatbots are qu"ck to respond and easy to access, they often 

fall short when "t comes to offer"ng the k"nd of deta"led feedback that human teachers are able 

to g"ve. Th"s shortcom"ng can reduce learners’ opportun"t"es to not"ce and rev"se the"r errors 

effect"vely—part"cularly dur"ng more complex or extended speak"ng "nteract"ons where subtle 

l"ngu"st"c scaffold"ng "s needed. In the present study, wh"le the exper"mental group engaged "n 

weekly gu"ded "nteract"ons w"th ChatGPT, the absence of "nd"v"dual"zed correct"ve feedback 

may have weakened the potent"al benef"ts of those sess"ons. W"thout suff"c"ent feedback loops 

or clar"f"cat"on requests from the chatbot, learners may have cont"nued produc"ng "naccurate 

forms w"thout real"z"ng "t. Th"s lack of dynam"c feedback could be one reason why the 

exper"mental group d"d not demonstrate a stat"st"cally s"gn"f"cant advantage over the control 

group, even though they engaged "n structured speak"ng pract"ce and had more exposure to the 

target language. 

A notable l"m"tat"on of the present study l"es "n the small sample s"ze, w"th only 19 EFL 

learners part"c"pat"ng "n the quas"-exper"mental des"gn. Th"s restr"cts the general"zab"l"ty of the 

f"nd"ngs and l"m"ts the extent to wh"ch conclus"ons can be extended to w"der learner 

populat"ons. Wh"le the current study prov"des valuable exploratory "ns"ghts, the reduced 

number of part"c"pants "nherently l"m"ts the stat"st"cal power of the analyses. Future stud"es 

should cons"der "ncorporat"ng larger, more representat"ve samples to enhance the external 

val"d"ty of the f"nd"ngs and to explore how generat"ve AI tools funct"on across d"verse EFL 

learn"ng contexts. 

Overall, even though the d"fference between the two groups was not stat"st"cally 

s"gn"f"cant, the exper"mental group st"ll showed more not"ceable progress. Th"s "mprovement, 

"n conjunct"on w"th f"nd"ngs from earl"er stud"es, suggests that cont"nuous, learner-dr"ven AI-

supported speak"ng pract"ce can pos"t"vely contr"bute to students' speak"ng development. Future 

stud"es m"ght benef"t from comb"n"ng autonomous AI "nteract"on w"th structured "nstruct"onal 

support to better harness the benef"ts of generat"ve AI "n language learn"ng contexts. 

5.2. InterpretWng the TechnologWcal BenefWts, Challenges, and SuggestWons from Learner 

ExperWences 

In order to address research quest"on 3, wh"ch explored learners’ percept"ons of us"ng a 

GenAI chatbot for Engl"sh speak"ng pract"ce—"nclud"ng the"r v"ews on "ts pos"t"ve aspects, 
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drawbacks, and potent"al "mprovements—the present sect"on "nterprets the f"nd"ngs through a 

technolog"cal lens. To answer research quest"on 3a (Pos"t"ve Aspects), part"c"pants "n the the"r 

weekly d"ar"es reported a w"de range of affordances. These f"nd"ngs are d"scussed here "n l"ght 

of current l"terature, w"th a part"cular emphas"s on EFL contexts. 

One of the most frequently reported advantages was the speed and eff"c"ency of 

ChatGPT "n prov"d"ng responses. Learners apprec"ated "ts ab"l"ty to comprehend and reply to 

prompts qu"ckly, wh"ch enabled more cont"nuous "nteract"on compared to trad"t"onal classroom 

sett"ngs. Th"s al"gns w"th Du and Dan"el’s (2024) systemat"c rev"ew, wh"ch emphas"zed the role 

of AI chatbots "n enhanc"ng speak"ng fluency, pronunc"at"on accuracy, and user conf"dence—

part"cularly when used "n "nformal or self-d"rected env"ronments. In the present study, learners 

also h"ghl"ghted the chatbot’s broad knowledge base, "ts use of relatable examples, and the 

ab"l"ty to generate and adapt "deas, wh"ch supported the"r speak"ng engagement across d"fferent 

weekly themes. These features correspond w"th pr"or f"nd"ngs by Koç (2024), who observed 

that learners v"ewed the chatbot as a flex"ble and knowledgeable partner capable of st"mulat"ng 

l"ngu"st"c output. 

The personal"zat"on of responses and the chatbot’s use of natural, moderately complex 

language were also noted as strengths. These qual"t"es appear to promote learner autonomy and 

reduce commun"cat"ve pressure—benef"ts also emphas"zed by Moussall" and Cardoso (2016) 

and Hapsar" and Wu (2022), who noted that AI tools foster low-anx"ety env"ronments conduc"ve 

to oral product"on. Moreover, the ava"lab"l"ty and access"b"l"ty of the chatbot—a strength 

commonly c"ted "n learner d"ar"es—reflects what Du and Dan"el (2024) "dent"f"ed as “EO6: 

easy access and conven"ence,” a core technolog"cal affordance of chatbot-med"ated learn"ng. 

Th"s f"nd"ng resonates w"th more prev"ous stud"es "n the l"terature, where ease of use emerged 

as a key strength of chatbot-based learn"ng env"ronments. For "nstance, students "n earl"er 

research were able to access chatbots seamlessly through the"r computers, tablets, or mob"le 

phones, encounter"ng no s"gn"f"cant technolog"cal barr"ers (Chen et al., 2020; L"n & Chang, 

2020). Th"s suggests that the s"mpl"c"ty and access"b"l"ty of these tools w"ll cont"nue to play a 

cruc"al role "n promot"ng student engagement and comfort dur"ng language pract"ce. 

Desp"te these benef"ts, to answer the research quest"on 3b (negat"ve aspects), several 

techn"cal and commun"cat"ve challenges emerged that may have h"ndered the full effect"veness 

of AI-supported pract"ce. A major "ssue was the chatbot’s "nab"l"ty to manage turn-tak"ng and 

ma"nta"n d"alogue cont"nu"ty, espec"ally when learners paused or gave extended responses. 

These problems m"rror the “"nterrupt"on and turn-tak"ng” d"ff"cult"es recorded "n the learner 

d"ar"es and also match observat"ons by Koç (2024), who noted frequent commun"cat"on 
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breakdowns caused by the chatbot’s m"s"nterpretat"on of pauses or speech hes"tat"ons. S"m"larly, 

Du and Dan"el (2024) "dent"f"ed the “l"m"tat"ons of speech recogn"t"on” (EC2) as a core barr"er, 

espec"ally when chatbots struggle to process non-nat"ve accents or longer utterances.  

Learners also shared that they somet"mes faced problems w"th the chatbot g"v"ng off-

top"c or repet"t"ve answers. There were even moments when "t m"sunderstood what they 

meant—espec"ally dur"ng culturally sens"t"ve or open-ended conversat"ons. These k"nds of 

breakdowns made the conversat"on feel less natural and, for some students, even caused them 

to lose "nterest. Th"s al"gns w"th f"nd"ngs from Du and Dan"el’s (2024) rev"ew, wh"ch 

h"ghl"ghted the frequent breakdowns "n commun"cat"on due to users’ "nab"l"ty to "nterpret the 

chatbot’s "mpl"c"t cues or recover from sudden top"c sh"fts (Ta", 2020). Furthermore, the 

l"m"tat"ons of speech recogn"t"on systems, espec"ally when process"ng longer utterances or 

accented speech, were w"dely acknowledged as a core barr"er to susta"ned "nteract"on (Chen et 

al., 2020; D"zon, 2017; Moussall" & Cardoso, 2016). When the chatbot fa"led to transcr"be 

accurately or understand what was be"ng sa"d, "t d"d not just "nterrupt the flow of the 

conversat"on. It also stopped learners from gett"ng the t"mely feedback they needed. As noted 

by Hsu et al. (2023) and K"m, et al. (2021), the chatbots’ repet"t"ve patterns and "nflex"ble 

content des"gn further d"m"n"shed the"r pedagog"cal respons"veness, part"cularly for learners at 

d"fferent prof"c"ency levels. These technolog"cal shortcom"ngs collect"vely restr"cted the 

chatbot's potent"al to prov"de personal"zed, adapt"ve support—a feature frequently emphas"zed 

as cr"t"cal "n successful language learn"ng env"ronments.As also noted "n both Koç (2024) and 

Fath" et al. (2024), learners often feel that wh"le AI chatbots prov"de fluent responses, they fa"l 

to del"ver the k"nd of nuanced, correct"ve "nput necessary for deeper language development. 

These technolog"cal "ssues may also expla"n, at least "n part, why the exper"mental group d"d 

not s"gn"f"cantly outperform the control group "n the post-test scores, desp"te engag"ng "n 

structured chatbot-med"ated pract"ce.  

Lastly, to shed l"ght on the research quest"on 3c (Suggest"ons), students "n the present 

study proposed a range of technology-focused suggest"ons to "mprove the"r exper"ence. The 

most common suggest"on from learners was to add custom"zat"on opt"ons wh"ch are th"ngs l"ke 

adjust"ng the pace of the conversat"on or choos"ng the"r own top"cs. Many also w"shed the 

chatbot could remember the"r prev"ous chats, so the d"alogue could feel more connected over 

t"me. These f"nd"ngs are echoed "n Du and Dan"el’s (2024) rev"ew, where learners advocated 

for chatbots that could remember pr"or exchanges and del"ver more contextually aware 

"nteract"on. 
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In summary, wh"le the part"c"pants "n th"s study acknowledged several technolog"cal 

benef"ts assoc"ated w"th GenAI chatbot use—"nclud"ng speed, ava"lab"l"ty, and knowledge 

r"chness—they also encountered notable l"m"tat"ons "n terms of speech recogn"t"on, feedback 

qual"ty, and "nteract"on breakdowns. The"r suggest"ons emphas"ze the need for more respons"ve 

and soc"ally "ntell"gent chatbot des"gns, part"cularly "n speak"ng-or"ented EFL contexts. These 

reflect"ons prov"de valuable "mpl"cat"ons for future "nstruct"onal "ntegrat"on and des"gn of AI 

tools ta"lored to language learners’ commun"cat"ve needs. 

5.3. InterpretWng the PedagogWcal BenefWts, Challenges, and SuggestWons from Learner 

ExperWences 

In order to address research quest"on 3, wh"ch exam"ned part"c"pants’ percept"ons of 

GenAI chatbot use for Engl"sh speak"ng pract"ce—"nclud"ng "ts perce"ved benef"ts, l"m"tat"ons, 

and areas for "mprovement—th"s sect"on focuses spec"f"cally on the pedagog"cal d"mens"on of 

learner exper"ences. Draw"ng on patterns "dent"f"ed "n the weekly d"ary data, the analys"s 

explores how students perce"ved the chatbot as a tool for language development, what 

"nstruct"onal challenges they encountered, and what suggest"ons they proposed for more 

effect"ve "ntegrat"on. These f"nd"ngs are "nterpreted "n connect"on w"th relevant stud"es "n the 

l"terature, w"th a part"cular emphas"s on pedagog"cal "mpl"cat"ons for EFL contexts.  

Learners often ment"oned that chatt"ng w"th the bot gave them steady chances to speak 

Engl"sh, wh"ch they found useful for bu"ld"ng fluency, p"ck"ng up new vocabulary, and 

re"nforc"ng grammar. The weekly prompts were espec"ally helpful. They prov"ded structure to 

the conversat"ons and helped students stay on track w"th mean"ngful pract"ce. Many learners 

po"nted out that the chatbot made "t eas"er to come up w"th "deas, stay focused on what they 

were talk"ng about, and use the language they had recently learned "n more connected responses. 

These learner reflect"ons resonate w"th f"nd"ngs "n the broader l"terature on AI-

supported speak"ng "nstruct"on. As h"ghl"ghted by Du and Dan"el (2024), chatbots have been 

shown to enhance EFL learners’ oral prof"c"ency by s"mulat"ng authent"c d"alogues, offer"ng 

vocabulary support, and help"ng learners structure the"r speech "n extended output. The 

chatbot’s role as both conversat"onal partner and resource suppl"er (Shawar & Atwell, 2007, as 

c"ted "n Du & Dan"el, 2024) allows learners to rehearse language "n a way that re"nforces both 

accuracy and fluency. In the present study, learners’ ab"l"ty to generate "deas and ma"nta"n top"c 

focus appears to be supported by the system’s adaptab"l"ty and respons"veness—features that 

are part"cularly "mportant for susta"ned oral product"on. 

Add"t"onally, the "ntegrat"on of structured prompts l"kely contr"buted to learners’ sense 

of pedagog"cal coherence, mak"ng the AI "nteract"on not only engag"ng but also goal-or"ented. 
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Th"s al"gns w"th Du and Dan"el’s (2024) observat"on that task-based chatbot appl"cat"ons—such 

as Smart UEngl"sh (Hwang et al., 2022)—can help students pract"ce Engl"sh "n authent"c and 

contextually mean"ngful ways, thereby strengthen"ng speak"ng competence. Moreover, learners 

"n the current study often descr"bed the chatbot as support"ve, access"ble, and respons"ve—

qual"t"es echoed "n pr"or stud"es emphas"z"ng the mot"vat"onal "mpact and psycholog"cal safety 

that AI-med"ated tools can prov"de (Az"z"majd, 2023; Ta" & Chen, 2023). These attr"butes help 

create a pract"ce env"ronment where students can exper"ment w"th language and engage "n 

mean"ngful oral tasks w"thout fear of judgment. 

 Some learners also expressed that ChatGPT served as a k"nd of personal tutor—read"ly 

ava"lable for extra pract"ce outs"de class hours—espec"ally valuable for learners who felt they 

had l"m"ted speak"ng t"me dur"ng formal lessons. The chatbot prov"ded a real-t"me "nteract"on 

w"th students w"thout t"me and space l"m"tat"ons (Wang et al., 2017; Xu, 2020).  

Th"s percept"on of the chatbot as a read"ly ava"lable personal tutor reflects broader 

trends observed "n the l"terature on AI-med"ated language "nstruct"on. As Du and Dan"el (2024) 

note, chatbots funct"on not only as conversat"onal partners but also as resource suppl"ers and 

adapt"ve "nstruct"onal fac"l"tators, prov"d"ng learners w"th "mmed"ate access to language "nput 

and pract"ce beyond formal "nstruct"onal hours. Th"s affordance "s part"cularly benef"c"al for 

learners who exper"ence l"m"ted classroom t"me. Th"s study’s statement of the problem was 

grounded "n the recogn"t"on that many students, part"cularly "n env"ronments where Engl"sh 

exposure "s m"n"mal—such as Türk"ye—struggle to pract"ce speak"ng due to soc"etal factors 

l"ke the absence of Engl"sh "nput "n the"r da"ly l"ves, homes, or schools (Kara et al., 2017). In 

th"s context, ChatGPT offers an avenue for ongo"ng language engagement and supports learn"ng 

cont"nu"ty. 

Learners’ apprec"at"on for the chatbot’s cons"stent ava"lab"l"ty parallels Fryer and 

Carpenter’s (2006) argument that chatbots can overcome trad"t"onal classroom constra"nts—

such as restr"cted speak"ng t"me and soc"al anx"ety—by creat"ng access"ble, autonomous, and 

non-judgmental pract"ce spaces. These out-of-class "nteract"ons, when supported by structured 

prompts, appear to scaffold language use "n mean"ngful ways, re"nforc"ng learner autonomy 

wh"le ma"nta"n"ng a pedagog"cal focus. 

Moreover, the "dea of chatbots act"ng as d"g"tal tutors al"gns w"th f"nd"ngs that h"ghl"ght 

the"r capac"ty to s"mulate human-l"ke "nteract"on through real-t"me d"alogue, repet"t"on, and task 

adaptat"on (Huang et al., 2022; Qasem et al., 2023). Accord"ng to Du and Dan"el (2024), these 

tools are "ncreas"ngly recogn"zed for the"r role "n enhanc"ng learner engagement, mot"vat"on, 

and speak"ng fluency, part"cularly when "ntegrated w"th "ntent"onal des"gn. In th"s regard, the 
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chatbot’s role "n th"s study extended beyond mere conversat"onal support; "t offered learners a 

complementary "nstruct"onal space, respons"ve to the"r "nd"v"dual pace and access"ble at any 

t"me. Th"s al"gns w"th the broader pedagog"cal sh"ft toward learner-centered, AI-supported 

env"ronments where students can regulate the"r language exposure and bu"ld commun"cat"ve 

conf"dence at the"r own pace. 

These pedagog"cal affordances can be further "llum"nated through Vygotsky’s 

soc"ocultural theory, part"cularly as appl"ed to language development by Shaban" (2016). 

Accord"ng to th"s framework, mean"ngful learn"ng occurs when learners are gu"ded w"th"n the"r 

Zone of Prox"mal Development (ZPD) through scaffolded "nteract"on w"th a more 

knowledgeable other. In th"s study, ChatGPT appears to funct"on as such a med"at"onal tool—

offer"ng structured prompts, vocabulary support, and feedback that gently extend learners’ 

current ab"l"t"es. The weekly tasks served not only as l"ngu"st"c st"mul" but also as scaffolds, 

help"ng learners bu"ld towards "ndependent commun"cat"ve competence. As Shaban" 

emphas"zes, effect"ve med"at"on fosters self-regulat"on and autonomy, two qual"t"es that were 

strongly reflected "n learner reflect"ons on ChatGPT's access"b"l"ty and respons"veness. The 

chatbot’s role "n th"s context m"rrors that of a d"g"tal tutor operat"ng w"th"n the learner’s ZPD: 

"t responds dynam"cally to learner output, supports error correct"on through "nteract"on, and 

allows repeated, self-paced engagement w"th the target language. Thus, the pedagog"cal 

strengths observed "n th"s study al"gn w"th soc"ocultural v"ews on language acqu"s"t"on and 

further val"date the potent"al of AI-med"ated d"alogue to scaffold speak"ng development "n EFL 

contexts. 

In add"t"on to the reported pedagog"cal strengths of ChatGPT "n prov"d"ng speak"ng 

opportun"t"es and exposure to target language "nput, part"c"pants "n th"s study also expressed 

several concerns regard"ng areas where "ts pedagog"cal affordances fell short. These challenges 

revolved around the lack of accurate feedback, repet"t"ve language, and "nsuff"c"ent lex"cal or 

grammat"cal depth, as "dent"f"ed "n the weekly learner d"ar"es and follow-up "nterv"ews.  

One frequently reported "ssue was "nadequate feedback, part"cularly regard"ng grammar 

and pronunc"at"on. Wh"le part"c"pants apprec"ated the access"b"l"ty and respons"veness of 

ChatGPT, they often found the tool lack"ng "n del"ver"ng the k"nd of correct"ve "nput necessary 

for support"ng l"ngu"st"c accuracy. Some learners noted that errors "n the"r speech were "gnored, 

leav"ng them unsure about the accuracy of the"r output. Interest"ngly, th"s percept"on was 

echoed "n "nterv"ews, where several learners expressed apprec"at"on for "nstant responses, but 

st"ll preferred human "nstructors for more deta"led, context-aware feedback. At the same t"me, 

learners also demonstrated that when g"ven the r"ght prompts, ChatGPT could serve pract"cal 
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funct"ons beyond language feedback—for "nstance, help"ng them generate travel plans or 

organ"ze tasks. Th"s ut"l"ty seemed to foster authent"c language use "n everyday contexts, even 

"f not d"rectly "nstruct"onal. However, "t "s "mportant to recogn"ze that th"s l"m"tat"on stems from 

ChatGPT’s general-purpose des"gn; "t "s bu"lt as a conversat"onal AI, not as a ded"cated 

pedagog"cal agent. As such, plac"ng the full respons"b"l"ty for feedback l"m"tat"ons on the tool 

"tself would overlook "ts "ntended funct"on. Nevertheless, th"s f"nd"ng al"gns w"th pr"or 

observat"ons that chatbots often fa"l to prov"de mean"ngful, t"mely, or expl"c"t correct"ve 

feedback due to the"r des"gn as commun"cat"ve compan"ons rather than "nstruct"onal systems 

(Koç, 2024, p. 208). 

Another challenge frequently vo"ced by the learners was the repet"t"on and 

s"mpl"f"cat"on of responses. Th"s d"m"n"shed the educat"onal depth of "nteract"ons. Learners 

reported encounter"ng redundant express"ons and gener"c prompts, espec"ally when d"scuss"ng 

fam"l"ar top"cs. S"m"larly, Jamshed et al. (2024) observed that Saud" EFL learners expressed 

concerns about ChatGPT produc"ng "naccurate or contextually shallow answers. These 

l"m"tat"ons not only affected the r"chness of conversat"on but also ra"sed doubts about the tool’s 

rel"ab"l"ty and cr"t"cal th"nk"ng value "n more nuanced language learn"ng tasks. These 

pedagog"cal concerns are supported by Du and Dan"el’s theme EC4, "the relat"vely monotonous 

nature of course content and format," wh"ch was "dent"f"ed "n several emp"r"cal stud"es (Hsu et 

al., 2023; K"m et al., 2021). In Koç’s study as well, part"c"pants remarked that the chatbot 

Repl"ka responses somet"mes lacked var"ety and complex"ty, wh"ch made susta"ned 

engagement d"ff"cult and h"ndered deeper l"ngu"st"c process"ng (Koç, 2024, p. 207). 

One common challenge that came up "n th"s study was the chatbot’s l"m"ted ab"l"ty to 

adjust "ts language level. Learners w"th lower prof"c"ency often found ChatGPT’s repl"es too 

d"ff"cult to follow, wh"ch made "t harder for them to understand and d"srupted the flow of the 

conversat"on. Some part"c"pants ment"oned feel"ng overwhelmed by complex vocabulary or 

long sentence structures, wh"ch h"ndered the"r ab"l"ty to respond conf"dently. Th"s concern 

resonates w"th Fryer and Carpenter’s (2006) cla"m that chatbots tend to be more su"table for 

advanced learners than for beg"nners. They suggest that lower-level learners may produce 

"naccurate or "ncomplete "nput, wh"ch chatbots struggle to "nterpret effect"vely—result"ng "n 

confus"on and unhelpful responses.  

Interest"ngly, th"s f"nd"ng "s qu"te the oppos"te of what Koç (2024) reported. In the"r 

study, un"vers"ty-level Engl"sh language teach"ng students cr"t"c"zed Repl"ka for hav"ng a 

l"m"ted vocabulary, mak"ng grammar m"stakes, and sound"ng unnatural—even though "t could 

handle somewhat complex sentences (p. 207). The contrast between the two stud"es l"kely 



108 

 

comes from the d"fferences between the learners. Koç’s part"c"pants were more advanced and 

needed r"cher, more ref"ned language "nput. Meanwh"le, the learners "n the current study were 

younger and at a pre-"ntermed"ate level, so they needed s"mpler, clearer responses. St"ll, both 

cases po"nt to the same core "ssue: the chatbot struggled to adapt to the user’s language level—

just "n oppos"te ways. Th"s also matches what Du and Dan"el (2024) noted under challenge 

EC3, “Cannot f"t all levels,” wh"ch po"nts out that chatbots often fall short when try"ng to 

support both beg"nner and advanced learners effect"vely (p. 9). 

ChatGPT, as a more advanced large language model, produced more soph"st"cated and 

structurally r"gorous responses. However, as ev"denced by the f"nd"ngs of th"s study, "t st"ll fell 

short "n adapt"ng "ts language output to match the prof"c"ency level of lower-level learners. Th"s 

m"smatch often resulted "n comprehens"on d"ff"cult"es and d"srupted "nteract"onal flow. 

Naturally, th"s l"m"tat"on stems from the fact that ChatGPT "s not a pedagog"cally des"gned tool 

but a general-purpose conversat"onal AI. Nonetheless, "ts use "n th"s study offers valuable 

"ns"ghts "nto the potent"al of AI chatbots "n language educat"on. Future des"gns of pedagog"cal 

chatbots should cons"der "ntegrat"ng adapt"ve language features to better support learners at 

vary"ng prof"c"ency levels. 

Part"c"pants "n th"s study also made "t clear that they needed more structured, 

pedagog"cally gu"ded tasks—such as grammar-focused act"v"t"es or organ"zed speak"ng 

prompts to support the"r pract"ce. Although ChatGPT d"d reply to the"r messages, many students 

felt unsure about how to beg"n or carry on w"th a pract"ce sess"on that would actually help them 

"mprove "n targeted language areas. S"mply put, they wanted the chatbot to be more than just a 

conversat"on partner—they hoped "t could gu"de them, too. 

Th"s f"nd"ng echoes what Koç (2024) d"scovered as well. In that study, ELLs also 

suggested add"ng grammar-focused sect"ons to the chatbot exper"ence. Both stud"es po"nt to the 

same "ssue: when there "s no structured support, espec"ally "n fully learner-dr"ven "nteract"ons, 

the learn"ng process r"sks be"ng "ncomplete (p. 220). S"m"larly, Du and Dan"el (2024) 

emphas"zed that AI chatbots, though w"despread "n language educat"on, are often underut"l"zed 

when not supported by "ntent"onal "nstruct"onal des"gn, l"m"t"ng the"r "mpact on targeted sk"ll 

development. 

Even though weekly speak"ng prompts were prov"ded, part"c"pants "n th"s study st"ll 

expressed a clear preference for more expl"c"t pedagog"cal support from ChatGPT. More 

spec"f"cally, students sa"d they wanted clearer grammar correct"ons and bu"lt-"n subt"tle prompts 

to support the"r language growth. Wh"le ChatGPT "s ma"nly des"gned for general conversat"on 

and not ta"lored for educat"onal purposes, the feedback from learners po"nts to "mportant areas 
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that need "mprovement. S"nce most current chatbot technolog"es are a"med at a broad aud"ence 

rather than classroom sett"ngs, what these students had to say holds substant"al value for shap"ng 

future des"gns. 

These pedagog"cal and technolog"cal weaknesses, "dent"f"ed throughout th"s research, 

underscore a cr"t"cal gap between the theoret"cal prom"ses of Intell"gent Computer-Ass"sted 

Language Learn"ng (ICALL) and "ts pract"cal "mplementat"on "n EFL contexts. ICALL systems, 

as outl"ned by Amaral and Meurers (2011), are des"gned to overcome the l"m"tat"ons of 

trad"t"onal CALL through the "ntegrat"on of NLP tools that support dynam"c feedback, error 

d"agnos"s, and "nd"v"dual"zed scaffold"ng. However, "n the present study, the AI chatbot d"d not 

always meet these expectat"ons. Although ChatGPT embod"es key features of ICALL—such as 

real-t"me "nteract"on and personal"zed language generat"on—learner exper"ences revealed 

"ncons"stenc"es "n "ts capac"ty to del"ver accurate and context-sens"t"ve feedback, part"cularly 

"n response to m"spronunc"at"ons or syntact"c errors. These observed l"m"tat"ons are cons"stent 

w"th pr"or cr"t"c"sms "nd"cat"ng that ex"st"ng ICALL systems may fall short "n repl"cat"ng the 

nuanced correct"ve feedback typ"cally prov"ded "n human "nteract"on (Katsarou et al., 2023; 

Koç, 2024).  

Overall, these f"nd"ngs suggest that wh"le ChatGPT offers flex"b"l"ty and conversat"onal 

pract"ce, "ts pedagog"cal ut"l"ty rema"ns constra"ned by the absence of systemat"c feedback, 

adapt"ve scaffold"ng, and advanced "nput features. Future chatbot des"gns should cons"der 

"ntegrat"ng features such as custom"zable feedback modes, top"c-based grammar tasks, and 

prof"c"ency-level cal"brat"on to meet d"verse learner needs and promote deeper engagement 

w"th the language (Du & Dan"el, 2024; Koç, 2024). 

5.4. InterpretWng the SocWal BenefWts, Challenges, and SuggestWons from Learner 

ExperWences 

In address"ng Research Quest"on 3, th"s sect"on solely focuses on the soc"al d"mens"on 

of learner exper"ences w"th GenAI chatbot use for speak"ng pract"ce. In part"cular, "t explores 

how part"c"pants perce"ved the "nterpersonal, emot"onal, and affect"ve aspects of "nteract"ng 

w"th the chatbot—such as mot"vat"on, speak"ng conf"dence, reduced anx"ety, and the sense of 

soc"al presence. Draw"ng on themat"c codes from student d"ar"es, th"s sect"on also exam"nes the 

l"m"tat"ons of AI-med"ated "nteract"on from a soc"al standpo"nt, "nclud"ng "ssues related to 

conversat"onal unnaturalness, lack of emot"onal nuance, and the absence of human connect"on. 

F"nally, learners’ soc"ally mot"vated suggest"ons for "mprov"ng the "nteract"on exper"ence are 

d"scussed "n l"ght of recent l"terature, espec"ally stud"es that explore how chatbots can repl"cate 

or support soc"ally mean"ngful learn"ng env"ronments. 
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The reflect"ons documented "n the"r weekly d"ar"es po"nted to both pos"t"ve and negat"ve 

soc"al exper"ences, rang"ng from feel"ngs of compan"onsh"p and mot"vat"on to frustrat"on due 

to the perce"ved lack of human-l"ke "nteract"on. These f"nd"ngs correspond to s"m"lar themes "n 

prev"ous l"terature, wh"ch has exam"ned the role of chatbots "n foster"ng soc"al comfort, 

emot"onal bond"ng, and anthropomorph"sm—the attr"but"on of human character"st"cs, 

emot"ons, or "ntent"ons to non-human ent"t"es—"n language learn"ng contexts (Du & Dan"el, 

2024; Koç, 2024). 

One prom"nent benef"t emphas"zed by learners was the support"ve presence and 

emot"onal warmth they exper"enced when "nteract"ng w"th ChatGPT. Part"c"pants descr"bed the 

chatbot as non-judgmental, encourag"ng, and understand"ng—qual"t"es that contr"buted to a 

stress-free speak"ng env"ronment. For "nstance, learners noted that they d"d not feel anx"ous 

about mak"ng m"stakes or be"ng negat"vely evaluated, wh"ch "n turn enhanced the"r self-

conf"dence and w"ll"ngness to speak. Th"s emot"onal safety "s part"cularly s"gn"f"cant "n EFL 

contexts, where classroom speak"ng anx"ety "s often a pers"stent challenge (Hapsar" & Wu, 

2022; Koç, 2024). These f"nd"ngs are "n l"ne w"th prev"ous research h"ghl"ght"ng the role of AI 

chatbots "n creat"ng psycholog"cally safe env"ronments for language learners (Chen et al., 2020; 

Du & Dan"el, 2024; Fath" et al., 2024; Koç, 2024; L"u et al., 2023; Wu et al., 2023). In these 

stud"es, learners frequently emphas"zed that talk"ng to the chatbot helped lower the"r anx"ety. 

S"nce the conversat"ons felt free of judgment, they felt more comfortable speak"ng and weren’t 

as afra"d of mak"ng m"stakes. 

Learners also shared that, over the course of the"r weekly "nteract"ons w"th ChatGPT, 

they began to form an emot"onal connect"on w"th "t. In the"r d"ar"es, they often used express"ons 

l"ke “support"ve presence,” “comfort"ng tone,” and “feel"ng understood,” po"nt"ng to a strong 

emot"onal bond. Th"s affect"ve s"de of the exper"ence closely m"rrors what Koç (2024) observed 

w"th Repl"ka. In the"r study, part"c"pants descr"bed the chatbot as fr"endly, pat"ent, and even 

comfort"ng. It was further noted that learners felt more at ease and less anx"ous wh"le speak"ng 

w"th the AI because "t responded "n a respectful and non-judgmental way, w"thout cutt"ng them 

off or mak"ng them feel self-consc"ous. Th"s k"nd of stress-free atmosphere helped students 

open up more, speak w"th greater conf"dence, and become more w"ll"ng to engage "n language 

pract"ce (pp. 223–226). Du and Dan"el (2024) s"m"larly observed that learners often start to 

v"ew chatbots as emot"onally "ntell"gent compan"ons—almost l"ke human partners—capable of 

eas"ng the sense of "solat"on that somet"mes comes w"th learn"ng a language on one’s own (p. 

9). Th"s tendency, wh"ch they categor"ze as EO4 (“foster"ng a tendency to anthropomorph"ze”), 

was a common theme across the stud"es they rev"ewed. 
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These f"nd"ngs are also cons"stent w"th a broader body of research emphas"z"ng the role 

of AI "n enhanc"ng learner engagement through perce"ved psycholog"cal support and 

compan"onsh"p (Dw"ved" et al., 2023; Wu et al., 2023; L"u et al., 2023; Chen et al., 2020; Fath" 

et al., 2024). In part"cular, Dw"ved" et al. (2023) descr"be how students have begun to regard AI 

chatbots as collaborat"ve partners or team members rather than mere tools, w"th some users 

even report"ng feel"ngs of rel"ef and reassurance when engag"ng w"th such systems. Th"s 

emot"onal scaffold"ng "s espec"ally s"gn"f"cant "n EFL contexts where anx"ety and fear of 

negat"ve evaluat"on can h"nder spoken output. 

Desp"te the emot"onal support many learners exper"enced, several part"c"pants also 

vo"ced d"sappo"ntment regard"ng the chatbot’s l"m"ted soc"al "ntell"gence. The code “lack of 

human-l"ke emot"onal and personal responses” appeared prom"nently among soc"al challenges 

"n learner d"ar"es. Learners expressed that wh"le ChatGPT was often pol"te and fr"endly, "t 

lacked genu"ne empathy, emot"onal nuance, or the ab"l"ty to remember past conversat"ons. 

These def"c"enc"es weakened the perce"ved authent"c"ty of "nteract"on and led some learners to 

feel detached over t"me. 

Th"s echoes the concerns reported "n Koç’s study, where part"c"pants descr"bed the AI 

chatbot as “robot"c,” “depersonal"zed,” or “unable to comprehend abstract concepts” (Koç, 

2024, pp. 225–227). S"m"larly, Du and Dan"el (2024) drew attent"on to a s"gn"f"cant drawback, 

assert"ng that speech recogn"t"on systems used "n chatbots are only capable of process"ng 

sentences up to a certa"n length w"th accuracy. Once the sentence length exceeds th"s threshold, 

the system's recogn"t"on capab"l"ty starts to fall apart, pos"ng a cons"derable challenge for 

susta"n"ng effect"ve commun"cat"on (p. 9). 

In parallel, Dw"ved" et al. (2023) caut"on that although some users may develop 

emot"onal bonds w"th AI chatbots, the absence of genu"ne empathy and contextual memory 

often results "n only a superf"c"al sense of compan"onsh"p. The chatbot’s "nab"l"ty to show real 

human emot"on or remember past conversat"ons somet"mes left learners feel"ng d"sconnected. 

Th"s lack of cont"nu"ty weakened the sense of a real soc"al exchange, and th"s h"ghl"ghts that 

current l"m"ts of AI when "t comes to soc"al "ntell"gence are st"ll present. Dur"ng the e"ght-week 

process, students "n"t"ally expressed amazement at ChatGPT’s respons"veness and 

conversat"onal capab"l"t"es. However, as the "ntervent"on progressed, they "ncreas"ngly vo"ced 

d"ssat"sfact"on w"th the chatbot’s lack of authent"c human "nteract"on, h"ghl"ght"ng "ts "not 

human"zed" nature. Interest"ngly, conversat"ons w"th the part"c"pants showed a gradual change 

"n how they v"ewed the"r "nteract"ons w"th AI. Over t"me, students began to adjust the"r 

expectat"ons, see"ng ChatGPT more as a helpful tool or support"ve ass"stant rather than 
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expect"ng "t to fully act l"ke a human. They started to value "t for what "t could offer "n reach"ng 

the"r language learn"ng goals, "nstead of treat"ng "t as a d"rect replacement for real-l"fe 

conversat"on partners. 

As a result, the"r "n"t"al compla"nts about the chatbot not feel"ng human enough began 

to fade. St"ll, many learners kept suggest"ng ways to make the "nteract"on feel more natural and 

emot"onally r"ch "n the"r d"ar"es, show"ng that the des"re for a more human-l"ke exper"ence 

rema"ned strong. 

Lastly, g"ven the m"xture of pos"t"ve and negat"ve exper"ences, learners proposed 

several suggest"ons to "mprove the soc"al real"sm and respons"veness of the chatbot. The most 

frequent suggest"on "n th"s category was the des"re for authent"c human-l"ke "nteract"on as 

expressed above. Students proposed enhancements such as more natural vo"ce modulat"on, 

fac"al express"ons, and cont"nu"ty "n conversat"ons. These preferences are echoed "n Koç’s 

f"nd"ngs, where learners suggested the "nclus"on of more real"st"c avatars, gesture s"mulat"on, 

and memory retent"on features to foster stronger soc"al bonds w"th the chatbot (Koç, pp. 227–

228). S"m"larly, Du and Dan"el (2024) suggested that future chatbot des"gn should a"m for 

"ncreased personal"zat"on and contextual memory "n order to enhance soc"al presence and 

"nteract"on cont"nu"ty (p. 10). 

Interest"ngly, learners "n th"s study were also g"ven the opportun"ty to "nteract w"th an 

advanced-vo"ced vers"on of ChatGPT for 15 m"nutes per month. Several students were 

genu"nely surpr"sed by how closely the enhanced vo"ce resembled that of a real person. Th"s, 

of course, not"ceably boosted the"r "nterest and mot"vat"on dur"ng "nteract"ons. They clearly 

stated a strong preference for hav"ng more frequent access to th"s profess"onal-level vo"ce 

feature, po"nt"ng out how "ts real"st"c and nuanced qual"ty made a b"g d"fference. Th"s suggests 

that future chatbot developers should ser"ously cons"der "ncorporat"ng more advanced vo"ce 

technolog"es "nto the"r systems, as a more l"fel"ke vo"ce can play an "mportant key role "n 

keep"ng learners engaged and mak"ng the exper"ence feel more authent"c. 

Furthermore, learners also po"nted out the need for more balanced conversat"ons, say"ng 

that the "nteract"on often felt one-s"ded because they had to do most of the work from start"ng 

d"alogue to ma"nta"n"ng the d"alogue on the"r own. Th"s sense of "mbalance led to frustrat"on 

over t"me. A s"m"lar "ssue was reported by Koç (2024), where students exper"enced 

conversat"onal fat"gue due to the chatbot’s lack of follow-up quest"ons or "ts "nab"l"ty to gu"de 

the flow naturally (p. 212). In both stud"es, part"c"pants expressed a clear w"sh for more goal-

dr"ven, dynam"c "nteract"ons that better reflect how real conversat"ons unfold. 
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Generally speak"ng, the suggest"ons expressed by learners "n th"s study, "nclud"ng the 

need for clearer feedback, culturally appropr"ate responses, language level adjustments, and 

better turn-tak"ng, are "n l"ne w"th the REPOST model proposed by Koç (2024). As already 

outl"ned "n the l"terature rev"ew, and now re"nforced by learner feedback, th"s conceptual 

framework outl"nes s"x key character"st"cs an "deal pedagog"cal chatbot should possess: 

Rec"proc"ty, Evaluat"on, Personal"zat"on, Omn"presence, Soc"o-cultural awareness, and 

Teachableness. These elements collect"vely emphas"ze the need for chatbots that not only 

susta"n d"alog"c "nteract"on and prov"de correct"ve feedback but also adapt to learners' 

prof"c"ency levels, offer culturally relevant content, rema"n access"ble across platforms, and are 

cont"nuously tra"nable through user "nput and mult"modal data. In th"s l"ght, the REPOST model 

offers a pract"cal and research-"nformed roadmap for future chatbot development "n EFL 

contexts. The convergence between th"s study’s learner-dr"ven suggest"ons and the REPOST 

components h"ghl"ghts the grow"ng consensus on the essent"al features needed to make AI 

chatbots genu"nely pedagog"cally effect"ve and soc"ally respons"ve tools "n language learn"ng. 

Overall, the f"nd"ngs "n th"s sect"on underscore the need for chatbot des"gns that can 

s"mulate more human-l"ke "nteract"on patterns, offer cont"nu"ty "n conversat"on, and respect 

learners' emot"onal boundar"es. Future "mprovements "n these d"mens"ons could s"gn"f"cantly 

enhance learner sat"sfact"on and mot"vat"on "n technology-ass"sted language learn"ng 

env"ronments. 
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CHAPTER 6 

CONCLUSION 

Th"s study "nvest"gated the effects of GenAI chatbot use on Turk"sh young adult EFL 

learners’ speak"ng prof"c"ency and the"r percept"ons regard"ng the pedagog"cal, technolog"cal, 

and soc"al d"mens"ons of AI-med"ated speak"ng pract"ce. Draw"ng on a quas"-exper"mental 

research des"gn supported by qual"tat"ve analys"s of student d"ar"es and "nterv"ews, the study 

prov"ded a mult"faceted v"ew of how generat"ve AI tools such as ChatGPT can contr"bute to 

EFL speak"ng development. Th"s chapter summar"zes the f"nd"ngs "n relat"on to the research 

quest"ons and offers f"nal reflect"ons on the overall s"gn"f"cance of the study. 

6.1. Summary of FWndWngs 

The f"rst research quest"on looked "nto whether the exper"mental and control groups 

showed notable d"fferences "n the"r speak"ng prof"c"ency scores after the "ntervent"on. Although 

both groups showed "mprovement over t"me, the d"fference between them was not stat"st"cally 

s"gn"f"cant. However, the exper"mental group, wh"ch engaged "n structured weekly "nteract"ons 

w"th ChatGPT, demonstrated a greater "ncrease "n speak"ng prof"c"ency scores compared to the 

control group. These f"nd"ngs "mply that even though speak"ng pract"ce supported by GenAI 

may not always result "n substant"al "mprovements over a br"ef per"od, "t can st"ll serve as a 

valuable supplementary tool for enhanc"ng speak"ng sk"lls when properly structured and 

supported by learner part"c"pat"on. St"ll, "t "s essent"al to h"ghl"ght that the relat"vely small 

sample s"ze "n th"s research makes "t hard to general"ze these results broadly. As such, the 

observed trends must be "nterpreted w"th caut"on and seen as exploratory rather than conclus"ve. 

The second research quest"on addressed w"th"n-group d"fferences "n speak"ng 

performance before and after the "ntervent"on. In th"s respect, both groups made stat"st"cally 

s"gn"f"cant ga"ns from pre-test to post-test. Th"s means that speak"ng prof"c"ency can or may 

"mprove over t"me regardless of the mode of pract"ce. Notably, the "mprovement observed "n 

the exper"mental group was more substant"al, and th"s result supports the pedagog"cal value of 

mean"ngful "nteract"on opportun"t"es prov"ded by the chatbot. These f"nd"ngs back up the "dea 

that d"g"tal tools, "f "ntegrated thoughtfully "nto teach"ng pract"ces, can boost learners' language 

output and help them gradually develop essent"al speak"ng sk"lls. 

The th"rd research quest"on exam"ned learner percept"ons, w"th sub-quest"ons focus"ng 

on the perce"ved benef"ts, challenges, and suggest"ons related to AI chatbot use for speak"ng 

development. Themat"c analys"s of student d"ar"es revealed a w"de range of affordances. On the 

pedagog"cal s"de, students perce"ved the chatbot as a helpful tool for pract"c"ng spoken Engl"sh, 

"mprov"ng vocabulary, and rece"v"ng "nstant feedback. Many part"c"pants cons"dered the 
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chatbot as a personal tutor—access"ble beyond classroom hours—offer"ng repet"t"ve and safe 

spaces for language pract"ce. On the technolog"cal front, students adm"red the chatbot ma"nly 

for be"ng fast, eas"ly access"ble, and flex"ble. They l"ked how effortless "t was to "nteract w"th 

"t and how "t was always ready for use. On the soc"al s"de, part"c"pants ment"oned that chatt"ng 

w"th the bot made them feel less nervous compared to speak"ng tasks "n the classroom. The AI 

partner was perce"ved as non-judgmental and emot"onally neutral, encourag"ng freer express"on 

and r"sk-tak"ng "n oral product"on. 

At the same t"me, several l"m"tat"ons were "dent"f"ed. Technolog"cally, students reported 

challenges related to repet"t"on, lack of memory retent"on, and l"m"tat"ons "n the chatbot’s ab"l"ty 

to prov"de correct"ve feedback. The qual"ty of the chatbot’s repl"es depended s"gn"f"cantly on 

the "nput, and some students not"ced m"sunderstand"ngs or sudden sh"fts "n conversat"on top"cs. 

From an educat"onal perspect"ve, learners somet"mes found the chatbot's feedback too general 

or not "nstruct"ve enough. They wanted a clearer structure, expl"c"t grammar correct"ons, and 

more personal"zed gu"dance. On the soc"al s"de, although "nteract"ng w"th the chatbot helped 

reduce speak"ng anx"ety, "t fell short "n captur"ng the emot"onal depth and empathy typ"cal of 

human conversat"ons. Some learners even expressed want"ng more natural, express"ve 

d"alogues that resemble everyday "nteract"ons. 

Importantly, what stood out was that learners frequently shared "deas for "mprov"ng the"r 

speak"ng exper"ence w"th the AI, touch"ng on both pedagog"cal and soc"al aspects. They 

suggested th"ngs l"ke custom"z"ng the chatbot’s vo"ce, mak"ng "t more culturally aware, help"ng 

"t remember past top"cs, and g"v"ng clearer correct"ons. These suggest"ons showed that students 

were not just look"ng for a chat buddy. Instead, they were hop"ng for a smart, flex"ble learn"ng 

compan"on that could adapt to the"r needs. 

6.2. ImplWcatWons for EnglWsh Language Teachers 

The results of th"s study h"ghl"ght the "mportance of prov"d"ng structured and goal-

or"ented tasks when "ntegrat"ng GenAI chatbots "nto speak"ng pract"ce. Teachers are encouraged 

to des"gn weekly themes, prompts, and gu"d"ng quest"ons that scaffold learners’ "nteract"on w"th 

the chatbot. As learners "n th"s study "nd"cated, such structure helped them stay focused, 

generate "deas, and apply classroom "nput "n the"r conversat"ons. Therefore, AI "nteract"on 

should not be left ent"rely unstructured or "nformal; rather, "t should be "ntent"onally embedded 

"nto the curr"culum as a supplementary tool that supports commun"cat"ve object"ves. 

Moreover, teachers should prov"de learner tra"n"ng on how to use chatbots for effect"ve 

language development. Some learners "n th"s study seemed uncerta"n about how to start or keep 
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up mean"ngful pract"ce sess"ons, wh"ch po"nts to the need for clear gu"dance on both task goals 

and how to use the chatbot effect"vely. 

However, to mater"al"ze th"s goal, teachers should f"rst know what AI technolog"es are 

and how they can get the most benef"t out of these technolog"es. An "nterest"ng study by 

Kora"sh" (2024) h"ghl"ghts th"s "ssue by focus"ng on cult"vat"ng AI l"teracy among "n-serv"ce 

EFL teachers through an AI-enhanced language teach"ng workshop. The study revealed that 

wh"le teachers entered the workshop w"th only moderate levels of AI l"teracy—espec"ally "n 

areas such as pedagog"cal appl"cat"on and eth"cs—the "ntervent"on led to notable 

"mprovements. Th"s underscores the "mportance of prepar"ng teachers w"th foundat"onal and 

pedagog"cal knowledge of AI before expect"ng them to gu"de learners "n effect"vely us"ng tools 

l"ke chatbots for language development. 

 F"nally, to make AI-based speak"ng pract"ce more benef"c"al, teachers m"ght also add 

reflect"ve elements. For example, weekly d"ar"es can be "mplemented to help students become 

more aware of the"r own speak"ng hab"ts and development. In the end, even though chatbots 

allow for "ndependent pract"ce, the teacher st"ll plays a key role "n gu"d"ng, support"ng, and 

mak"ng sense of these exper"ences for learners. 

6.3. ImplWcatWons for Chatbot Developers 

Learners "n th"s study shared a number of concerns and suggest"ons. They aslo 

h"ghl"ghted spec"f"c areas where chatbot des"gn could be "mproved. One major takeaway "s the 

need for clearer, more accurate, and context-aware feedback. Many part"c"pants sa"d the chatbot 

often overlooked the"r grammar m"stakes or d"dn’t expla"n them well enough. To address th"s, 

developers should cons"der add"ng feedback tools that focus on language form—espec"ally "n 

tr"cky areas for L2 learners l"ke verb tenses, art"cles, and pronunc"at"on. 

Another substant"al concern ra"sed by learners was the chatbot’s "nab"l"ty to remember 

past conversat"ons or ma"nta"n a sense of cont"nu"ty. Even though the chatbot has the ab"l"ty to 

reta"n past conversat"on to some extent, many students st"ll sa"d they w"shed the chatbot could 

recall prev"ous chats and bu"ld on them later, wh"ch would make the exper"ence feel more 

personal"zed and help top"cs evolve over t"me. Alongs"de th"s, learners also expressed a des"re 

for more natural and emot"onally r"ch "nteract"ons. To create a more soc"ally engag"ng 

exper"ence, developers should work on mak"ng the chatbot’s vo"ce more express"ve, f"ne-tun"ng 

"ts response t"m"ng, and add"ng humanl"ke features that make "t feel more empathet"c and 

l"fel"ke. 

F"nally, learners expressed a des"re for custom"zat"on opt"ons, "nclud"ng top"c select"on, 

prof"c"ency level adjustment, and cultural relevance. Developers are encouraged to allow 
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greater user control over conversat"on parameters and to des"gn chatbots that are respons"ve to 

the needs of d"fferent learner populat"ons—espec"ally lower-prof"c"ency learners who may 

struggle w"th open-ended, unstructured exchanges. 

6.4 SuggestWons for Future Research 

G"ven the l"m"ted sample s"ze and context-spec"f"c nature of th"s study, future research 

"s needed to explore the "mpact of GenAI chatbots on speak"ng prof"c"ency "n broader and more 

d"verse educat"onal sett"ngs. Larger-scale stud"es w"th long"tud"nal des"gns could prov"de more 

robust ev"dence of the long-term effects of AI-med"ated speak"ng pract"ce. Moreover, future 

research should "nvest"gate how d"fferent task types, "nteract"on modes (e.g., text-based vs. 

speech-based), and feedback strateg"es "nfluence learn"ng outcomes. 

There "s also a need for further explorat"on "nto the soc"o-emot"onal d"mens"ons of 

chatbot "nteract"on. Wh"le th"s study touched on the "mprovement of speak"ng sk"lls, future 

stud"es could use psychometr"c tools or observat"onal data to better understand the affect"ve 

sh"fts that accompany AI-ass"sted speak"ng pract"ce. In add"t"on, upcom"ng research could 

benef"t from explor"ng hybr"d teach"ng models that blend chatbot use w"th teacher support and 

feedback. Th"s k"nd of approach may offer clearer "ns"ghts "nto how AI tools and human 

"nstruct"on can complement each other to "mprove language learn"ng outcomes. 

All "n all, wh"le th"s study offers a start"ng po"nt for understand"ng how learners 

exper"ence GenAI chatbots "n EFL speak"ng contexts, there st"ll seems to be a lot of room for 

more deta"led and "n-depth stud"es. Future research could explore deeper "nto how these 

technolog"es can be f"ne-tuned to meet learners’ needs not just pedagog"cally but also 

technolog"cally and soc"ally. 

6.5. ConcludWng Remarks 

Overall, th"s study offers valuable "ns"ght "nto the role of GenAI chatbots "n support"ng 

EFL speak"ng development. Wh"le the exper"mental f"nd"ngs d"d not y"eld stat"st"cally 

s"gn"f"cant d"fferences between groups, the comb"nat"on of quant"tat"ve trends and qual"tat"ve 

ev"dence h"ghl"ghts the potent"al of AI chatbots to funct"on as mean"ngful tools "n EFL 

"nstruct"on—part"cularly when pa"red w"th scaffolded des"gn and learner support. The use of 

structured prompts, gu"ded top"cs, and reflect"ve d"ary tasks "n th"s study helped create a well-

rounded learn"ng exper"ence, and "t encouraged students to pract"ce and reflect—even beyond 

the classroom walls. 

Th"s research also adds to the ongo"ng d"scuss"on about AI’s place "n language 

educat"on. As students become more fam"l"ar w"th us"ng d"g"tal tools "n the"r everyday l"ves, "t 

"s cruc"al that teach"ng methods evolve to "nclude technolog"es that promote learner mot"vat"on 
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and engagement. It h"ghl"ghts the need for AI-powered act"v"t"es that go beyond s"mple back-

and-forth conversat"ons, and act"v"t"es should also steer learners toward real, mean"ngful 

commun"cat"on sk"lls. As "nterest "n generat"ve AI grows "n the f"eld of language learn"ng, "t 

can be v"tal to keep a strong balance between embrac"ng new tech and stay"ng true to sol"d 

teach"ng pr"nc"ples. That way, technology becomes a true asset "n support"ng learners' growth. 
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APPENDIX 7: SemW-Structured IntervWew QuestWons 

Yarı Yapılandırılmış Görüşme Soruları 

1. ChatGPT adlı yapay zeka sohbet botunu kullanma deney"m"n"z nasıldı? 
2. İng"l"zce d"l öğren"m"n"z" desteklemek "ç"n yapay zeka sohbet botlarının avantajları 

hakkında ne düşünüyorsunuz? 
3. ChatGPT'y" kullanırken İng"l"zce konuşma becer"ler"n"z" gel"şt"rme açısından s"ze en 

çok fayda sağlayan özell"kler nelerd"r? 
4. İng"l"zcey" yabancı d"l olarak öğren"rken ChatGPT'y" kullanırken karşılaştığınız 

zorluklar nelerd"r? 
5. Yapay zekâ destekl" b"r İng"l"zce konuşma as"stanı uygulamasının kel"me b"lg"s", 

gramer, d"nleme, konuşma, telaffuz, tonlama prat"ğ" ve kültür açısından hang" 
özell"klere sah"p olması gerekt"ğ"n" düşünüyorsunuz? 

6. Aşağıdak" özell"kler"n b"r sohbet botunda bulunmasının önem" hakkında ne 
düşünüyorsunuz? Her b"r özell"k "ç"n görüşler"n"z" ve gelecektek" EFL (Yabancı D"l 
olarak İng"l"zce) öğren"m" "ç"n sohbet botlarının gel"şt"r"lmes"yle "lg"l" yorumlarınızı 
bel"rt"n"z: 

o Yazım hatalarını yöneteb"lme 
o Tam oluşmamış soruları anlayab"lme 
o Yanlış kel"me sırasına sah"p cümleler" "şleyeb"lme 
o Konuşmacılar tarafından b"r kerede söylenen b"rden fazla cümley" anlayab"lme 
o B"r konunun akışını tak"p edeb"lme 
o Konuşma sırasında gen"ş b"r kel"me dağarcığı kullanab"lme 
o Öncek" b"r yoruma yanıt vereb"lme 

7. İng"l"zce D"l Öğren"m" "ç"n etk"l" b"r sohbet botunun özell"kler" nelerd"r? Lütfen, en az 
üç özell"k bel"rterek nedenler"n"z" açıklayın. 

GerWye Bakmak ve İlerWye Yönelmek 

• Bu program sırasında başarı h"ss" duyduğunuz b"r durum var mıdır? 
• İng"l"zcen"z" gel"şt"rmeye devam etmek "ç"n b"r sonrak" adımınız ned"r? 
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